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CLEARING AND OTC TRADED
DERIVATIVES: A SURVEY

Joseph K.W. Fung and Robert I. Webb*

market isorganized — hasgrown substantially since Garman’s (1976) semina

article. Much of thefocus of the existing literature ison the impact of market
microstructure on price formation and price discovery. Market microstructure
characteristics such as settlement and clearing arrangements have received less
attention. The 20072009 Global Financial Crisishashighlighted theimportance of
clearing to practitioners, policymakers, and academicsalike. A sharp risein perceived
counterparty risk during thefinancial crisisfor some over-the-counter (OTC) traded
derivative securities, coupled with uncertainty by regulators over the true size of
outstanding positions in such securities by market participants, has led to calls for
mandatory clearing through central counterparties (CCPs) of some (G-20 Leaders
2009) or virtually all (Hull 2010) OTC traded derivatives and centralized reporting
of OTC derivative transactions to trade repositories (TRs).!

The principal objectives behind such proposals are to increase transparency,
reduce counterparty risk, reduce excessive risk-taking by financial institutions and
the potential for systemic risk, prevent market abuse, and avert similar financial
crisesfrom arising in the future. This study surveysthe recent financial economics
literature to ascertain whether the desired objectives are likely to be met from
mandatory centralized clearing and centralized trade reporting of OTC derivative
transactions; which, if any, OTC traded derivatives should be subject to centralized
clearing; and, if so, who should clear OTC traded derivatives. In addition, this study

-I_ne financial economics literature on market microstructure — or the way a

1. In September 2009, leaders of the G-20 nations agreed to the following objective regarding OTC
derivatives: “ All standardized OTC derivative contracts should be traded on exchanges or electronic
trading platforms, where appropriate, and cleared through central counterparties by end-2012 at the
latest. OTC derivative contracts should be reported to trade repositories. Non-centrally cleared
contracts should be subject to higher capital requirements. We ask the FSB and its relevant members
to assess regularly implementation and whether it is sufficient to improve transparency in the
derivatives markets, mitigate systemic risk, and protect against market abuse.” (See page 9 from the
Leaders Statement, the Pittsburgh Summit, 2009.)

* Joseph K.W. Fung isaprofessor in the Department of Finance and Decision Sciences at Hong Kong
Baptist University. E-mail: jfung@hkbu.edu.hk.
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assesses the likely implications of mandatory clearing of OTC derivatives for the
financial innovation process and the prevention of similar financial market crisesin
the future.

The G-20 Leaders Statement from the 2009 Pittsburgh Summit leaves the
processfor the adoption of mandatory clearing of standardized OTC derivativesup
to the individual member nations but imposes a requirement for periodic progress
reports to G-20 Leaders from the Financial Stability Board.?2 However, even the
adoption of mandatory clearing for standardized OTC derivativesin agiven country
may leave many questions unanswered for market participants. For instance, the
passage of the Wall Sreet Reform and Consumer Protection Act (better known
as the Dodd-Frank Act) in the United States in 2010 requires standardized OTC
derivativesto be centrally cleared or traded on an exchange but leaves many of the
important details to be determined by the relevant regulatory agencies charged
with enforcing thelaw. Thismeansthat although adecision has been taken mandating
centralized clearing of standardized OTC derivativesin the United States, industry
representatives still have ample opportunity to influence regulatory policymakers
on how that mandate works in practice.

Moreover, as Grant (2011) points out, one unintended consequence of leaving
implementation of the mandate to individual G-20 nationsisthe potential toincrease
market fragmentation and create regulatory arbitrage opportunities by imposing
local clearing restrictions on affected OTC derivatives.® This has the potential to
create additional problemsthat may impede achievement of the original objectives.
For instance, Pirrong (2011) argues: “Fragmentation of clearing on jurisdictional
lines will increase the costs and risks of clearing, including systemic risks.”
Fragmentation in clearing meansthat potential economiesof scale are not exploited

2. A 2010 progress report by the Financial Stability Board reported: “Progressis being made toward
achieving implementation of these objectives, including industry efforts to meet commitments made
to supervisors; ... At the level of the industry, the so-called G14 major derivatives dealers and a
number of buy-side institutionsissued ajoint letter on 1 March 2010 detailing further commitments
to supervisors relating to OTC derivatives market transparency, expanded central clearing,
standardization and collateral management. This advance on the commitments made by firms in
September 2009 to specific target levels for central clearing of CCP-eligible OTC credit derivatives
and CCP-eligible OTC interest rate derivatives. “ However, the enhanced clearing targetsonly partialy
cover the OTC market, as most derivative contracts are currently not CCP-eligible” (see page 39).
It also reported on page 41: “At the [June 2010] Toronto Summit, G20 Leaders pledged to work in
a coordinated manner to accelerate the implementation of over-the-counter (OTC) derivatives
regulation and supervision and to increase transparency and standardization. OTC derivative contracts
should be reported to trade repositories. The G20 will work towards the establishment of CCPs and
TRsin line with global standards and ensure that national regulators and supervisors have access to
all relevant information.”

3. Grant [2011] argues “... In Japan, legislation is already in place that require yen-based over-the-
counter (OTC) derivativesto be cleared in Japan; ... and Indiahas devel oped the Clearing Corporation
of Indiato act as a central counterparty (CCP) and trade repository for the domestic market. ... it
looks like efforts to implement the G20 reforms...- are fragmenting all over the place. ... Basicaly
Asian regulators want to ensure that trades in which institutions in their jurisdictions are involved
are cleared through entities over which they have some control.”
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and relevant information about the aggregate positions of market participants may
not be understood.*

The push for mandatory clearing of OTC traded derivatives is as much a
result of the long history of success of exchange traded derivative markets in
minimizing counterparty risk and promoting transparency as the presumed failure
of certain OTC traded derivative markets to handle counterparty risk during the
recent financial crisis. Simply stated, exchange traded derivative markets worked
well during the crisiswhile some OTC derivatives marketseither did not or appeared
not to work well.

Exchange traded derivatives are contracts where all terms have been
standardized, leaving only price to be determined. In addition, exchange traded
derivative securities require trades to be processed via a clearinghouse or central
counterparty. Mandatory clearingin futures markets, for instance, has made defaults
relatively rare and market prices more transparent. Not surprisingly, a common
view of how centralized clearing would operate in the OTC derivatives markets
mirrors how existing futures clearinghouses operate and managerisk (that is, through
imposing margin requirementsand daily marking to market of outstanding positions).
This is more complex than it first appears, as market prices may not be readily
available to determine appropriate margins for counterparties.

I. CLEARING AND THE SIZE OF OTC DERIVATIVES
MARKETS

AccordingtotheBank for Internationa Settlements (BIS2011), thetotal notional
principal of OTC derivatives outstanding at the end of calendar year 2010 stood at
$601 trillion. Interest rate swaps, forward rate agreements (FRAS) and options
accounted for 77% of all OTC derivatives. Thiswasfollowed by foreign exchange
forwards, forex swaps, currency swaps and options that collectively accounted for
$57.8 trillion or over 9.6% of the total. Credit default swaps accounted for $29.9
trillion or about 5% of total OTC derivatives. Equity linked derivativesand commodity
derivatives accounted for $5.6 trillion and $2.9 trillion, respectively, or about 1.5%
between thetwo categories. Theremaining $38.5trillionisclassified as* unallocated”
and represents OTC derivatives of all types from non-reporting institutions from
thetriennia BlSsurvey. Notional principal isapoor measure of overall risk exposure.
The BIS reports that netting arrangements reduced the gross credit exposure to
$3.34 trillion as of the end of 2010.

Although the leaders of the G-20 nations agreed in 2009 to mandate the use of
acentral counterparty for standardized OTC derivatives, by 2012 the market was
already moving in that direction earlier. Culp (2009) points out that “clearing and
settling OTC derivatives through CCPs was aready becoming popular well before

4. Bliss and Steigerwald (2006) note that the desired benefits from clearing can be achieved with
different structures. For instance, they point out, “Economies of scale can be achieved both by
cross-border consolidation of CCPs and by cross-border consolidation of dealers. Credit risk
management can be done by CCPs or by insurance companies. Operational efficiency can be obtained
by centralizing processing in CCPs or in securities depositories.”
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the advent of thefinancial crisisin mid-2007.” Thefraction of transactionsin OTC
derivatives that are centrally cleared continues to rise. The International Swaps
and DerivativesAssociation (2011) estimatesthat “thelevel of cleared interest rate
swaps exceeded 50 percent of interest rate swap notional outstanding at the end of
2010, up from 21 percent at year-end 2007. Over the same time frame, the volume
of uncleared interest rate swaps outstanding declined from $201 trillion to $116
trillion, a decrease of $85 trillion or 42 percent.”

It isworth noting that the demand for mandatory clearing of OTC derivatives
primarily arose from perceived problems in the credit default swap sector. Other
OTC derivatives did not raise the concerns the credit default swap (CDS) market
raised. At the height of the financial crisis, the notional value of outstanding credit
default swaps was over $60 trillion. However, portfolio compression has reduced
the outstanding amount of credit default swaps substantially.

II. THE NATURE OF CLEARING

A. Clearing and the Frequency of Clearing

Theterm clearing can be used to describe the frequency with which trading is
allowed on a market or the process by which ownership is exchanged between
counterparties to trades. Both are important market microstructure characteristics.
For instance, in a continuous auction market trading is allowed at any time during
thetrading day. Alternatively stated, the market clears continuously throughout the
trading day. In contrast, a periodic call auction market is one in which trades are
only allowed at specified times during the trading day and prohibited at all other
times. The market “clears” periodically during the trading day. This “batch
processing” of trades allows information to accumulate as orders to buy and sell
accumulate and arguably leads to more informative prices than from a continuous
auction market. Nevertheless, most marketstoday permit continuous trading while
open.

Theterm clearing is a so used to describe the transfer of ownership of security
positions between parties. It is this use of the term that is behind the proposals to
impose mandatory clearing of certain OTC traded derivatives. In exchange traded
derivative markets, the clearinghousetakesthe other side or interposesitself between
every transaction. This reduces potential counterparty risk in most cases because
the presumably stronger clearinghouse takes the other side of every trade. It also
makes it easier for markets participants to enter or exit futures positions.

B. Clearing of Equities versus Derivatives

Clearing is needed whenever security positions change hands. However, there
is a fundamental difference between clearing on equity markets and clearing on
derivatives markets. For example, suppose Party A agrees to buy 1,000 shares of
Apple stock from party B. Both parties need a mechanism to transfer ownership
from Party B to Party A. That mechanism is clearing. The clearing process of a
stock transaction is essentially immediate. Therisk associated to the clearinghouse
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issimilarly short-lived. A bookkeeping transaction recordsthe changein ownership
and the clearing process is essentially over. The clearing process for an option or
futures transaction entails clearinghouse or central counterparty involvement until
the position is closed.®

This fundamental difference between clearing stock and derivative market
trades gives rise to potential economic rents to futures exchanges that not only
clear their own futurestransactionsbut disallow clearing of their exchange's products
on other markets. Put differently, one consequence of restricted clearing is that it
also impedes the fungibility of futures contracts. Fungibility means that a futures
contract on some commaodity, index, or security can be initiated on one exchange
and offset on another. 1t should be noted that the non-fungibility advantage enjoyed
by futures markets may not accrue to equity options exchanges as equity options
exchangesin the United States are required by their regulator — the Securities and
Exchange Commission — to use a common clearing firm, the Options Clearing
Corporation, to clear al option trades. This allows exchange traded equity options
to trade on multiple exchanges.

C. The Gains from Clearing

Theimportant contribution of the provision of clearing servicesto the value of
an exchangeis not commonly recognized. For instance, a significant component of
the value of futures exchanges is due to the value of the clearinghouses that they
control. Anecdotal evidence of this fact includes the dramatic decline in the value
of the CME Group on February 5 and 6, 2008, in response to a U.S. Justice
Department, Anti-Trust Division letter suggesting that clearinghouses be separated
from exchanges. The Financial Times (Weitzman 2008) reported on February 8,
2008:

Shares of the CME Group and Nymex fell sharply in New York yesterday,
as investors digested the implications of the US Department of Justice’s
call for the separation of clearing houses from the futures exchanges that
own them. CME sharesfell 12 per cent by mid-day trading to $519.30 on
fears that any change would result in severe disruption to the business
model that has enabled the CME to become the world's largest futures
exchange. Nymex, which CME targeted with a cash-and-share bid last
week, saw its shares fall 11 per cent to $94.92.

Another example is the widespread belief that the primary reason the
Intercontinental Exchange (1CE) purchased the New York Board of Trade (NYBOT)
in 2006 wasto obtain the NY BOT's clearinghouse. The Financial Times (Morrison

5. Bliss and Steigerwald (2006) provide a detailed analysis of the clearing function for derivatives.
They note: “In securities clearing and settlement, the length of time between the execution of a
transaction (in which the counterparties undertake reciprocal obligationsto deliver asecurity against
payment) is dictated primarily by operational constraints. With derivatives, however, the length of
time between the execution of a transaction and settlement is essential to the contract. Put another
way, the fundamental economic purpose of aderivativestransactioninvolvesthereciprocal obligations
of the parties over the life of the contract.”
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and Cameron 2006) reported on September 17, 2006:

Traderssaid thekey attraction of | CE’s purchase of Nybot, through $400m
in cash and theissue of equity that equatesto 15 per cent of its stock, was
Nybot’s own clearinghouse, the New York Clearing Corporation rather
than Nybot’s soft commodities such as coffee, cocoa, sugar, cotton and
orange juice and itsfinancial futuresbusiness. Thiswill givethe Atlanta-
based el ectronic commodities exchange theflexibility it wantsto compete
with its bigger rival the New York Mercantile Exchange.

Both of the foregoing examples illustrate the value that exchange owned
clearinghouses contribute to the value of a futures exchange. The mandate that
exchangetraded derivatives be cleared through acentral counterparty has potentially
important implications for how profits are made in variousfinancial businesses. To
be sure, it creates new potential revenue opportunities in clearing certain OTC
derivatives. However, the potential size of the business opportunity is not clear.

D. Risk Management at Clearing Counterparties

Risk management is central to the successful operation of a clearinghouse or
clearing counterparty. Clearinghouses manage their risk exposures by imposing
margin requirements and marking security positions to market on a daily or more
frequent basis, as conditions require.® Proper risk management by clearinghouses
necessitates the ability to correctly identify the market value of security positions.
This may be difficult to do for certain OTC derivatives whose market value is
uncertain. Itisalso important to point out that the choice facing market participants
isnot clearing everything or clearing nothing, but rather runsthe continuum from no
clearing to requiring trades be entered into atrading repository (without amandate
for centralized clearing) to clearing OTC derivatives centrally to restricting trading
to derivatives exchanges.

III. THE NATURE OF FINANCIAL INNOVATIONS

Smithson (1998) arguesthat financial innovations arise from attemptsto lower
transaction costs or reduce risks. He argues that most complex securities can be
decomposed into simpler ones. For instance, futures contracts are ssimply exchange
traded forward contracts. That is, futures contracts represent an advance over
forward contractswhere significant counterparty risk may exist. Other mechanisms
also exist as potential solutionsfor the presence of counterparty risk such asone or
both parties posting collateral. It should be noted that, in some cases, a futures
position might have morerisk than otherwise similar forward contracts. For instance,
it may be that the counterparty risk of alarge bank trading with another “too large
tofail” large bank may be lower than that with the exchange clearinghouse.

Financial markets evolve over time to meet the needs of market participants.
The question naturally arises asto why OTC traded derivatives continue to exist if

6. For instance, during the stock market crash of October 19, 1987, many futures positions were
marked to market on an intraday basis.
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exchange traded derivative markets represent an improvement over OTC traded
derivatives. Trade isvoluntary. Trade occurs only because both parties believe that
they are better off from engaging init. The continued co-existence of futures markets
with corresponding OTC forward markets suggests that there is a need for many
types of derivative products. Simply stated, some of the older techniques still serve
the needs of some market participants better than the newer alternatives.

Alternatively stated, there are costs and benefits to both exchange and OTC
traded derivatives. Culp (2009) argues the benefits of clearing OTC derivatives
through a CCP include “counterparty anonymity,” greater “transparency and
consistency of pricing for margins and funds settlements,” easier “monitoring of
market participants aggregate activity within the CCP across products,” and simpler
resolutionsin the event of defaults, among others. Culp (2009) also argues that the
costs of clearing OTC derivatives through a CCP include the potentially high cost
of margin and collateral “during periodsinwhich derivatives participantsareliquidity
constrained;” disagreements with models used to determine margin; disagreement
with pricing or valuation of positions; and “limited gains’ from the anonymity benefit
for large well-capitalized traders.

IV. THE CASE FOR MANDATORY CLEARING OF OTC
DERIVATIVES

Acharya et a. (2009) detail “three levels of centralized clearing” for credit
derivatives(i.e., traderegistry, centralized clearing for OTC derivatives, restricting
trading to a derivatives exchange) in order to increase market transparency and
reduce counterparty risk. Basically, they argue that such a change is necessary to
provide “aggregate information on outstanding deals and risk exposures’ to both
regulatorsand market participants. They argue: “Wethereforefed that the strongest
public policy need in the area of OTC derivativesisto require centralized clearing
for all systemically important derivatives.”

Acharyaand Bisin (2010) advance acompetitive two-period general equilibrium
model where default by market participants on contracts is possible. They show
that opacity in the OTC markets makes counterparty risk more difficult to assess
and givesriseto a“counterparty risk externality [that] can lead to excessive default
and production of aggregate risk, and more generally, inefficient risk-sharing.”
However, the introduction of centralized clearing makes markets more transparent.
The greater transparency alows market participants to adjust contract terms to
reflect the overall positions held by the counterparty — that is, to force the other
side “to internalize the counterparty risk externality of itstrades’ — and resultsin
efficient risk sharing.

Acharyaand Bisin (2010) focus on the credit default swap market — amarket
that some observers argue exacerbated the severity of the 2007—2009 financial
crisis. They argue that “the mora hazard that a party wants to take on excessive
leverage through short positions — collect premiums today and default tomorrow
— iscounteracted by the fact that they face a steeper price schedule by so doing.”
They contend that their “model provides one explanation for the substantial buildup
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of OTC positions in credit default swaps in the period leading up to the crisis of
2007-09, their likely contribution to over-extension of credit in the economy, and
possible remedies for avoiding this excessin future.”

Asthetitle of hispaper suggests, Hull (2010) examinesissues arising from the
proposed mandates that OTC derivatives be cleared centrally. Particular attention
is directed toward the issue of whether al types of OTC derivatives should be
subject to centralized clearing. Hull decomposes OTC derivatives into four major
types: (1) plain vanilla derivatives with standard maturity dates; (2) plain vanilla
derivativeswith non-standard maturity dates; (3) nonstandard derivativesfor which
there are well-established pricing models; and (4) highly structured deals.

Hull argues that the first two types of OTC derivatives are readily amenable
to clearing because market prices are either readily available (Type 1) or can be
easily interpolated from readily available market prices (Type 2). Hull recognizes
that the third type of OTC derivative is often illiquid due to infrequent trading.
Examplesinclude“Asian options, barrier options, compound options, basket options,
accrual swaps, and so on.” Hull recognizes that valuation of all Type 3 OTC
derivatives may be difficult and proposes that “market participants provide the
CCPwith valuation software when the OTC derivativeistraded.” Not surprisingly,
the fourth type of OTC derivatives, “highly structured deals,” isthe least amenable
to being cleared centrally “because they are usually quite complex and models for
valuing them arelessreadily available.” Nonetheless, Hull argues“itisimportant to
find away of handling them” because “it is often these types of derivatives that
lead to huge specul ative positions and have the potential to increase systemic risk.”
Hull argues that one way of doing so is to require counterparties in Type 4 OTC
derivative transactions to provide mutually agreed valuation software to the
clearinghouse or agree on athird party to appraise the value of the OTC derivative
security position.

Hull also envisions some exemptionsfrom central clearing requirements, which
he suggests, be called “zero margin trades.” Basically, it would include firms that
do not currently have to post collateral for their private derivatives market
transactions. Hull argues that such transactions would be have to be registered
with the central clearing party although no margin would need to be posted. Lang
and Madlener (2010) examinethe potential impact of mandating centralized clearing
of OTC derivatives in the electric power sector. Collateral would be required for
derivative positions that currently do not require collateral. This poses a problem
for market participants because as L ang and Madlener (2010) note, “ collateralization
does not come for free.”

V. THE CASE AGAINST MANDATED CLEARING OF OTC
DERIVATIVES

One concern with mandated clearing of standardized OTC derivatives center
on theextension of mandated clearing toilliquid or difficult to price OTC derivatives.
Culp (2009) notes that the principal function of a clearinghouse or central
counterparty is to substitute its credit risk for the credit risk of the counterparties.
Thisis a meaningful advantage only if the risk of the clearinghouse is lower than
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the risk counterparties would otherwise face. It is critical that CCPs effectively
manage their risk exposure. However, doing so requires CCPs to be able to
determinethe market price of thederivatives. Thisishardtodoinanilliquid market.
Pirrong (2011) provides a detailed analysis of the role that central counterparties
play and considers “what effects increased use of them will have on the financial
system.” In particular, he argues that central counterparties should limit any OTC
derivativesclearing to “liquid standardized products’ in order to effectively manage
the risks to which the CCP is exposed.

Another concern with mandated clearing of OTC derivatives is that the
assumption of counterparty risk by the CCP could aggregate too much risk in one
entity — the CCP. This could lead to an “excessive concentration of risk” in the
CCP and a bhelief among market participants that the CCP is “too big to fal” as
Culp (2009) and Singh (2011) point out. Culp arguesthat this, in turn, may induce“a
moral hazard problem in which derivatives participants manage their risks less
prudently because of an expectation that derivatives CCPs would be bailed out.”

Pirrong (2011) argues that the actions of CCPs may impact systemic risk.
Specifically, Pirrong asserts such actions “can both decrease it” (for instance by
reducing the impact of clearing member failure) “and increase it” (for instance by
increasing margin requirements during a period of financial stress). He also warns
“that CCPs have failed in the past.” Culp (2009) draws similar conclusions when
he argues that the proposed mandatory centralized clearing of standardized OTC
derivatives “might well actually increase the fragility of the financial system by
creating new institutions that regulators, and politicians believe are too big or too
interconnected to fail. At the same time, mandated clearing and settlement could
impose significant costs on various market participants and interfere with financial
innovation.”

As noted above, the fragmentation of CCPs acrossinternational boundaries or
asset classes reduces the potential effectiveness of the CCP. Duffie and Zhu (2011)
examine whether the addition of a new separate CCP to a “particular class of
derivatives increases or reduces counterparty exposures.” They report evidence
that the introduction of a CCP “reduces netting efficiency, increases collateral
demands, and leadsto higher average exposureto counterparty default.” In addition,
they report that the existence of multiple CCPs increases counterparty risk. They
recommend asingle CCPfor “ standard interest rate swaps and credit default swaps’
to avoid thislatter issue.

Culp (2009) dichotomizesfinancial market regulationinto regulation of products
and institutions. He contends that mandated clearing of OTC derivativesisaform
of product regulation and argues that regulating institutions is a better way of
monitoring and controlling systemic risk than regulating financial products. Culp
arguesthat rather than reducing systemic risk mandated clearing “will likely engender
significant legal and regulatory uncertainty, impedefinancial innovation, raise market
participants costs, and adversely impact the competitiveness of U.S. derivatives
participants.”

Gubler (2009) argues that the requirement for clearing of OTC derivativesis
essentially “an attempt to regul ate the process of financial innovationitself and that,
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when viewed in thislight, the proposal isneither asmodest nor as obviously superior
to the status quo asits proponentsclaim.” That said, it isalso important to point out
that many OTC derivatives were being centrally cleared prior to the proposal that
standardized OTC derivatives be centrally cleared or traded on an organized
exchange.

VI. MANDATORY CLEARING OF OTC DERIVATIVES AND
FINANCIAL CRISES

Although theAcharyaand Bisin (2009) “model suggeststhat excessiveleverage
and excessive production arising due to the OTC nature of trading can lead to a
‘bubble’ in the market for goods (e.g., the housing stock), a subsequent crash upon
realization of adverse shocks, and abreakdown of risk transfer (credit or insurance
markets) in those states,” most observers contend that the failure to centrally clear
OTC derivatives was not the principal cause of the 2007—2009 financial crisis.”
Nor would the adoption of centralized clearing for OTC derivatives avert asimilar
financia crisis in the future. Hull (2010) states emphatically: “The first point to
make is that OTC derivatives did not cause the 2007—2009 financia crisis (or
previous financia crises). The causes of the crisis are complex and it would be a
mistaketo imaginethat regulating OTC marketswill somehow automatically prevent
similar crisesinthefuture.” Similarly, Culp (2009) argues. “| contend that the proposal
to mandate central counterparty OTC clearing for standardized products will not
likely avert another potential crisisor failureof alargefinancial institution, but will
likely engender significant legal and regulatory uncertainty, impede financial
innovation, raise market participants costs, and adversely impact the competitiveness
of U.S. derivativesparticipants.” Baker (2011) arguesthat much financial regulation
emanating from afinancia crisisis driven by stories about particular firms during
the crisis.® She argues that the mandate that standardized OTC derivatives be
centrally cleared has broader and unintended implications for the repo and other
markets.

VII. WHO SHOULD CLEAR OTC DERIVATIVES?

Not surprisingly, the literature is largely silent on who should clear OTC
derivatives. Nystedt (2004) argues that organized derivatives exchanges (ODE)
should clear such contracts. He states: “ A potentially important service ODE markets
can provide OTC market participantsis to extend clearing services to them. Such
serviceswould allow the OTC marketsto focus more on providing less competitive
contracts/innovations and instead customize its contracts to specific investors’ risk

7. For instance, see the statement of the Financial Economists Roundtable (2009).

8. Baker (2011) argues: “Memorable tales of financia collapse, such as that of Lehman Brothers
(Lehman), Bear Stearns, and American Financial Group (AlG), frequently drive narratives of financial
market crises and future preventative regulatory solutions. Much U.S. financia regulation, such as
the monumental and historic ‘ Dodd-Frank Wall Street Reform and Consumer Protection Act,” (Dodd-
Frank) can be understood from this perspective.”



Clearing and OTC Derivatives 17

preferences and needs.” According to Culp (2009), many derivatives exchanges
are aready providing such services, including CME Group, ICE, Eurex, SGX, and
NY SE LIFFE, aswell asLCH.Clearnet, which formerly cleared anumber of future
contracts.

VIII. CONCLUSIONS

Thereisgeneral agreement in thefinancial economicsliteraturethat the absence
of centralized clearing for OTC traded derivatives did not cause the Global Financial
Crisis of 2007-2009 nor will the imposition of centralized clearing on standardized
or virtually all OTC traded derivatives be likely to avert similar financial crisesin
the future. The demand for centralized clearing for those OTC traded derivatives
that are not currently centrally cleared is not coming from the partiesto the trades.
Thepushfor centralized clearing of standardized isprincipally coming fromregulators
and policymakers, not OTC market participants.

Trading in OTC derivativesis voluntary. Existing counterparties have shown
by their actionsthat they arewillingto enter into OT C derivative transactionswithout
requiring the transactions be cleared centrally. While the imposition of mandatory
centralized clearing of standardized OTC traded derivatives and the requirement
that most OTC derivative transactions be reported to trade repositories may not
help individual market participants, itislikely to provide regulatory authoritieswith
theinformation to make better decisions about which actionsto take during periods
of financial market stress.

Many OTC derivatives are aready being cleared centrally. This movement
toward greater central clearing of OTC derivatives has been in response to market
forces rather than government edict. Futures clearinghouses handle much of that
business. One large segment of the OTC derivatives sector — interest rate swaps
— is starting to be cleared. Mandatory centralized clearing of standardized OTC
derivativesrepresentsapotentially lucrative business opportunity to clearinghouses.
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BEHAVIORAL FINANCE AND
PRICING OF DERIVATIVES:
IMPLICATIONS FOR DODD-FRANK ACT

Rahul Verma*

This study investigates the relevance of noise in the derivative market by
examining the responses of returns and time varying risks in six futures and
four stock index options markets to a set of investor sentiments. Consistent
with previous studies, the estimation results suggest that noise is systematically
priced in a wide variety of futures and options markets. Investor sentiments
on gold, crude oil, wheat, copper, live cattle and sugar significantly impact
the returns and conditional variances in precious metals, energy, oilseed,
industrial metals, livestock and soft agricultural futures markets respectively.
Smilarly returns and volatilities in VIX, VXD, VXN and VXO are significantly
affected by sentiments of professional analysts and institutional investors,
while there is no such effect of individuals. There seem to be a significant
greater response of these derivative markets to bullish than bearish sentiments.
Lastly, there are evidences of positive feedback trading by investors and lead-
lag relationships among their sentiments. Noise seems to affect risk and return
in the derivative market in a similar fashion in which it affects those in stocks.
The direct implication of these findings is that traditional measure of time
variation in systematic risk in the derivative market omits an important source
of risk: noise. It has wider implications for the newly enacted Dodd-Frank
financial reform bill on derivative trading. They also have important
implications for policies that seek to reduce spillover effects and investors
who aim to improve their portfolio performance.

ver the past decade the evidence that psychology and emotions influence
inancial decisions have become more convincing. Financial economists

are now realizing that investors can beirrational and predictable errors by
investors can affect valuations. Studies argue that psychological biases, cognitive
errors and emotions affect investor decisions. Most of the theoretical and empirical
studies on investors' psychology have focused on stock markets and empirical

*Rahul Verma is an associate professor of finance in the College of Business at the University of
Houston-Downtown. E-mail: vermar@uhd.edu.

Acknowledgements: This research was financially supported by a generous grant from the Institute
for Financia Markets.

Keywords: behavioral finance, investor sentiment, government policy, futures market, volatility
JEL Classification: G02, G12, G13, G14, G18



22 Review of Futures Markets

evidences on anomalies are well documented.! However, behavioral finance has
been applied in derivatives pricing to a lesser degree. The current literature on
derivatives and investors psychology merely conjectures or provides inconsistent
results on whether behavioral factors are relevant in pricing of derivatives. Little
empirical work is done to examine the ways in which greed, fear, and irrationality
are priced in the options and futures markets. This research attempts to contribute
to the literature by empirically investigating whether tenets of behavioral finance
arerelevant in the pricing of derivatives.

It is beyond the scope of one single study to examine the applicability of all
theories and models of one area of research into another. This paper borrows one
of the established paradigms from behavioral finance, therole of investor sentiments
(also called noise) to examine if it can forecast the future direction of derivative
prices. The noise trader modelsin behavioral finance imply that often investors do
not make investment decisions based on acompany’sfundamental sand are capable
of affecting stock prices due to unpredictable changes in their sentiments.? In
traditional finance only risk premium matters while in behavioral finance both
systematic risks and noise are relevant (Hirshleifer, 2001; Baur, Quintero, and
Stevens, 1996). After decades of study the sources of risk premiums in financial
markets is well understood; while, dynamic psychology based derivative pricing
theories are till in the infancy stage.

Evidence which suggeststhat investor sentimentsare apriced factor in futures
and options market equilibrium is still in dispute. The existing empirical tests on
investor sentiments and derivative pricing is provided by studies such as Wang
(2001; 2003; 2004); Han (2008); Chen and Chang (2005); Simon and Wiggins (2001);
Sanders, Irwin, and Leuthold (2000; 2003). These studies have found inconsistent
results on the significance and causality of relationship between sentiments and
derivative pricing. One of the reasons for this could be that the existing tests focus
primarily onfirst moment contemporaneous correl ations between investor sentiments
and derivative returns while less attention is given to the impact of noise on time

1. Therole of investor psychology in stock valuation iswell documented by Black (1986), Trueman
(1988), DelLong, Shleifer, Summers and Waldman (DSSW) (1990, 1991), Shleifer and Summers
(1990), Lakonishok, Shleifer, and Vishny (1991), Campbell and Kyle (1993), Shefrin and Statman
(1994), Palomino (1996), Barberis, Shieifer, and Vishny (1998), Daniel, Hirshleifer, and Subramanyam
(1998); Hong and Stein (1999) and Sias, Starks, and Tinic (2001). Nofsinger (2010) provides an
extensive review of theoretical and empirical studies on behavioral finance.

2. Studies related to individual investors sentiments find strong co-movements with stock market
returns and volatility (Verma, Baklaci, and Soydemir, 2006, 2008; Verma and Verma 2007; Brown
and Cliff 2005; De Bondt 1993) and mixed results regarding its role in short term predictability of
stock prices (Brown and Cliff 2004; Fisher and Statman 2000). Similarly, studies examining
institutional sentiments find strong co-movements with stock market returns (Verma et al. 2006,
2008; Brown and Cliff 2005) and mixed results regarding its short run implications on stock prices
(Brown and Cliff, 2004; Lee, Jiang, and Indro 2002; Clarke and Statman 1998; Solt and Statman
1988). Recent behavioral asset pricing models predict linkages between irrational sentiment and risk
to reward ratio (Verma and Soydemir 2009; Yu and Yuan 2005; Basak 2005; Cecchetti, Lam, and
Mark 2000; Jouini and Napp 2005; Abel 2002; Girard, Rahman, and Zaher 2003; Garrett, Kamstra,
and Kramer 2005; Li and Zhong 2005).
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varying risks in futures and options markets. The DSSW (1990) and Sias, Starks,
and Tinic (2001) suggest that theimpact of noisetraders’ risk ison both the formation
of conditional volatility and expected returns of an asset.® Therefore, any tests on
the effect of investor sentiments on the mean alone are mispecified and at best
incomplete. In case of derivative markets, Sanders, Irwin and Leuthold, (2000;
2003) argue that that investor sentiment does not affect expected returns but could
impact its volatilities. However, no analysis is done to investigate the manner in
which noise trading may affect expected return through its effect on the market's
formation of risk (volatility) in derivative markets as suggested by the DSSW/(1990).

Further, the evidence on momentum profitability (Jegadeesh and Titman 1993)
and reversals suggest the effect of sentiments on financial markets may be
asymmetric (Hong, Lim, and Stein 2000; Hong and Stein 1999). Specifically, a
market displaysan asymmetric response when returns respond differently to market
upturns (bullish) than downturns (bearish) in terms of both speed and magnitude.
The economic rationale for this asymmetric response can be explained from the
behavioral standpoint of investor psychology. Investors, in general, are more
concerned about market downturns than upturns, partly due to their risk-aversion
and this tendency gets reflected in market prices, causing different responses to
downturns and upturns.* Also, due to restrictions on short selling there may be an
asymmetric relation between sentiment and valuations. That is, when investors are
overoptimistic there is upward pressure on pricesthat is hard for rational investors
to overcome while in the case of pessimism, it is easier for rational investors to
trade against the irrational investors. This suggests that prices are not as likely to
deviate below intrinsic value as they are above or, magnitude of undervaluation
may be different from overvaluation. Given these arguments, it is important to
empirically examine whether the relationship between sentiments and derivative
pricing are asymmetrical during optimistic and pessimistic periods.

This research is designed to fill a void in the literature related to investor
sentiments and derivative pricing by examining the role of behaviora finance in
futures and options markets' returns, volatilities and asymmetry. Accordingly, the
following three research questions are examined: (i) Is there a role of noise in
commodity derivative market returns and risk? (ii) Isthere arole of noise in stock
derivative market returns and risk? (ii) Are there asymmetrical effects of noise on
commodity and stock derivative markets during optimistic and pessimistic periods?

This research makes the following contribution to the literature: first, unlike
previous studies which examine the rel ationship between sentiments and the mean

3. DSSW (1990) show that sentiment can affect expected return of an asset through its effect on the
conditional variance of returns. Brown and Cliff (2005) argue that noise trading may impact higher
moments of returns such asvolatility. Lee, Jiang and Indro (2002) and Vermaand Verma (2007) find
significant relationship between sentiments and conditional variance in the U.S. stock market.

4. The asymmetric effect of sentiments on the stock market is attributed to the limits to arbitrage
(Brown and Cliff, 2004), unidentified risk factors (Fama and French, 1992) and overconfidence
(Gervais and Odean, 2001). Empirical tests on asymmetric relationship between sentiments and
stock valuation is provided by Lee et al. (2002) and Verma and Verma (2007).
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of derivative returns, this research tests the impact of noise on both return and
volatilities of futures and options markets; second, unlike previous studies, which
examine the symmetrical relationship without segregating between optimism and
pessimism, this study examinesthe existence of asymmetrical impact of bullish and
bearish sentimentson derivative markets; third, unlike previous studieswhich employs
bivariate static techniques and treats sentiment of each derivative in isolation this
research employs an appropriate multivariate technique to model sentiments of
several derivatives of a related assets in one system and examines their relative
and spillover effects. Treating sentiments in isolation implicitly ignores potential
spillover effects of one type of sentiments on another.

Theresponsesof six commodity futuresindex returns, volatilitiesand asymmetry
to sentiments on a set of 20 separate commodities are analyzed. The six commodity
futuresmarketsidentified are: energy, precious metals, industrial metal, agricultural
products, grains and livestock. In order to link the relevant sentiments with each
futuresindex, the 20 sentiments are factored into the following six groups: energy
(crudeail, heating oil, natural gas, unleaded gasoline), precious metals (gold, silver,
platinum), industrial metal (copper), agricultural products (cocoa, coffee, orange,
sugar), grain (corn, soybean, soybean oil, wheat) and livestock (live cattle, lean
hogs, feeder cattle, pork bellies). Similarly, the returns, volatilities and asymmetry
of four stock index options to sentiments of three different categories of investors
areanayzed. Thefour stock index optionschosen are: VIX (S& P 500 index options),
VXO (S&P 100 index options), VXN (Nasdag 100 index options) and the VXD
(Dow Jones options). The three groups of investors whose sentiments are analyzed
are: individual investors, ingtitutional investors, and professional analysts.

Thisstudy employsdataon weekly basisfrom thefollowing sources: Datastream,;
CBOE; CRSP; surveys of American Association of Individual Investors, Investors
Intelligence, CONSENSUS Inc., Federal Reserve Bank of St. Louis, and Kenneth
French Data Library. The estimation results of a set of multivariate EGARCH
models indicate that there is at least one kind of sentiment in each market which
significantly affects derivatives' returns and volatilities and also has asymmetric
spillover effects. Specifically, investor sentimentson gold, crude oil, wheat, copper,
live cattle and sugar are found to significant impact the conditional variance in
precious metals, energy, oilseed, industrial metals, livestock and soft agricultural
futures markets respectively. There seem to be a significant greater response of
these futures marketsto bullish than bearish investor sentiments. Similar resultsare
obtained in case of VIX, VXD, VXN and VXO responses to investor sentiments.
Both returns and volatilities in these stock index options are significantly affected
by sentiments of professional analysts and institutions, whilethereis no such effect
fromindividuals. Thereareal so evidences of positive feedback trading by investors
and |ead-lag rel ationships among their sentiments. Overall, consistent with previous
studies, the estimation results suggest that noise is systematically priced in awide
variety of futures and option markets.

These results are consistent with behavioral paradigm that suggests that noise
affects an assets return through itsimpact on its conditional variance. Thefindings
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of thisstudy could haveimportant implicationsfor therecently enacted Dodd-Frank’s
financial-system overhaul which includes measuresthat would bring more derivatives
trading onto regul ated exchanges. They a so haveimportant implicationsfor policies
that seek to reduce spillover effectsand investorswho aim toimprovetheir portfolio
performance.

The remainder of this study is organized as follows. Section | presents the
theoretical foundation and reviewstherelevant literature on derivative and behaviora
finance while Section Il presents the model. Section |1l summarizes data and
descriptive gtatistics. Section |V describes methodol ogy and reports estimation results.
Section V presents implications and Section V1 concludes.

I. THEORETICAL FOUNDATION

Standard derivative pricing models are based on theories of traditional finance
and rest on the assumptionsthat investors make rational decisionsand are unbiased
in their predictions about the future. In recent years behavioral finance which
incorporates the ideas of non-rational and non-risk neutral investors seems to
challenge thisnotion. In derivative pricing literature, therole of behavioral finance
stems from limits to arbitrage (Black 1986; DSSW 1990) and the prospect theory
(Kahneman and Tversky 1979). A review of these two theories and empirical work
is presented below.

An argument in traditional finance on why noise should not affect market
prices lies in the mechanism of arbitrage. It is thought that smart investors look to
create profits by trading against irrational traders in order to capture mispricing.
Following Black (1986), DSSW (1990) present a model in which noise traders
acting asagroup caninfluence stock pricesin equilibrium. They arguethat arbitrage
is limited in a market where informed investors have shorter horizons than noise
traders. In their model the deviations in price from fundamental value created by
changesininvestor sentiments can introduce asystematic risk whichispriced , that
is, unpredictability in investor sentiments can systematically affect returns.

The theoretical framework describing noise trading in financial markets is
provided by studies such as Black (1986), Trueman (1988), DSSW (1990), Shleifer
and Summers (1990), Campbell and Kyle (1993), Shefrin and Statman (1994), and
Barberis, Shleifer, and Vishny (1998). A trader not trading oninformationisclassified
as noise trader. A direct implication of these studies is that a certain groups of
investors (noise traders) who often do not make investment decisions based on a
company's fundamentals are capable of affecting stock prices by way of
unpredictable changes in their sentiments. Noise traders acting in concert on non-
fundamental signals can introduce a systematic risk that is priced in the market.
Specifically noise trading risk exists because movementsin investor sentiment are
unpredictable and therefore arbitrageurs betting against mispricing run therisk that
such sentiment becomes more extreme and prices move even further away from
fundamental value. For this reason, the noise trader risk is measured by
unpredictability in investor sentiments.

Several empirical studies have investigated the role of noise trading on stock
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valuation by using investor sentiments data that indicate the expectations of market
participants (see Brown and Cliff 2004; Lee, Jiang and Indro 2002; Verma and
Soydemir, 2006; 2008, 2009; Verma and Verma 2007.) In derivative markets the
role of noisetrading is examined by using investor sentiments data by studies such
as Simon and Wiggins (2001) and Sanders et al. (2000, 2003).

Based on DSSW (1990), Brown and Cliff (2004, 2005) explicitly describe the
mechanism under which investor sentiments can affect val uations. The environment
where sentiments can affect valuations is based on three assumptions. First, some
of the investors are biased; second, these biases are persistent in nature, and third,
there are limits to arbitrage. Similarly, Shleifer and Summers (1990) present an
aternative to the efficient market approach and present a model based on two
assumptions: first, some investors are not fully rational and their demand for risky
assets is affected by their sentiments; and second, trading by rational investors
which are not subject to such sentiments is risky and therefore limited. They find
that changes in sentiments are not fully countered by rational arbitrageurs and
therefore can affect market prices. Palomino (1996) extends the DSSW (1990)
model for an imperfectly competitive market and show that in the presence of risk
averse investors, trading with rational speculators based on irrational beliefs may
be profitablei.e., noise traders may earn higher returns and obtain higher expected
utility thanrational investors. It suggeststhat imperfect competition restrictsarbitrage
mechanismintwo ways: first, quantitiestraded are smaller ascompared to perfectly
competitive marketswhich limit the price stabilizing effect of arbitrageurs; second,
irrational behavior can impose higher costs on rational investors than noise traders.

Likein the case of the stock market, valuations in derivative markets can also
be affected due to limits to arbitrage. In case of financial futures, the valuation of
contracts mainly depends on the relationship between expected prices and spot
rate of the underlying asset. This relationship is given by the spot-futures parity
theorem (Elton and Gruber 1991). Commodity futures prices are also governed by
the same general considerations as financial futures. One difference, however, is
that the cost of carrying commodities is greater than the cost of carrying financial
assets. Any deviation from thisparity relationshipwould giverisetorisk freearbitrage
opportunities. Behavioral biases would not matter for derivative pricing if rational
arbitrageurs could fully exploit the irrationality of noise traders, and thus trades of
profit seeking investors would correct any misalignment in prices. However,
behavioral advocatesarguethat, in practice, several factorslimit the ability to profit
from mispricing in the derivative market. For example, limitsto arbitragein options
market are well documented by Stein (1989), Poteshman (2001), Poteshman and
Serbin (2003), and Mahani and Poteshman (2004).

Limitsto arbitrage can also be caused due to positive feedback trading in the
derivative market. Positive feedback trading or trend chasing isgenerally considered
tobeanirrational behavior and associated with noise trading, which has potential to
nullify the price stabilizing effect of arbitrage. Kurov (2008) provides evidence on
the linkage between investors' attitude and trading behavior at the microstructure
level in the futures market. It investigates the response of traders’ order flows in
S& P500 futures and NASDAQ100 futures indexes and finds that index futures
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traders use positive feedback trading strategies, that is, buy (sell) index futures
contracts after price increases (decreases). It also finds a positive relationship
between intensity of such positive feedback trading and individual and institutional
investor sentiments. On similar lines, Manaster and Mann (1996) provide areason
astowhy irrational behavior can affect trading and thus pricesin futures contracts.
They argue that index futures markets have a different microstructure as market
makers tend to hold relatively small positions and quickly reduce their inventory
exposure. Such microstructure characteristics of futures market may affect the
propensity of traders to engage in positive feedback trading and limit the arbitrage
mechanism of stabilizing prices. However, Antoniou, Koutmos, and Pericli (2005)
did not find any evidence of positive feedback trading inindex futures, concluding
that rational arbitrageurs are able to correct the mispricing by way of arbitrage.

Sanders et a. (2003) examine the lead-lag relationship between returns and
sentimentsin 28 futures markets. They find that sentiments areincreasing function
of past returns (positive feedback trading), and noise trader sentiments are useful
in predicting futures returns only when sentiments are at extreme level otherwise
insignificant. Earlier Sanders et al. (2000) use similar analysiswith Market Vane's
bullish sentiment index and find consistent results. They argue that sentiment could
impact other aspects of price behavior, such asvolatility. Thisargument isconsistent
with Brown and Cliff (2005), which recognizesthat noisetrading may impact higher
moments of returns, especially volatility. Similar argumentsin favor of relationship
between sentiments and time varying risk are presented by DSSW (1990) and Sias
et a. (2001). These studies find a significant role of noise traders sentiments in
predicting future volatilities in the U.S. stock market. Motivated by these studies,
an investigation of linkages between sentiments with conditional volatilities and
expected returns in futures and options markets is the primary objective of this
research.

Limits to arbitrage and psychological factors can also cause asymmetric
behavior of an asset returns to bullish and bearish sentiments (Brown and Cliff
2005). Recent behavioral asset pricing models predict linkages between sentiment
and the market price of risk during optimistic and pessimistic periods (Yu and Yuan
2005; Basak 2005; Cecchetti et al. 2000; Jouini and Napp 2005; Abel 2002; Girard
et al. 2003; Garrett et a. 2005; Li and Zhong 2005) to be asymmetrical. These
studiessuggest that irrational investorsand rational arbitrageurshold opposite beliefs:
When noise traders are pessimistic, rational arbitrageurs are optimistic. In such a
scenario, the compensation for bearing risk should be higher to attract more wealth
fromrational arbitrageurs, thus adjusting market price of risk upwards. Conversely,
when irrational investors are optimistic, market price of risk should be lower to
deter rational investors from making investments.

Han (2008) tests the relationship between three types of sentiments and
skewness of risk neutral S& P 500 index return and finds results that support the
ideathat sentimentsis an important determinant of index option prices. It also find
that index returns have asymmetric response to bullish and bearish sentiments.

Prospect theory describes how people frame and value a decision involving
uncertainty. It modifies the analytic description of rational risk averse investors
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found in standard finance theories. There are four features of prospect theory that
appear to be relevant for behavioral finance based derivative pricing models: (i)
investors frame their choices in terms of potential gains and losses relative to a
specific reference point (either recent highest or purchase price); (ii) investors
value the gaing/losses according to an S-shaped value function which is concave
(convex) for gain (loss); (iii) the value function is asymmetric or steeper for loss
than gain; and (iv) investors view each investments separately (also called mental
accounting) rather than using a portfolio approach which limitsinvestors' ability to
minimizerisk and maximizereturn.

Studies have shown that prospect theory is operative in the options market,
and evidence for a concave (convex) value function, as suggested by the prospect
theory, ismuch stronger than standard concave utility function. Actual option prices
tend to show systematic and persistent deviation from the prediction of the Black
and Scholes (1973) model. Several improvements have been proposed to correct
thisanomaly. Shefrin and Statman (1993) is one of the earlier behavioral studiesto
analyze covered call options and find that perceived value and choice from it is
consistent with the value function of prospect theory.

Blackburn and Ukhov (2006) investigate the shape of the investors' utility
function by examining the index options of Dow Jones and find support for non-
concave utility function consistent with the prospect theory. On similar lines,
Poteshman and Serbin (2003) analyze call option exercises and argue that alarge
number of these exercises are irrational in nature, motivated by positive feedback
trading and not consistent with generally acceptable market equilibrium models.

Howell and Jagle (1997) argue that behavioral biases affect the subjective
valuation as professionalstend to deviate from the Black-Scholesmodel. Likewise,
Miller and Shapira (2004) find that both buyers and sellers price options below its
expected values. Verdlius, Lehnert, and Woff (2009) design a behavioral model of
option pricing by incorporating risk attitude, mental accounting, and probability
perceptions. They argue that the result of their behavioral model is better than the
traditional Black-Scholesand stochastic volatility model of Heston (1993). Following
this, Alemanni, Pena, and Zanotti (2010) find that behavioral version of Black-
Scholesisableto better capture option pricesthan Heston (1993) stochastic volatility
model.

Simon and Wiggins (2001) examine the predictive power of three measures of
investor sentiments: VIX, put-call ratio, and trading index (TRIN) on 10, 20, and 30
daysreturnsof S& P 500 futures contract. They find apositive relationship between
these subsequent returns with the three measures of sentiments. They also find
that lagged S& P500 futures contract return is negatively related to VIX and TRIN,
afinding consistent with linkage between higher subsequent volatility dueto large
negative market returns (Nelsen 1991).

Chen and Chang (2005) employed VIX, put-call ratio, and TRIN as sentiment
indicators and analyzed their predictive power over S& P 500 futuresreturns. They
employ extended classifier system, one of the artificial intelligence modelsand find
that sentiments are contrarian in nature and can significantly predict the S& P 500
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futuresreturns. Similarly, Brown and Cliff (2004) regressindividual and institutional
investor sentiments against a set of derivative variables. They find that both VIX
and CBOE equity put to call ratio are negatively related to institutional investor
sentimentswhile positively related to individual investor sentiments. They also find
that changes in net positions in SPX futures of non-commercial traders and small
traders are positively related to ingtitutional investor sentiments.

Wang (2003) uses the COT (Commitment of Traders) report, an indirect
measure of sentimentstoinvestigate the forecasting power of actual traders’ position
over S&P 500 index returns. It finds that both large speculators and large hedgers
are useful market timing indicators but provide opposite forecasts. Speculators
(hedgers) sentiments are price continuation (contrarian) in nature. It argues that
large speculators have superior forecasting ability than hedgers and small traders.
Earlier, Wang (2001) did similar analysis with COT data to forecast returns of six
major agricultural futures and finds consistent results. Likewise, Wang (2004)
investigates the predictive power of COT data on five major currencies — British
pound, Canadian dollar, Deutsche mark, Japanese yen, and Swiss franc over their
futures returns and find similar results.

In summary, theoretical studies suggest a significant relationship between
sentiments and returnswhich isasymmetric in nature. However, empirical testson
noise and derivative valuation have found inconsistent results on significance and
causal relationship between sentiments and optionsand futures pricing. For example,
Sanders, Irwin, and Leuthold (2000, 2003), Antoniou, Koutmos, and Pericli (2005)
find insignificant results; Kurov (2008), Han (2008), Simon and Wiggins (2001)
suggest significant positive relationships; Chen and Chang (2005) find significant
negative relationship; and Brown and Cliff (2004) and Wang (2001, 2003, 2004)
find both positive and negative significant rel ationships.

One of the probable reasons previous studies do not provide any coherent
answer is because existing tests focus only on first moment bivariate
contemporaneous correlations between sentiments and valuation and ignore
conditional volatilities.However, theoretical studies make a strong argument that
sentiments can affect derivative valuation through its impact on time varying risk;
no empirical test exists. Currently, it is merely conjectured that sentiments might
affect both volatilitiesand returnsin options and futures markets. Also, thereislittle
test on how limits to arbitrage and other behavioral factors can cause derivative
prices to behave asymmetrically during optimistic and pessimistic periods. This
research ispositioned to address these voidsin the derivative pricing and behavioral
finance literature.

II. MODEL

This study follows the approach suggested by DSSW (1990) and Sias et a.
(2001) to model theimpact of noise on derivativereturns, volatility, and asymmetry.
Recent empirical studies (Lee et al. 2002; Brown and Cliff 2005) have analyzed
similar relationships in case of the stock market. Under this approach sentiments
can impact an asset price through the interaction of four effects: (i) price pressure,
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(i) hold more, (iii) Friedman, and (iv) create space. The“ price pressure” and “ hold
more” effects of sentiments directly impact expected returns of an asset. On the
other hand, the “Friedman” and “create space” effects of sentiments indirectly
impact expected returns through their influence on conditional volatilities of asset
returns.

The “price pressure” effect represents the pricing error caused due to noise
traders’ misperceptions as their bullishness (bearishness) bids up (down) purchase
(selling) prices thereby leading to lower expected returns. The “hold more” effect
causes the expected returns to be higher (lower) since greater (lower) level of risk
isborneby bullish (bearish) irrational investors dueto increased (decreased) demand
of assets. The “hold more” effect stems from the price pressure effect asirrational
traders tend to hold more (less) of those assets whose prices are higher (lower)
than their fundamental values. Thesetwo effects suggest that sentiments can impact
expected returns by moving prices away from intrinsic values and cause a change
inthelevel of market risk. The net impact of these two effects depends on whether
noise traders are bullish or bearish. In case of bullishness, when the “hold more”
effect is greater (lower) than the “price pressure” effect, expected returns would
be higher (lower). However, during bearishness it does not matter which effect is
greater since both effects would lead to lower expected returns.

The “Friedman” effect represents the loss which noise trades have to bear
due to trade with rational arbitrageurs during the arbitrage mechanism. This is
caused by noise traders' misperceptions about the risk of an asset, which makes
them buy and sell at wrong time and suffer extreme losses. Like “price pressure,”
the “Friedman” effect also aways leads to lower expected returns. The greater is
theirrationality or misperceptions about risk, the larger isloss on noise trading.

The “create space” effect is the heart of the noise trader model. It suggest
that assets on which irrational investors are active tend to trade at prices below
their intrinsic values and expected to generate higher returns than securities on
which noisetradersplay alessactiverole. Thelogicisthat noisetrading on certain
assetsincreasesthe price uncertainty, making rational investorsto shun those causing
pricesto fall and expected returns to increase. Noise traders thus create their own
space. This variability in returns due to greater create space brings an additional
systematicrisk that is priced in equilibrium. Noisetradersthus gain more by trading
on these securities and consequently these assets exhibit greater volatility and mean
reversion than the ones which are mainly held by rational investors and trade close
to their fundamental values. The greater (lower) the create space than “ Friedman”
effect; greater (lower) would be the expected returns due to effect of sentiments
on conditional volatilities.

The four effects also suggest an asymmetric effect of bullish and bearish
sentiments on asset returns. In “price pressure” and “Friedman” effects, it does
not matter whether noise traders are bullish or bearish sinceirrationality causesthe
expected returns to be always lower. This is in contrast to “hold more” effect
where expected returns would be higher or lower depends on bullish or bearish
sentiments. Similarly “create space” effect causes an increase in expected returns



Implications for Dodd-Frank Act 31

only when noise traders are bullish while there is no negative effect of bearish
sentiments on expected returns. Overall, noise traders can earn higher returns in
the presence of “hold more” and “ create space” effects only when they are bullish.

In summary, the “price pressure” and “hold more” effects are short-term in
nature due to the effect of directions of sentiments on the mean of excess returns,
while the “Friedman” and “ create space” capture the long run impact of noise on
excess returns due to the effect of magnitude of sentiments on the formation of
future volatilities of returns. In order to examine long term relationship between
sentiments and asset valuation, there is a strong case to model both returns and
volatilities of futures and options while analyzing the effect of noise on derivative
va uation.

Thisresearch employsan appropriate multivariate techniqueto model sentiments
of severa derivatives of related assets in one system and examines their relative
and spillover effects. Treating sentiments in isolation implicitly ignores potential
spillover effectsof onetype of sentimentson another. For example, shocksoriginating
from sentiments of one related asset (say gold) not considered might mistakenly be
seen as adisturbance originating from sentiments of other asset (say silver) included
in the analysis. Since studies such as Brown and Cliff (2004, 2005) and Verma and
Verma, (2007) suggest that risk, returns, and sentiments may act as a system, the
multivariate version of Nelson’s (1991) Exponential Generalized ARCH (EGARCH)
model isemployed.

In order to model asymmetric effects of bullish and bearish sentiments on
returns and volatilities, the multivariate version of Nelson’'s EGARCH extended by
Koutmosand Booth (1995) isused.® Thismodel is estimated separately to investigate
the postulated relationships in six commodity futures markets (energy, precious
metals, industrial metal, agricultural products, grains and livestock) and four stock
index options markets (VIX, VXO, VXN and VXD) with 22 commodities and 3
stock market based investor sentiments, respectively. Table 1 details the list of
variablesincluded in each model.

The Vector Autoregressive (VAR) model (Sims 1980) in the mean equation
is appropriate when estimating unrestricted reduced-form equations with auniform
set of dependent variablesasregressors. The model isalso appropriatefor analyzing
the postulated relationships because it does not impose a priori restrictions on the
structure of the system and can be viewed as aflexibl e approximation to the reduced
form of the correctly specified but unknown model of true economic nature.

The mean equation takes the following form:

K
Ri=Bo+ Zﬂi,jRj,t—m+8i,t;i1j:1'-K;i¢j 1)

i=1,j=1

5. Nelson's EGARCH model is a univariate one and it only considers the asymmetric impacts of
positive and negative innovations of a previous period on current conditional volatility. It does not
examine the asymmetric impact of positive and negative innovations of one variable on the volatility
of another variable.
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Tablel. List of VariablesIncduded in Each Modd.

Modds Vaiables
Model 1: Energy futures mar ket i Returnson Reuters-CRB energy
ub-index
ii Sentimentson crude oil
iii Sentimentson heating oil

iv Sertimentson natural gas
% Sentimentson unleaded gasoline
Model 2: Preciousmetals futures market i Returnson Reuters-CRB

precious meta s sub-index
ii Sertimentson gold
iii Sentimentson silver
iv Sertimentson platinum
Model 3: Industrial futures market i Returnson Reuters-CRB
industria sub-index
ii Sentiments on copper
iii Sertimentson silver
iv Sentimentson plainum
Model 4: Soft agricultural futuresmarket i Returnson Reuters-CRB soft
agricuture produce sub-index
ii Sentimentson cocoa
iii Sertimentson coffee

iv Sertiments on orange

Y% Sentimentson sugar
Model 5: Grainand oil seed futures i Returnson Reuters-CRB grain
market and oil seed sub-index

ii Sertimentson corn
iii Sertiments on soybean

iv Sertiments on soybean oil
\Y; Sertiments on wheat
Model 6: Livestock futures market i Returnson Reuters-CRB

livestock seed sub-index
ii Sentimentson live cattle
iii Sertimentson lean hogs

iv Sentimentson feeder cattle
Y% Sertimentson pork bdlies
Model 7: Stock index derivative market i Returnson VIX

ii Returnson VXO

iii Returnson VXN

v Returnson VXD

\% Sentiments of individual
investors

Vi Sertimentson institutional
investors

Vi Sentiments of professiond

andysts
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Here R is the column vector of variables under consideration. 3, is the
deterministic component comprised of aconstant. B, ismatrix of coefficients, mis
the lag length and ¢, is a vector of random error terms.

Thisequation is estimated seven times separately to examine the role of noise
inthe seven derivative markets: energy, precious metals, industrials, soft agricultural,
grain and oil seed, livestock, and stock index. In total, these seven models include
25 different types of investor sentiments related to 25 commodities and stock
indexes. For example, in Model 1, which examines the role of noise in the energy
futures market, sentiments on the following four commodities are used: crude ail,
heating oil, natural gas, and unleaded gasoline. Similarly, in Model 2, which
investigates the effect of noisein the precious metals futures market, sentiments on
the following three commodities are used: gold, silver and platinum.®

In thefirst model, K = 5 since there are five variables and thusi,j = 1,2,3,4,5.
Similarly, inthe second model, K =4, ori,j = 1,2,3,4 and so on. Here, the parameter
B, ; captures the degree of mean spillover effects across sentiments and returns. A
significant /3”']. coefficient would mean that variable leadsvariablei, or equivalently,
that current j can be used to predict future i. Since the purpose of the paper is not
to analyze how market return and volatility are affected by its past innovations, but
rather to investigate the spillover effects between sentiments and volatility, the
constraint i # | is specified.

Following multivariate EGARCH (Koutmos and Booth 1995) the conditional
variance equations takes the following form:

g, —exp{a.o+2a.J (2 )+ n In(ef bl =1 K i # | )

f(Zjm)= (‘ijt—m‘ - E‘Zj,t—m‘ +0,Zj m)i=1.K 3

where Z, , is the standardized residual a time t-m which is defined as &, /o,
and E|Z _| isthe expected value of Z, _~ Theparameters o . capturesthe volatility
splllover among the variables, that i |s the effect of mnovatlons from variablej to
variablei.

The asymmetric effect of negative and positive on conditional volatility is
measured by theratio |-1 + g /(1 + é)‘j). A negative value of S will lead to a larger
value of the ratio indicating that negative innovations will have greater effects on
conditional volatility than positiveinnovations. A significant positive (negative) a;
coupled with anegative (positive) S impliesthat negative (positive) innovationsin
variable j have a higher impact on volatility of variable i than positive (negative)
innovations. Thisimpliesthat the volatility spillover mechanismisasymmetric.

Following Bollerdlev (1990), Koutmosand Booth (1995), and So (2001), atime
invariant correlation matrix isassumed while estimating these multivariate EGARCH

6. A description of variables included in each of the seven models is shown in table 1 and their
descriptive statistics are shown in Table 2.
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models. Under this specification, the covarianceisequal to the product of the standard
deviations ( 0, +=P, 0 ajyjfor i,] =1,2,3; i #]). This specification reduces the

number of parameters and makes the estimation more tractable.
III. DATA AND DESCRIPTIVE STATISTICS

The data for this research are obtained from May 1990 to December 2010 in
weekly intervals.” A common sampleisidentified during this period to match all the
variables. The description of the data sourceis as follows:

A. Futures Market Data

This study employs six commodity indices benchmarks to test the effect of
noise on futures market. These commodity futures indices attempt to replicate the
return availableto holding long positionsin commodities such as agriculture, metal,
energy, or livestock investments (Schneeweis and Spurgin 1997). The futures
benchmark therefore serves as an index of the expectations of the commodity
market participantstowardsthe future valuation of the underlying assets. Valuations
of these indices are based primarily on the following three factors: (i) price return
derived from changesin arelative commodity futurescontract; (ii) roll return, which
is the return associated with rolling over a futures contract prior to its expiration
date, and re-investing the entire proceedsin order to keep the portfolio fully invested;
and (iii) collateral return, which isthe interest earned on any cash value during the
investment period.

The commadity futures indices are from the Reuters Commodity Research
Bureau Index (CRB). CRB is a leading industry index, and it has served as the
most widely recognized measure of global commodities markets and a widely
recognized broad measure of overall commodity pricetrends. Since 2005, the CRB
is also known as the Reuters/Jefferies-CRB index. The source for CRB datais the
Thomson Financia s Datastream database. The details of the CRB component groups
(sub-commodity index) used in this study are asfollows:

» The benchmark for the energy index is the Reuters-CRB energy sub-
index which comprises of crude oil, heating oil, and natural gas, and it
accounts for 18% of the overall CRB Index.

» The benchmark for the grains and oilseed index is the Reuters-CRB
grains and Oilseeds sub-index which is comprised of corn, soybeans, and
wheat, and accounts for 18% of the overall CRB Index.

* The benchmark for industrial materials is the Reuters-CRB industrials
sub-index which comprises of copper and cotton, and it accountsfor 12%
of the overall CRB Index.

e The benchmark for livestock is the Reuters-CRB livestock sub-index

7. The exception is CBOE volatility indices, which started at |later dates.
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which comprises live cattle and lean hogs and accounts for 12% of the
overall CRB Index.

*  The benchmark for precious metals is the Reuters-CRB precious
metal s sub-index which comprisesgold, platinum, and silver, and it accounts
for 17% of the overall CRB Index.

» The benchmark for soft agriculture produce is the Reuters-CRB soft
agriculture produce sub-index which comprises of cocoa, coffee, orange
juice, and sugar, and it accounts for 23% of the overall CRB Index.

Thispaper employsthe CRB index returnsinstead of returns of assetsincluded
in each index dueto thefollowing two reasons: replacing index with multiple assets
comprising each index would substantially increase the number of variablesin each
multivariate EGARCH models which might make them overparameterized, and
for consistency purposes, the CRB index returns is employed in all the models.
There would be asubstantial increase in the relevant parameters that might lead to
loss of generalizability of results if these indexes are replaced with several assets.

B. Options Market Data

This study employs the four options volatility indices from Chicago Board
Options Exchange (CBOE) dataset. The CBOE volatility indices are key measures
of market expectations of 30 days (near-term) volatility conveyed by different stock
index option prices. These indices are based on stock index option prices and
incorporate information from the volatility skew by using a wider range of strike
pricesrather than just at-the-money series. Specifically, thefour stock index options
chosen are the following: VIX, which tracks the S&P 500 index options; VXO,
which tracks the S& P 100 index options; the VXN, which tracks the Nasdag 100
index options; and the VXD, which tracks the Dow Jones index options.

C. Futures Market Sentiments Data

To measure the expectations of informed investors, this study employs
Consensus Bullish sentiment index provided by Consensus Inc. This index gives
the attitudes of professional brokerage house analysts and independent advisory
serviceson magjor financial markets. Consensus|nc. surveysthese advisory services
on bullishness or bearishness of a particular asset. It compiles asentiment index for
each of these assets by dividing the number of bullish countsto the total number of
opinions. Thisindex iscompiled on every Friday and released during the early part
of the following week. Specifically, this research uses sentiments on 22 different
commodities, which can have abearing on the returns and volatilitiesin six futures
markets chosen for this study. These 22 assets for which sentiments are obtained
are (i) for energy futuresmarket (crudeoil, heating oil, natural gas, unleaded gasoline);
(if) for precious metals futures market (gold, silver, platinum); (iii) for industrial
metal futures market (copper, silver, platinum); (iv) for agricultural productsfutures
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market (cocoa, coffee, orange, sugar); (v) for grain futures market (corn, soybean,
soybean oil, wheat); and (vi) for livestock futures market (live cattle, lean hogs,
feeder cattle, pork bellies).

D. Stock Index Options Sentiments Data

To measure sentiments of market participants on index options, this study
employs three different survey data similar to the ones used in the literature on
behavioral finance and stock valuation. The three kinds of investors chosen are
institutional investors, who participatein the market for aliving; individual investors,
whose primary line of businessisoutsidethe stock market; and professional analysts,
who provide advisory services (i.e., informed investors).

The choice of institutional investor sentiment index is survey dataof Investors
Intelligence (I1), aninvestment service based in Larchmont, New York. |1 compiles
and publishes data based on a survey of investment advisory newsletters. To
overcome the potential bias problem towards buy recommendation, letters from
brokerage houses are excluded. Based on the future market movements, the letters
are labeled as bullish, bearish, or correction (hold). For consistency purposes, the
sentiment index for theinstitutional investor iscomputed asthe percentage of bullish
responses to the total number of opinions. Since authors of these newsletters are
market professionals, the |l seriesisinterpreted asaproxy for institutional investor
sentiments.

Thechoiceof individual investor sentiment index isthe survey dataof American
Association of Individual Investor (AAIl). Beginning July 1987, AAll conducts a
weekly survey asking for thelikely direction of the stock market during the next six
months (up, down, or the same). The participants are randomly chosen from
approximately 100,000 AAIl members. Each week, AAIl compilestheresults based
on survey answers and labels them as bullish, bearish, or neutral. These results are
published as“investor sentiment” in monthly editions of AAIl Journal. The sentiment
index for individual investorsis computed as the percentage of bullish investorsto
total number of opinions. Sincethissurvey istargeted towardsindividual investors,
itisprimarily ameasure of individual investor sentiments.

The choice of informed investor sentimentsistheindex provided by Consensus
Inc., which gives the attitudes of professional brokerage house analysts and
independent advisory services on future stock market movements. Consensus Inc.
surveys these advisory services on bullishness or bearishness of stock market. It
compiles a sentiment index by dividing the number of bullish counts to the total
number of opinions. Thisindex iscompiled on every Friday and rel eased during the
early part of the following week.

Table 2 reports the descriptive statistics of the above- mentioned 33 variables.
In the case of futures and options markets log first differences are used to capture
weekly returns while sentiments are at their levels. Overall, the mean returns of
commodity futures indices are somewhat higher than those of stock index options
(except for VXN). Specifically, precious metals and energy futures have higher
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mean returns accompanied by higher standard deviation, suggesting that investors
are being compensated for bearing additional risk. That these higher statistics are
observablein the two futures market may be due to high volatility in crude oil and
gold prices during the last few years. The sentiments related to the commodity
markets are somewhat in the range of 41%-51%, suggesting that expectations
have been almost same for bullishness and bearishness/neutral . The only exception
is sentiments related to the natural gas, approximately 20%, indicating that almost
80% of the market participants were either bearish or neutral during the last two
decades. Consistent with the volatility in energy and precious metal sfutures prices,
the sentimentsrelated to crude oil, gasoline, heating oil, and gold have higher standard
deviation than other expectation indicators. Of the three stock market related
sentiments, institutional investorsand professional analysts seem to be morebullish
than individual investors. The sentiments of ingtitutional investors appear to bemore
volatilethan those of individualsand analysts.

IV. ESTIMATION

In accordancewith equations (1, 2, and 3), aset of seven multivariate EGARCH
models are estimated. The first model examines the role of noise in the energy
market by linking the energy futures market return with sentiments on four energy
related assets: crude oil, heating oil, natural gas and unleaded gasoline. Table 3
reports the estimated coefficients of the mean and variance equations. The
parameter 3, captures the degree of mean spillover effects across sentiments and
returns. Specmcally, asignificant ﬁ coefficient would mean that variable j leads
variablei, or equivalently, current j can be used to predict futurei. The significant
positive coefficients g, B,, B,,, and B, suggest investor sentiments for the four
energy related assets play a significant role in the energy futures market returns.
The crude oil sentiments seem to have the maximum impact on energy futures
returns. Thevolatility spillover effectsamong variablesis captured by the parameters

, that is, the effect of innovations from variable j to variablei. A significant and
negatlve a,, indicates spillover effects from crude oil sentiments to energy futures
market vol a1| lity. Unliketheresultsfor energy futuresreturns, whereall four energy
related assets have significant effects, in the case of variance only o, issignificant
and negative. Insignificant volatility spillover effects of heating oil, natural gasand
unleaded gasoline sentimentsreiterate the dominant effect of crude oil inthe energy
market.

The possibility of asymmetricimpact of investor sentiments on futures market
volatilities can be ascertained by examining the coefficients o, . coupled with 6. A
significant negative o, coupledW|th asignificant posmve5 would imply that volatility
spillover mechanism from j"variabletoit" variable |sasymmetr|c or thereisgreater
effect of bullish than bearish sentiments on the conditional variance of returns. In
Table 3, a negative and significant «, , exists with a positive and significant 6, ,
suggesting that thereisgreater rasponsé of energy futuresvolatilitiesto bullish than

bearish crude oil sentiments. Although the parameters 6,, 6,, and o, are significant,



Review of Futures Markets

38

eviS6e
&8¢
weEB'E
9B86'E

CTAR
85T0°S
ar/9v
80S8°€
321707
</8°L

SISOUN

4680°¢
v/0¥0
G2150
STEV0

€6ET0
TT9v°0-
€6900
LTEEO0
00€00-
8/€/°0-

SSOUMSNS

9600
¥€.0°0
Zv80°0
€V80°0

96200
€ee00
¥2200
0,200
91200
L/€0°0

as

0¥0S'0-
S/EC0-
GEEC0-
8960~

€180°0-
T¢0T°0-
8160 °0-
9860°0-
G080°0-
16520~

UtiN

V1aC'T
Y0620
¥862°0
¥62€0

€680°0
9980°0
1/0T0
¢ciITo
80600
G/GT0

XeN

2000°0 OXA
8T00°0- NXA
T000°0- axAa
€000°0 XIA

suinpJsuo qu X2PUl YO0 g |sled
9000°0 OV gdd
21000 dd ad0
#000°0 AT 840
60000 d9 ado
/000°0 aNI 840
9700°0 ADT gd0

SuINPJ SPYJeW SS.NIN4 1Y [sued
ues N

OB aANd1I®eq ¢alqe L



39

Implications for Dodd-Frank Act

1574
8109°¢
870°¢C

&rle
8109°¢
Bcc'e

B/GTC
TevT'¢
&S0°¢
QEEC

SISoOUNY

8€80°0-
99/¢0
9€¢00

8E800-
94/20
LLTT0

L1500~
696.0
9T1T O
699T°0-

SSUMBNS

€020
€8.T°0
9961°0

€020
€8.1°0
86810

62EC0
96¥2°0
¥,02°0
11220

‘as

00900
00¥00
00800

00900
000’0
00€00

00000
00000
0000
00000

uIn

00S6°0
00S6°0
00960

00S6°0
00560
0096°0

00560
00€6°0
0060
00960

Xe

60670
60.¥°0
94810

60670
60,70
Y0870

9TIv'0
0or6T'0
1123740)
40 4740]

1dSs
AB S
N S

‘e uIsnpu|
1ds
A S
ams

Sepwsnonald

OSv9 S
ON S
IvaH s
3ando s
:ABisug

SIbWNUss 1) ew Aipowwio) O [pued

ues N

SIS IS A 1Id10sag Panuluoo ‘Za|ge L



Review of Futures Markets

40

85EEC VEEZ O
L082°¢ 0S9T°0
v/8¢°¢ (00,400
Y6 09100~
aeve’e 010’0
T6c1¢ ev8T 0
TOETC T.00°0
600C°¢ LIETO
[AX AN T/00°0-
aevie TEECO
0€0c¢ S61C°0
6EVY'C L2ce0
SISOUNY SSBUNOS

L0810
T98T°0
99410
TOSTO

¥6.1°0
¢s0co
8G/T°0
6E6T°0

G20C0
1602°0
L6610
2G81°0

as

00v0°0
00900
00ET0
00¢T0

00€0°0
00500
00cT0
00S0°0

0050°0
00S0°0
00v0°0
0000

UIiN

00680 T9¢v°0 Mdod S

00S6°0 889170 ERINAZeS S
00£6°0 16570 SO0H S
00/8°0 8€TS0 JILLVDOT S
0ISBAIT
0026°0 898170 INERTES
00960 G090 TOACS S
00¥6°0 0€TS0 ACS S
00560 §6817°0 NY0O S
‘paes |10 pue uRID
0076°0 880S°0 dvors' s
00¥6°0 8e2y0 30INCO S
00960 085170 3400 S
00¥6°0 €9e°0 YOO00 S
(eimnoLby
SIUBW QUSS P W A1IpOWLIoD :panuiuod ‘Q [pued

Xen us N

'SONSIe s aANd10Seq PeNUNUCD Zo[qe L



41

Implications for Dodd-Frank Act

"(SNOO S)sisAfele puosssjod pue (1] S)sJosanul puoniisul (VY S)SJI019AUL ENPIAIPULTYSTING JO %
ate @ eued ul pepnpul sSjgeleAByL (LYIHM S) Bym pue (voNS S) £0ns (TI0A0S S) 1104 (A0S S) weaghos ‘(A1SS) JoAs
‘(L1dS) wnuied ‘(MY0d S) d4od (FIDINCO S) @ainlsbuelo ‘(ONS) seb eameu ‘(FT1LLYDT S) 810 8Al| ((SO0H S) sboy ‘(LvaH S)
[10 Bugesy ‘(@19 S) PIOB (OSYD S) aunjoseb papesiun ‘(1L LYOd S)aed Bpss) ‘ (NI S) Jaddoo ‘(IANYD'S) 10 9pnid ‘(NHOD S)
uioo ‘(33H0D S) 810 ‘(VOO0D S) e0200 U0 SisAeue puosssjold usiiing Jo 9% 8 O pued ul pepnjaul sajqeleA ayl (OXA)
00TdsS P (NXA) OVASVYN ‘(@ XA ssuor mod ‘(XIA) 00Sd $S 10} xapul AijirejoA 309D Jo suimal Appam afe g pued ul pspnpul
sa|qeueA 8yl (DY g¥D) snpoid [eininoube 1jos pue (4d gy0) selsw snowaid ‘(A7 gdD) X001seAl| ‘(4D gdD) Spess |10 pue surelb
‘(ANIg40) sfelw reusnpul '(A9F gd0) ABeue 01 popJ SBOIpUl s8Ny g4D UO Suinial Apjsem aie v pued Ul pepnpul sajgqeLeA ay L

€61EC 86100~ 08910 00€0°0 00980 L299v°0 SNOD
L289°0- ¥9.0°0 veeeo 06290 068%7°0 908%°0 I
Y6ET 0 1660°0 08210 09890 086€°0 ¥86€°0 Vv

SIUBWIUES BYIEW 0IS d [oued

SisouNy; SUNBS 'as Ul Xe N uB

'SONSIes aANdI0saq PaNUNUCO g 90e L



42 Review of Futures Markets

Table 3. M ultivariate EGARCH Estimation Resultsfor Sentimentsand Ener gy
Futures Index Retur ns.

Vaiables Coefficients Sandard errors t-Statistics
Bo 0.0090 0.0106 0.8462
i 0.0873*** 0.0280 3.1144
Pis 0.0559%** 0.0148 3.7851
i 0.0470*** 0.0133 3.5347
Pis 0.0465* * 0.0235 1.9796
Bao 0.1260*** 0.0094 13.4188
P 0.2025%** 0.0558 3.6283
Bos -0.0012 0.0036 -0.3437
Boa 0.002 0.0153 0.6036
Bas 0.0064 0.0222 0.2867
Po 0.0403*** 0.0075 5.3599
Bas 0.01% 0.0182 1.0728
Ba 0.0361*** 0.0066 5.4629
B 0.0334*** 0.0015 22.6893
Bas 0.0187 0.0129 1.4523
Buo 0.0025 0.0213 0.1160
Bas -0.0561 0.1119 -0.5009
Ba 0.2101*** 0.0313 6.7197
Bus 0.0207 0.0215 0.9656
Bus 0.0428 0.0280 1.5311
Bso 0.0950% ** 0.0086 11.1328
P 0.2520%** 0.0811 3.1090
Bs 0.1359** 0.0568 2.3911
Pss 0.0199%** 0.0058 3.4456
i 0.2208*** 0.0161 13.7025
Oy -0.1797*** 0.0625 -2.8752
O3 -0.1493 0.2375 -0.6289
Oy -0.0436 0.0498 -0.8764
Oy -0.0857 0.1939 -0.4417
Oy 0.2067 0.1754 1.1783
Oy 0.0560 0.1246 0.4497
O 0.0057 0.0250 -0.2278
Olys 0.0846 0.1109 0.7633
Oz -0.1183 0.0966 -1.2246
O, -0.0685 0.0426 -1.6073
Oz, -0.0392** 0.0184 -2.1287

Olgs 0.3274*** 0.0828 3.9557
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Table 3, continued. M ultivariate EGARCH Estimation Reaultsfor Sentimentsand
Energy Futuresindex Returns.

Variables Coefficients Sandard arors t-Statistics
Oz 02324 0.1773 1.3108
Oy -0.1043 0.1036 -1.0071
O3 02151 0.2560 0.8401
Oys -0.0313 0.1671 -0.1873
Oy 0.2844* 0.1670 1.7025
Osy 0.023%6 0.0352 0.6711
Olsg -0.0287 0.0967 -0.2971
Oy -0.1258*** 0.0349 -3.6085
Olss 0.5040%** 0.1131 4.4545
& 0.3003*** 0.0731 4,1090
S, 0.7122%** 0.0450 15.8273
3, -0.5722%** 0.0580 -9.8700
A 14381*** 0.2580 5.5732
3 -0.3011*** 0.0787 -3.8281

The five variables included are: CRB energy futures index returns (i,j=1), investor
sentiments on crude oil (i,j=2), heating oil (ij=3), natural gas (i,j=4) and unleaded
gasoline (i,j=5). Note*, ** and *** denote significance levds at the 10%, 5% and 1%,
respectivdy.

The parameters B, Bis Bu, ad Bys captures the effect of sentiments of crude oil, heaing
oil, naural gas and unleaded gasoline regpectively on enegy futures market returns.
Similaly, oy, 0,5 044 ad 0,5 capturesthe volatility spillover effects or innovations from
sentiments of crude oil, heating oil, naturd gas and unleaded gasoline respectively on
erergy futures market volatilities. The asymmetric effects of these four sentiments on
erergy futures market volatility is captured by &, 83 8s,and 6. A significant positive ¢ ;
couwpled with a negative & implies that negetive innovations in variable j have a higher
impact than positive innovations on volaility of energy futures market.

they do not imply asymmetric effects of other sentimentson energy futuresvolatilities
since coefficients o, a,,, and o are statisticaly insignificant.

Some other significant coefficients also reveal linkages among sentiments of
different energy related assets. For example, significant positive parameters 3,
B,, and B, indicate that sentiments of heating oil, natural gasand unleaded gasoline
are formed in part due to investors' perceptions about the future direction of the
crude oil prices. However, crude oil sentiments do not seem to be developed in
response to expectations about the other three energy related assets
(insignificant B, B,, and B3,.). Similarly, heating oil sentiments seemsto beimpacted
by bullishness/bearishness in natural gas. There is also some evidence of positive
feedback trading or trend chasing by investors. Specifically, coefficients 5, and
arepositiveand significant, suggesting that past futuresindex returnsare animportant
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Table 4. M ultivariate EGARCH Estimation Resultsfor Sentimentsand Precious
M etals Futures | ndex Returns

Variables

B1o
B
Bis
Bia
B2o
P
P23
Ba
Bso
Ba1
Ba2
Paa
Pao
Bar
Paz

S,

Coefficients
0.0016
0.0901***
0.0382
0.0429
0.0779***
1048.0159
0.0082
0.2216
0.0539

12440.7844
0.3418**
-0.1498

0.0067
78693.1284
0.0782
0.0451
-25718***
-0.5461
2.4384
0.9442
0.1239
5.0691
-0.6950
-0.1437
-15136
0.1369
-0.0431
-0.0475
-0.0413
0.9875***
-0.3294
-0.7961***

Sandard erors

0.0207
0.0278
0.0377
0.0405
0.0225
584501.4514
0.1594
0.2139
0.0655

104018.4407
0.1478
0.2123

0.0778
90090.3503
0.0674
0.1865
0.8359
0.5169
3.7948
0.9203
0.5064
4.6322
0.7483
0.6720
2.1564
0.5449
0.3742
0.5321
0.6549
0.3561
0.2544
0.1535

tSdistics
0.0773
3.2410
1.0133
1.0593
3.4622
0.0018
0.0514
1.0360
0.8229

0.1196
2.3126
-0.7056

0.0861
0.8735
1.1602
0.2418
-3.0767
-1.0565
0.6426
1.0260
0.2447
1.0943
-0.9288
-0.2138
-0.7019
0.2512
-0.1152
-0.0893
-0.0631
2.7731
-1.2948
-5.1863

The four varidbles included are CRB precious metds futures index returns (i,j=1),
investor sentiments on gold (i j=2), dlver (ij=3), and platinum (i,j=4). Note *, ** and

*** denote dgnificance leve sat the 10%, 5% and 1%, respectivey.

The parameters By, B3 and By, captures the effect of sertiments of gold, silver and
platinum respectively on precious metd futures market returns. Smilarly, oz 013 and a4
capturesthe volatility spillover effectsor innovations from sentiments of gold, silver and
platinum respectively on precious metds futures market volatiliies. The asymmetric
effects of these three sentiments on precious metds futures market volaility is cgptured

by 3, 3,
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determinant of sentimentsfor crude oil and unleaded gasoline.

The second multivariate EGARCH model consists of four variablesrelated to
the precious metals asset class. It includes precious metals futures index returns
and sentimentsfor gold, silver and platinum. The estimation resultsare presentedin
Table 4. The effect of gold sentiments on precious metals futures returns and
volatilities is similar to the impact of crude oil sentiments on the energy futures
market. Significant B, and «,, indicate that sentiments induced noise trading on
gold can affect preciousmetal futuresreturnsand volatilitiesrespectively. Specificaly,
the effect of gold sentimentsis positive on mean while negative on the conditional
variance of CRB futuresindex returns for precious metals. Moreover, o, coupled
with asignificant and positive 5, suggests the presence of asymmetric response of
these volatilities to the bullish and bearish sentiments on gold. The sentiments of
other two precious metals (silver and platinum) seem to have an insignificant effect
onthereturnsand volatilities of futuresindex. Moreover, asignificant ., coefficient
means that sentiments of silver are significantly driven by traders expectations
about gold.

Table 5 reports the estimation of afive variable multivariate EGARCH model,
which includes grain and oil seed futures index returns and sentiments for corn,
soybean, soybean oil, and wheat. Three out of four sentiments (corn, soybean and
wheat) have significantly positive effect on oil seed futuresindex returns. Similarly,
the conditional variance of futuresindex returnsissignificantly affected by soybean
and wheat sentiments. Negative and significant coefficients a,, o, mean that
optimistic expectations on soybean and wheat prices can negatively affect the
volatility in oil and seed futures market. However, since 6, issignificant while 6,is
insignificant, an asymmetric response of futures market volatilities can only be
attributed to the sentiments of wheat. The magnitude of coefficients related to
wheat in both the mean and variance equations suggest that noise in wheat prices
can cause greater effect in this derivative market. There are also evidences of
lead-lag relationships among sentiments of the four assets. Significant positive
parameters f3,, and 3, suggest that sentiments on soybean and soybean oil are
somewhat also caused by expectations about corn and wheat prices respectively.
Of the four assets, sentiments on wheat seem to have the most dominant effect on
oil and seed derivative market. Also, there is an evidence of positive feedback
trading as wheat sentiments are significantly related to past movement in the oil
and seed futures index prices.

Thefourth model linksthe sentiments on four soft agricultural produce (cocoa,
coffee, orange, and sugar) with Reuters-CRB soft agriculture produce futuresindex
returns. The estimation results are reported in Table 6. Similar to results of other
derivative markets in this study, there are significant positive effects of investor
sentiments on futures index returns. The coefficients 3, and S, are positive and
significant suggesting that expectations on coffee and sugar can impact soft
agricultural futuresmarket returns. However, in the case of variance, only sentiments
on sugar have a significant negative impact. Also, asignificant 6, suggests that the
volatility spillover effect from the sentiments of sugar on futures index market
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Table 5. M ultivariate EGARCH Estimation Resultsfor Sentimentsand Gr ain
and Oilseeds Futur es|ndex Returns.

Varidbles Codfficients Standard errors tSatistics
P1o -0.0285*** 0.0035 -8.1824
By, 0.0115* 0.0062 1.8580
Pis 0.0163*** 0.0066 2.4705
Bis 0.0036 0.0049 0.7199
Pis 0.0217*** 0.0061 3.5784
Bao 0.0497*** 0.0112 4.4238
P21 -0.0471 0.1037 -0.4543
i 0.0357*** 0.0025 14.2971
B2a 0.0091 0.0145 0.6302
Bos 0.0111 0.0185 0.6028
Bso 0.0722%** 0.0137 5.2815
Pa1 -0.0265 0.1101 -0.2406
B, 0.0413* 0.0221 1.8721
Paa -0.0136 0.0117 -1.1565
Bas 0.0138 0.0214 0.6455
Pao 0.0575*** 0.0165 3.4914
By 0.0297 0.1649 0.1802
Baz 0.0220 0.0246 0.8968
Bas 0.0190 0.0303 0.6284
Bas 0.0445*** 0.0044 10.1400
Bso 0.0935*** 0.0118 7.9165
Ps1 0.2258* * 0.0967 2.3347
Ps2 -0.0158 0.0186 -0.8474
Bss 0.0183 0.0197 0.9269
Psa -0.0185 0.0160 -1.1575
0, -0.3142*** 0.0791 -3.9696
s 0.1098 0.0888 1.2366
Os -0.1221 0.0766 -1.5939
05 -0.4086*** 0.0786 -5.2017
Oy -0.0836 0.0697 -1.1988
Os 0.1606% ** 0.0616 2.6082
Os 0.0532 0.0643 0.8271
Os -0.2964*** 0.0592 -5.0028
O3, -0.1387** 0.0583 -2.3801
O3, -0.0164 0.0497 -0.3308
Oas 0.0458*** 0.0009 51.7931

Uas -0.0531 0.0502 -1.0578
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Table5, continued. M ultivariate EGARCH Estimation Resultsfor Sentiments
and Grain and Oilseeds Futures|ndex Retur ns.

Variables Codficients Standard errors t-Satistics
Oy -0.0916*** 0.0356 -2.5748
0y 0.1843*** 0.0461 3.9974
Oys -0.0443 0.0386 -1.1491
Oys -0.0375 0.0399 -0.9393
Oy -0.0656* ** 0.0216 -3.0369
sy 0.1059* ** 0.0269 3.9402
Osg -0.0001 0.0216 -0.0026
Olsy 0.1601*** 0.0299 5.3496
S, -0.1292 0.1567 -0.8248
3, 0.0139 0.0979 0.1415
33 -0.2261 0.2072 -1.0913
3, 0.2748*** 0.1116 2.4628
3 0.3251*** 0.0906 3.5891

The five variables included are CRB grain and oilseeds futures index returns (i,j=1),
investor sentiments on corn (i,j=2), soybean (i,j=3), soybean oil (ij=4) and whea
(i,j=5). Note *, ** and *** denote significance levels a the 10%, 5% and 1%,
respectively.

The parameters Bi, B3, B1a ad B1s captures the effect of sentiments of corn, oybean,
soybean oil and wheat respectivey on grain and oil seeds futures market returns.
Similarly, a;, a3 oy, and a,5 captures the voldtility spillover effects or innovaions
from sentiments of corn, oybean, soybean oil and wheat respectively on grain and oil
seeds futures market volatiliies The asymmetric effects of these four sentiments on
grainand oil seeds futures market volatility iscaptured by &, 8; §,and &5 A significant
positive ¢ ; coupled with a negative 4 implies that negative innovaions in variable j
have a higher impact than positive innovations on volatility of gran and oil seeds
futures market.

might be asymmetric in nature. Further, sentiments on sugar are positively related
to past returns in the derivative market and also to expectations on oranges prices.

The next volatility model analyzes the role of noise in the industrial metals
futures market. Since silver and platinum are utilized as industrial metals; the
sentiments on these two metals are also included in thismodel. The four variables
included areindustrial metal futuresindex returnsand expectations on copper, silver
and platinum. The estimation results are reported in Table 7. The industrial metal
futuresindex isalmost identically affected by the sentiments of all the three metals
included intheanalysis. The coefficients 8., B,,, and 8, are positive and significant
of approximately similar magnitude. However, in the variance equation only «. , is
significant and negative suggesting that there are volatility spillover effects from
sentiments of copper on industrial metal future index market. This coupled with a
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Table 6. M ultivariate EGARCH Estimation Resultsfor Sentimentsand Soft
Agricultur eProduceand Futures Index Retur ns.

Vaiables Coefficients Standard errors t-Satistics
Bio -0.0109 0.0143 -0.7590
i 0.0350 0.0210 1.6634
Bis 0.0650* ** 0.0166 3.9191
Bia 0.0221 0.0141 1.5709
Bs 0.0564*** 0.0167 3.3733
Boo 0.0990% ** 0.0292 3.3856
i 0.1513 0.2070 0.7309
Bos 0.0474 0.0424 1.1184
Boa 0.0589 0.0359 1.6429
Bos 0.0471 0.0367 1.2835
Bao 0.1433*** 0.0399 3.5888
Pas 0.4034 0.4454 0.9057
B -0.0125 0.0544 -0.2298
B -0.0318 0.0508 -0.6248
Bas 0.0885 0.0658 1.3453
Buo 0.1157%** 0.0393 2.9425
i -0.0938 0.3593 -0.2611
B -0.0062 0.0595 -0.1049
B -0.0623 0.0478 -1.3035
Bus 0.0169 0.0589 0.2882
Bso 0.0903*** 0.0185 4.8671
P 0.1400%** 0.0449 3.1156
Bs, -0.0352 0.0274 -1.2844
Bss 0.0078 0.0076 1.0389
Bs, 0.0847%** 0.0123 6.8954
Oy 0.0970 0.0614 1.5802
O3 0.0070 0.0069 1.0150
Oyg -0.0179 0.0613 -0.2912
Oys -0.8130** 0.3626 -2.2420
Oy 0.3110** 0.1302 2.3881
Ogg 0.0054*** 0.0012 4.5081
Olyg 0.0781*** 0.0535 1.4589
Os -0.1146 0.1935 -05924
Olay -0.3989 0.4694 -0.8497
Olay 0.0788 0.1191 0.6615
Oz 0.0744* 0.0386 1.9278

s 0.6119 0.3917 1.5620
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Table 6, continued. M ultivariate EGARCH Estimation Resultsfor Sentimentsand
Soft Agriculture Produce and Futur esindex Returns.

Vaiables Coefficients Standard errors t-Satistics
Oy 0.0637 0.4435 0.1436
Oy 0.2222 0.1948 1.1409
O3 -0.0018 0.0086 -0.2044
Oys 0.2940 0.4712 0.6239
Oy 0.1515** 0.0722 2.0985
Oy 0.0706* 0.0416 1.6975
Olsy 0.0028 0.0027 1.0412
Oy 0.0265** 0.0124 2.1314

& 0.3992* 0.0683 5.8477
3, 0.4611 0.6895 0.6687
& 14.1606* 7.6182 1.8588
3, 1.3280* 0.7185 1.8484
3 0.8250*** 0.0686 12.0230

The five variables induded are: CRB 0ft agriculture produce futures index returns
(i,j=1), investor sentiments on cocoa (ij=2), coffee (i,j=3), orange (i,j=4) and sugar
(i,j=5). Note *, ** and *** denote dgnificance leves at the 10%, 5% and 1%,
respectivey.

The parameters B, B3 P14 @nd Bys captures the effect of sentiments of cocoa, coffee,
orange and sugar regectivdly on ft agriculture produce futures market returns.
Similaly, oy, 045 0y, ad a5 Capturesthe volatility spillover effects or innovations from
sentiments of cocoa, coffee, orange and sugar respectively on soft agriculture produce
futures market volailities. The asymmetric effects of these four sentiments on soft
agiculture produce futures market volatility is cgptured by &, 85 5, and &5 A significant
positive «; ; coupled with anegative & impliesthat negative innovaionsin vaicblej have
ahigher impact than positive innovations on volatility of soft agriculture produce futures
mar ket.

significant parameter 6, indicatesthat the effect of copper sentiment on the derivative
volatility might be asymmetricin nature. Since copper ismorewidely used industrial
metal, it might explain the significant impact of its sentimentson silver and platinum
based expectations (significant 3., B,,). Unlike results obtained in other derivative
markets, there seems to be no evidence of positive feedback trading here.

The role of behavioral finance in the livestock futures market is investigated
by jointly modeling sentiments of live cattle, feeder cattle, lean hogsand pork bellies
with livestock futures market returns. Table 8 reports the estimation resultsfor this
model. Three out of four sentimentsare positively and significantly related to livestock
futuresindex returns. The magnitude of feeder cattle based sentimentsisthe highest
followed by those of live cattle and lean hogs while pork bellies expectations seem
to have no impact. On the variance side, only coefficient o, is significant, which
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Table 7. M ultivariate EGARCH Estimation Resultsfor Sentimentsand I ndustrial

M etals and Futures | ndex Retur ns.

Vaiables Coefficients Standard errors t-Satistics
Bio 0.0136 0.0090 1.5128
B 0.0488* ** 0.0079 6.1823
Pis 0.0335** 0.0153 2.1911
Pia 0.0424*** 0.0122 3.4799
Bao 0.1730*** 0.0312 5.5502
B 3408.2632 32971.1958 0.1034
Bos -0.0597 0.0923 -06473
Poa -0.0656 0.0750 -0.8737
Bso 0.0772%** 0.0268 2.8875
Bay -15320.1625 74702.4187 -0.2051
B -0.0199* 0.0117 -1.7035
i -0.0221 0.0637 -0.3472
Bao 0.0846* ** 0.0092 9.2336
Ba 5571.9452 5588.5554 0.9970
Bu 0.0052* 0.0031 1.6851
Bas 0.0120 0.0193 0.6205

meansthat live cattle based sentimentsal so impact livestock futuresindex volatilities
negatively. Thereis also asignificant o, indicating asymmetric volatility spillover
effectsof live cattle on the derivative volatilities. The sentimentsof live cattle seem
to be driven by the sentiments of other three assets and futures market, suggesting
existence of sentiment based noise trading and lead lag rel ationships among these
expectations.

Thelast multivariate EGARCH model investigatestherel evance of noisetrading
inthe stock index options market. Here sentiment of three distinct groups of investors
(individual, institutional and professional analysts) and four measures of stock index
options (VIX, VX0, VXN, and VXD) areincluded intheanalysis. In order to avoid
over parameterization and irrelevant feedback rel ationships of relatively large number
of variables, the model is estimated twice with five variables in each. Specifically,
the first model includes changes in VXD, VXN, and three classes of investor
sentiments and the second model replaces VXD and VXN with VIX and VXO.
The estimation results for these two five variables models are reported in panel A
and B respectively of Table 9. In panel A, the coefficientsrelated to the sentiments
of professional analysts (B,,) and institutiona investors (8,,) are negative and
significant whilein panel only 3, isnegativeand significant. Theeffect of indtitutional
investor sentiments seems to be greater than those of professional analysts. There
is a significant negative ,, indicating similar effects of professiona analysts
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Table 7, continued. M ultivariate EGARCH Estimation Resultsfor Sentiments
and Industrial Metalsand Futur es Index Returns.

Vaiables Coefficients Standard errors t-Satistics
0y -0.1666*** 0.0467 -3.5683
03 -0.1355 0.1730 -0.7836
Oyq -0.1377 0.1173 -1.1740
Oy 0.6231 0.9743 0.6395
Olpg 0.0009 0.2358 0.0040
Oy 0.0791 0.3402 0.2325
Oy 0.6286 0.7585 0.8287
O, 0.1761 0.1493 1.1794
Oy -0.4798 0.3069 -15631
Oy 0.5080*** 0.1243 4.0883
Oy -0.0137 0.0498 -0.2755
O3 -0.0350 0.0826 -0.4233
& 0.6045* ** 0.0484 12.4890
3, 0.7577* 0.3969 1.9093
3 -0.1368 0.6339 -0.2159
S, -1.7749%** 0.1266 -14.0211

The four variables induded are CRB indudrial metals futures index returns (i,j=1),
investor sentiments on copper (i,j=2), silver (i,j=3), and platinum (i,j=4). Note *, **
and *** denotesignificance levdsat the10%, 5% and 1%, respectively.

The parameters Biz, B1s, and P14 captures the effect of sentiments of copper, silver and
plainum respectively onindustrid metd futures market returns. Similarly, a2, as3,and
oa4 captures the volatility spillover effects or innovations from sentiments of copper,
silver and platinum respectively on industrid metds futures market volatilities. The
aymmetric effects of these three sentiments on industrial metas futures market
voldility iscaptured by 5, 5, and 3, A dgnificant podtive ¢ ; coupled with a negative
6 implies that negaive innovaions in variable j have a higher impact than positive
innovaionson volatility of industrial metals futures market.

expectations on changes in VXO. However, there are insignificant effects of
individual investor sentiments on all the four volatility indicesreturns. Institutions
havealarge presencein the derivative market, and that might explain the significant
effects of professional analysts and institutional investor sentiments. On the other
hand, individuals tend to hold a smaller portion of derivativesin their portfolios,
which may causeindividual investor sentimentsto have insignificant impacts.

The negative effect of investor sentiments in case of options market is in
contrast to the results obtained in the six futures markets where sentiments positively
affect the mean of returns. A negative relationship between sentiments and changes
involatility measures meansthat bullishnessin the marketplace causestheseindices
to fall and vice versa. A possible reason for this negative reason could be that
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Table 8. M ultivariate EGARCH Estimation Resultsfor Sentimentsand Lives ock
Futures Index Retur ns.

Variables Coefficients Standard errors t-Saistics
Bio 0.0102*** 0.0020 49789
B, 0.0390% ** 0.0042 9.23%
Bis 0.0321*** 0.0040 79788
i 0.0795*** 0.0040 20.1173
Bis -0.0031 0.0032 -0.9764
Bao 0.4367*** 0.01% 28.1494
i 0.0530*** 0.0116 4569
Bys 0.0489* ** 0.017 27341
Bya 0.0486* ** 0.0165 29514
Bzs 0.0486* ** 0.0163 2984
Bso 0.1436*** 0.0612 23480
Bs1 0.1849 0.4781 0.3866
Bs2 0.0763 0.08%6 09242
Bas 0.0039 0.0666 0.0580
Bas 0.0467 0.0863 05408
Bao 0.2000%* 0.0911 21957
Ba1 0.3491 0.81% 04280
Bas -0.0292 0.1463 -0.1996
Bas 0.0011 0.18%2 0.0060
Bas -0.0205 0.143% -0.1432
Bso 0.2614*** 0.0841 3107
Ps1 0.6024 0.7611 0.7915
Bs, -0.0092 0.1408 -0.0655
Bss 0.17%9 0.17% 0.9967
Bs.a -0.1535 0.1063 -1.4444
0y, -0.2672%* 0.1211 2205
O3 -0.0029 0.0297 -0.0985
Oy4 0.0915 0.2016 04537
05 -0.0294 0.08% -0.3288
Oy, 0.0601L 0.1534 0.3919
Os -0.0103 0.0441 -0.2346
Os -0.0286 0.2041 -0.1399
Oys -0.0192 0.0768 -0.2500
O3, 0.0441 0.1639 02691
Os 0.1144 0.0954 11998
Oas -0.0416 0.1000 -0.4157

Ogs -0.0350 0.0584 -0.5993
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Table 8, continued. M ultivariate EGARCH Estimation Reasultsfor Sentimentsand
Livestock Futur esIndex Returns.

Varidbles Coefficients Standard errors tSadistics
Oyq 0.1901 0.2707 0.7021
Oy 0.097 0.2309 0.4243
O3 0.0491 0.1906 0.2576
Oys 0.058 0.1647 0.35%
O, 0.2018 0.21%2 0937
O 0.0815 0.1457 05591
Osg 0.0261 0.107 0.2425
Oy 0.0389 0.0416 0.93%
Sy 0.1070*** 0.0310 34565
3, 0.1069*** 0.0463 23106
33 3.6350 16.4972 02203
3, -0.0799 0.4703 -0.1699
ds 1.6898 2.9730 05682

The five variables induded are: CRB livegock futures index returns (i,j=1), investor
sentiments on live catle (i,j=2), lean hogs (i,j=3), feeder cattle (i,j=4) and pork bellies
(i,j=5) . Note *, ** and *** denote dgnificance levels a the 10%, 5% and 1%,
respectively.

The parameters B, B13 P14y and Bys Captures the effect of sentiments of live céttle, lean
hogs, feeder catie and pork bellies respectively on livestock futures market returns.
Similarly, a4, a,3 oy4and a5 capturesthe volaility illover effects or innovations from
sentiments of live cattle, lean hogs, feeder cattle and pork bellies respectively on
livestock futures market voldtilities. The asymmetric effects of these four sentimentson
livestock futures market volatility is captured by 3, 65 6,and 8 A significant positive
o ; coupled with a negative ¢ implies tha negative innovations in varigble j have a
higher impact than positive innovations on volatility of livestock futures market.

CBOE volatility indices are linked with bearishnessin the market. Based on Black-
Scholesmodel, these indices compute the markets' expectations of 30-day volatility
and are meant to be forward |ooking measures of market risk. For thisreason they
are viewed as fear index and thus high VIX measures higher anticipated volatility
and are interpreted as bearish. These volatility indices have the tendency to spike
during pronounced market weakness or sharp sell offs as investors hedge their
equity portfolios by buying stock index puts. For example, the VIX surged to around
80% during the stock market crash in October 1987, compared with a mean level
of approximately 20% over the sample period examined in this article (similarly,
meansof VXO, VXN, and VXD are 21%, 31% and 20%, respectively). Conversely,
the VIX typically registers low levels during smoothly upward trending markets
because of increased complacency and alower demand for insurance against market
declines. Thisfinding is consistent with Brown and Cliff (2004), which finds that
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VIX isnegatively related to institutional investor sentiments.

Inthe variance equations, only parameter o . in the second mode! issignificant
and negative. This suggests that similar to the results of the futures markets, there
are significant volatility spillover effects from the institutional investor sentiments
on the VIX. However, there are similar insignificant effects on VXN, VXD, and
VX O probably dueto thefact that VIX isrelatively morewidely followed indicator
than the other there. Thereis also asignificant 6, coupled with this o, in panel B,
which means that bullishness and bearishness of institutional investor sentiments
have dissimilar effects on the VIX changes.

In both these model sthere are other significant coefficientswhich lend support
to the argument that noise also stems from past market performance or investors
engage in positive feedback trading. All threetypes of investors seemto follow one
or more of thevolatility indices past performance whileforming their expectations
about the future. Thisindicate that like in the case of stock market, irrespective of
their class to a large extent investors are irrational in the derivative market also.
Consistent with previous findings, there is also a significant lead-lag relationship
among three kinds of investor sentiments. The coefficients ,.and S, are negative
and significant indicating that both professional analysts and institutions tend to
exploit individual investor sentimentsas contrarian indicators. Thisisin contrast to
B, Which is positive and significant, suggesting that institutions tend to positively
track professional analysts' expectations.®

Overal, the significant positive effects of sentiments on mean of six futures
market returns is consistent with the price pressure and hold more effects of
sentiments and similar to findings of empirical tests carriesin the stock market. The
significant negative effects on conditional variance of derivative market returnsis
inline with the Friedman effect and consistent with negative price of time varying
risk (Glosten, Jagannathan, and Runkle 1993; DeSantis and Gerard 1997; Verma
and Soydemir 2008) and with results obtained in empirical tests on noise and stock
market volatilities. The asymmetric effect of bullish and bearish sentiments on
derivative volatilities is consistent with the DHS model and other behavioral
explanations, which suggest that the effect of bullish and bearish sentiments on
asset valuations can be dissimilar in magnitude and pattern (Gervais and Odean
2001; Hong et al. 2000). Significant responses of sentiments of some assetsto their

8. DSSW (1990) model suggest that individua investors are more likely to be noise traders than
ingtitutional investors. However, whether these two types of noise trading (sentiments) affects
stock valuation areinvestigated by studies such as Nofsinger and Sias (1999), Schmeling (2007), and
Vermaand Verma (2007). Overall, these studiesfind that the effect of institutional investor sentiments
on stock returns and volatilities are greater than those of individual investors. It is suggested that
although both individuals and institutions display significant sentiments, only institutions have
enough market power to affect the valuations. These studies also indicate that institutional investors
while devising their investment strategies already factor in the sentiments of individual investors.
Another reason suggested is that it is much easier for domestic institutional investors to engage in
herding behavior than for individual investors, because similar information circul ates among funds,
alowing them to follow other institutions’ decisions more easily. Our findings of greater significant
effect of ingtitutional investor sentiments than those of individual investors on stock index options
markets are consistent with these empirical studies.
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past prices provide support the argument of DeBondt (1993) that sentiments may
show extrapolation bias such that increased bullishness can be expected after a
market rise and increased bearishness after a market fall. A direct implication of
thisevidenceis* positive feedback trading by investors. Thisisalso consistent with
the “bandwagon” effect (Brown and Cliff 2004), which implies that sentiments-
induced noise trading is significantly affected by past returns and Clarke and
Statman’s (1998) argument that institutional investors form their sentiments based
on expected continuation (reversals) of short (long) term returns.

V. IMPLICATION

Therecently enacted Dodd-Frank financial system overhaul hasnobleintentions
in bringing transparency and accountability to the derivative market. It includes
measuresthat would bring more OTC derivativestrading onto regul ated exchanges.
Thisstudy providesevidencethat noiseis present in the exchange-traded derivative
market where irrational sentiments induced noise trading by institutions and
professional investors can systematically affect their valuations. Based on these
findings and past literature, it can be argued that shifting OTC derivatives into
regulated exchanges might have some unintended consequences due to the
introduction of noise. Although it is difficult to identify the exact outcomes and
magnitudes of such transition, this study presents a few possible scenarios which
might have bearing on the financial system.

Studies have shown that introduction of new kinds of securities in regulated
exchanges can attract a new set of uninformed traders. Stein (1987) finds that
introduction of futures contracts allows new trader groups to speculate in the
derivative market, since dueto certain constraintsthey arerestricted to tradein the
underlying assets. Stein points out that there is asymmetric information between
this new group and existing investors in the spot market on the supply conditions,
and as such these new traders bring noise into the derivative market causing
mispricing. Gammill and Perold (1989) and Subrahmanyam (1991) argue that
uninformed traders avoid trading with informed traders in stock market and when
provided opportunities migrate to index-based derivative instruments such asindex
futures or options. Such migration happens due to the fact that the index is intact
from private information advantage and form a convenient trading medium for
uninformed traders.

Also, the informational asymmetries that arise due to firm-specific private
information are considerably less severe in the index futures and options markets
than in the underlying stock market. VanNess, VanNess, and Warr (2005) examine
theimpact of introduction of Diamond index securitieson the underlying Dow Jones
stocks and find movement of uninformed investors to these new index securities
followed by significant impact of their speculations on the liquidity. Likewise,
Jegadeesh and Subrahmanyam (1993) examine the effect of introduction of S&P
500 futures contracts on the spreads of the underlying stocks and find similar results.
Ininternational markets, L eemakdej (2002) findsthat motivated by greater liquidity
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and higher informational asymmetry thereismigration of uninformed investorsfrom
stock market to derivative market in order to speculatein newly introduced warrants.

The situation of moving OTC to regulated exchanges is very similar to the
ones described in above mentioned studies. A large part of the derivative market is
constituted by OTC derivatives contracts that are traded (and privately negotiated)
directly between two parties, without going through an exchange or other
intermediary. These contracts are tailor-made to cater to specific requirements of
thetwo involved partiesand mainly used for hedging purposes. Shifting thesetailor-
made OTC derivative contracts — meant for two hedgers to a platform that would
allow multiple bids and offersto be made by multiple participants— might attract a
new set of investors (mainly noisetraders). Thismight altogether open anew market
accessibleto alarge group of noise traders for assets that were originally designed
for hedgers. In al probability this new group of investors might be uninformed or
purely profit seeking speculators with no hedging objectives whatsoever. It iswell
established that uninformed investors tend to be noise traders and primarily deal in
speculation and cause pricing misalignment. As such, this move of trading OTC
derivatives on regulated exchanges could lead to greater irrational trading activities
and cause higher volatility and mispricing and thus potentialy refutesthe very purpose
of theregulationto removeirrational behavior. Alternatively, assuming evenif noise
traders are not attracted to these new derivatives or their effects are nullified,
these tailor-made contracts for two parties designed for over the counter markets
might not survive in regulated exchanges in the long run due to lack of liquidity.
Noisetradersinduce necessary liquidity inthe market and therefore provideincentives
for informed investorsto trade (Black 1986; Trueman 1988). As such, nonexistence
of noise or any subsequent attempt to artificially remove it from the derivative
market might lead to lower returns for rational investors.

Following Black (1986) and Kyle (1985) and more recently Greene and Smart
(2009), which links noise with liquidity and the fact that OTC markets have low
liquidity, an argument can be made that noise trading is less prevalent in these
markets. Studies on OTC markets such as Duffie, Garleanu, and Pedersen (2005)
and Lagos, Rocheteacu, and Weill (2009), find that these marketshave lower liquidity
due to higher opportunity costs, trading frictions of search and bargain, and high
transaction costs. Liquidity in OTC markets of mortgage backed securities,
collateralized debt obligations, and credit default swapsare provided on avoluntary
basis by broker dealers such as large investment banks who match buyers and
sellers. Unlike an exchange, an OTC market is more restrictive and has no market
maker to provideliquidity. Inaddition, OTC marketsfor derivativesrelated tointerest
rate swaps and foreign exchanges have lower asymmetric information. Tetlock
(2008) shows that markets with greater liquidity are associated with greater price
anomaliessuch asoverpricing low probability eventsand underpricing high probability
events while less liquid markets do not exhibit these anomalies. He argues that
these results are consistent with the idea that liquidity is a proxy for noise trading,
which can impede market efficiency, and mispricing is largely confined to liquid
marketsand not to illiquid markets. All thesefindingsindicate lower noisetradingin
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OTC markets compared to an exchange.

Moreover, the Dodd-Frank Act and Volcker rule call for greater capital
requirement and lower trading revenues for large institutions. New regulations
governing different lines of business, in addition to the substantial increase in the
amount of liquid capital banks must hold, might makeit too expensive for financial
institutionsto stay at their current size. It could lead to the end of some Wall Street
practices and create new opportunities for speculations. Necessity is the mother of
invention. In order to survive and with amotivation to compensatelossin their cash
flows, large institutions subjected by new regulations may reinvent their strategies
and not only become active speculatorsin new exchange traded products but also
display irrational and risky behavior elsewhere. This may lead to development of
riskier innovative instruments that can escape the new regulations. An analogy
could be the linkage between Federal Reserve's decision to keep federal fundsrate
extremely low for an extended time and the origin of subprime mortgage crisis. In
aworld of very low real returns, individuals and investors tend to seek higher-
yielding assets. Investors desiring higher nominal rates might get tempted to seek
more specul ative, higher-yielding investments. During years preceding thefinancial
crisis, many largeinvestorsfacing similar choiceschoseto invest heavily in subprime
mortgage-backed securities sincethey were perceived at thetimeto offer relatively
high risk-adjusted returns. In the current scenario, large financia institutions may
end up taking greater risks to compensate for their losses under the new regulation
and thus expose the financial system to a greater risk.

An example of ineffectiveness of government regulation on marginin reducing
speculation in stock and derivative markets is provided by Kupiec (1989, 1997).
Kupiec did not find any evidence that federa regulations can be systematically
atered to manage risk in the stock and derivative instruments. On similar lines,
Stein (1987) argues that the presence or absence of a futures market does not
reduce speculators by altering their leverage constraint. Rather, misinformed
speculators who are unable to trade in the spot market can trade in the futures
market, and their noise trading may affect the information content of spot market
prices. The opening of afutures market allowstheimperfectly informed speculators
to trade, and their trading distorts the information content of market-clearing spot
prices. Stein interprets his model as a formal counter-example to the conjecture
that the addition of speculators to an existing market will add to the depth and
liquidity of a market and thereby reduce the price effects created by transitory
shocks to demand or supply. Even though agents voluntarily trade with the new
futures market speculators, they can be made worse off. Stein’ sresultsare aspecific
exampleof Hart's (1975) general finding that, when markets areincomplete, opening
an additional market may make agents worse off if markets remain incomplete.

Theimplicationsof thisstudy are consistent with Pirrong (2009), who provides
an argument against derivative trading on the exchanges. He argues that exchange
facilitates anonymous trade and operates continuous markets and these features
would make it impossiblefor tradersto ascertain the motives of their counterparties.
It isimpossible to design amarket in which specul ators exist and always trade with
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hedgers and never with each other. He mentionsthat some of the biggest speculative
failures (such as Barrings, Metallgesellschaft, Hunts) took place primarily on
exchanges, and thinking that trading on exchanges will constrain speculation is
contrary to centuriesof history. Similarly, Wallison (2009) suggeststhat credit default
spreads that trade on OTC market reflect real market judgments on credit quality
and effective price discovery. These implications are in line with Kane (1988),
which arguesthat regulatory reformers need to ook beyond immediate problemsto
assessthe long run consequences of the policiesthey wishtoinstall. Inthelong run,
survival patterns of regulation must be economically efficient ones. But even though
the invisible hand eventually punishes over and under-regulator alike, in rea time
the process can produce considerable turmoil. The sequential search for efficiency
can take along timeto unfold and can impose substantial plan of financial services
firms, their customers and the general taxpayer.

Based on the above arguments, one can argue theineffectiveness of regulations
(such asDodd-Frank) in removing inherent risk from thefinancial system and possible
introduction of anew set of noisetraders. Once financial institutions have adjusted
to the new reality, future research with substantial data pointsis recommended on
this subject.

VI. CONCLUSION

This study investigates the relevance of behavioral finance in the derivative
market. It employsaset of multivariate EGARCH modelsto uncover the impact of
noise on returnstime varying risksin futures and options markets. The response of
six futures markets (energy, precious metals, industrial metal, agricultural products,
grains, and livestock) to aset of investor sentiments on 20 different commoditiesis
analyzed. Similarly the impact of three distinct categories of investors on stock
index optionsisinvestigated. Consistent with previous studies, the estimation results
suggest that noise is systematically priced in awide variety of futures and option
markets.

There is at least one of a kind sentiment in each derivative market that
significantly affects both returnsand volatilitiesand a so has an asymmetric spillover
effects. Specifically, sentiments on gold, crude oil, wheat, copper, live cattle and
sugar are found to significant effects on the mean and conditional variance in their
respective futures index markets. There seems to be a significant greater response
of futures markets to bullish than bearish sentiments. Similar results are obtained
for VIX, VXD, VXN, and VXO responses to investor sentiments. Returns and
volatilities in these stock index options are significantly affected by sentiments of
professional analystsand institutions, whilethereisno such effect fromindividuals.

These results are consistent with a behavioral paradigm which suggests that
noise affects an asset’s return through itsimpact on its conditional variance. Tenets
of behavioral finance also apply to futures and options markets. Noise seems to
affect risk and return in the derivative market inasimilar fashionin which it affects
those in stocks. The direct implication of these findingsis that traditional measure
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of time variation in systematic risk in the derivative market omits an important
source of risk: noise. The findings of this study could have important implications
for policymakers on the recently enacted Dodd-Frank financial system overhaul,
which includes measures that would bring more derivatives trading onto regul ated
exchanges. They also have important implications for investors that seek to reduce
spillover effects and investors who aim to improve their portfolio performance.
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required for OTC derivative transactions under both frameworks and examines
the potential impact on transaction costs applicable to end users for bilateral
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associated with initial margin, regulatory capital, execution and structural
factors for bilateral transactions relative to SEF-executed centrally cleared
transactions. For many end users, minimizing these costs will be the primary
objective behind their derivative hedging strategies. To illustrate this, we
quantify many of the implicit and explicit costs for standardized cleared swaps
and customized bilateral swaps for end users and examine the impact on them
according to their credit quality. The paper evaluates transactions
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this overstates both the capital and margin required for participants with
offsetting portfolios, it reflects the marginal impact for many end users who
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Theimpact of these changeswill be felt by non-financia firmsaswell. These
entitiesface higher costs passed on to them by financial firmsacting astheir trading
counterparties. The frameworks set forth by both the Dodd-Frank Act and the
Basel 111 accord address systemic risk inherent in the markets from counterparty
credit risk. Both seek to ensure that the vast mgjority of OTC derivative contracts
are cleared through central counterparties using a combination of legal mandate
and economic incentivesthat increase the cost of customization and bilateral trading.

I. THE DODD-FRANK ACT

In July 2010, Congress passed the Dodd-Frank Act, which brought regulation
tothe over the counter (OTC) derivative markets by establishing abroad framework
for the treatment of risk related to these transactions. The Act established joint
oversight for OTC derivative transactions by the Commaodities Futures Trading
Commission (CFTC) and the Securities Exchange Commission (SEC) and allows
for continued bank oversight from the current prudential regulators including the
Federal Reserve Board (Board), Federal Deposit Insurance Company (FDIC), the
Office of the Comptroller or Currency (OCC), and other agenciesin their respective
jurisdictions. Banks, bank holding companies (BHCs) and other regulated financial
institutions will continue to adhere to existing prudential regulation. In most
circumstances the capital treatment of OTC derivative transactions for bank and
BHCs under the Act is governed by existing regulation.

The Act categorizes market participants according to their size, role, and
systemic significance in the derivative markets. The application of the Act differs
for each category and setsthe termsunder which institutions are allowed to transact
in the OTC markets. Participants fall into three primary categories. Swap Dealers
(SD), Major Swap Participants (MSPs), and End Users (EUs). Different
requirements exist for each category, with heightened requirements for SDs and
MSPs that include the collection of both initial and variation margin from their
counterparties for bilateral transactions that are not cleared. SDs ad MSPs are
required to clear al transactions that are accepted as “clearable” by a derivatives
clearing organization and are also required to execute clearable transactions on a
swap execution facility (SEF).

End users have considerably more flexibility handling their transactions than
SDsor MSPsand are classified asfinancial or non-financial. “Financial end users’
arethose financial entitieswhose OTC derivative transactionsfall below threshold
levelsset for designation asaMSP. They arefurther divided according to their risk
level: high risk and low risk. “Non-financial end users’ are given an exemption
from both clearing and execution. Those hedging commercia risk havefull discretion
over clearing, execution and collateralization of their transactions. Non-financial
end users may elect to clear and execute on SEFs, but are not required to do so.
They are also exempt from collateralizing transactions.

Under thisframework, it will become increasingly important for all end users
to evaluate the relevant costs incurred with derivative transactions. Firms face
increased costs, whichincludefunding collateral used for initial and variation margin,
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capital (both internal and that of their counterparties), structural and execution costs.
Each of these factors will influence end users' hedging decisions and determine
how they chose to execute transactions.

A. Capital Requirements

TheAct setsminimum capital requirement for financial entities, including SDs
and M SPsthat are subsidiaries of regulated banks, BHCs and financial institutions.
It includes separate requirements for entities that are not currently regulated. It
also establishes guidelines for SDs and MSPs that are registered as Futures
Commission Merchants (FCMs) handling customer margin for cleared transactions.

Most SD and M SPsthat either directly or indirectly fall under jurisdiction of a
prudential regulator will continueto adhereto applicable prudential guidelines. For
many, this constitutes supervision by one or more of the FDIC, OCC, Board, or
other agency. Theseinstitutions cal cul ate their regulatory capital, including that for
OTC derivatives, using either a foundation rules-based approach or an advanced
approach. Banksthat calculate their economic capital through internal models seek
the approval of their regulator for the flexibility to use these models to calculate
their regulatory capital. Many prefer more risk-sensitive methodologies to the
formulaic approach because they more accurately reflect their specific risk
characteristics and alow them to take advantage of multi-product counterparty
netting.

For those SDsand M SPsthat are not currently regulated and are not registered
asan FCM (and otherwise not under thejurisdiction above), the CFTC has established
capital requirements that mirror those for BHCs under existing prudential banking
regulations.

The Act sets a permanent floor on aggregate bank capital equal to the level at
the time of its enactment. This floor is calculated using what is referred to as the
“general risk based capital rules.” It requires BHCs using the advanced approach
methodol ogy, in the United Statesand abroad, to determinetheir capital requirements
to also perform a calculation under these rules and use the more conservative of
the two measures.! The “general risk based capital rules’ are analogous to the
rules proposed in the first Basel accord and subsequently used in Basel II's
foundation approach, which formsthe basis for U.S. regulation. The general rules
are standardized across regulatory agencies and are contained in the federal code
of regulations (see 12 CFR Part 3 Appendix A-OCC, Part 208 & 225 Appendix A-
FRB, Part 325 Appendix A-FDIC).

Giventherequirement for dual calculations, banksand affiliated SDsand M SPs
will face two possible measures for their regulatory capital, and two measures for
the capital required for OTC derivativetransactions. Their marginal cost of regulatory
capital will be either that which iscalculated from the “general rules’ or that which

1. U.S. regulationsfor bank and BHC capital adequacy are derived from the Basel accords (Basel | &
I1). The Code of Federal Regulations largely reflects the standards and requirements set forth in the
accords, with some modifications. For example, Basel |1's standardized approach to calculate
counterparty exposure for OTC derivatives is not permitted for U.S. institutions.
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iscalculated internally using the advanced approach methodol ogy. Bank capital will
be determined by the rules that produce a more conservative measure for the
institution as awhole, across all product lines and asset classes. In most cases the
general rules should yield a more conservative measure of capital adequacy and
will determine the amount of regulatory capital required.

B. Prudential Regulation

Current U.S. bank regulation and international capital adequacy standards are
based on the principles detailed in the Basel 11 accord. Financial institutions are
allowed to calculate regulatory capital for credit risk under two approaches. the
foundation approach or the internal ratings based approach. Banks may use three
methods to calculate their counterparty credit risk: the current exposure method
(CEM), the standardized method, or the advanced approach, of which two (CEM
and advanced approach) are permitted for U.S. institutions. Those with less
sophisticated modeling capabilities can use the formula-based approach. Those
seeking more risk sensitive measures do so using internally modeled parameters
under the advanced approach to calculate their regulatory capital requirements.

C. General Risk Based Capital Rules

The general risk based rules were detailed in the first Basel accord and form
the basis of the CEM for calculating capital under Basel 11. The methodology is
used in the United States as the default method for calculating capital requirements
for OTC derivatives for firms that do not or are not alowed to use their own
internal models for the calculation. Under the CEM, firms calculate counterparty
credit risk from the sum of a transaction’s current and potential future exposure.
Current exposure is the replacement cost of atransaction after including applicable
collateral. Future exposure is calculated by multiplying the notional value of a
transaction by a conversion factor from Table 1.

Capital Required = Risk Weight x Counterparty Credit Risk (CCR)

CCR = MTM or Replacement Cost + Potential Future Exposure (PFE)

PFE = Notional Value x Conversion Factor

Netting is calculated using the formula: A =04 xA  _+0.6x (NGRxA_ )
where NGR is the ratio of net exposure to gross exposure. This is the same
methodology used to calculate capital under the general risk-based capital rules.
Current and future exposures are offset by collateral, which is adjusted by applicable
haircutsfor quality, liquidity, and tenor.

D. Advanced Approach

Under the advanced approach, firms may use internal model methodologies
(IMM) to estimate many of the parameters used to cal cul ate their regul atory capital,
including: the probability of default (PD), lossgiven default (L GD), expected positive
exposure (EPE) and exposure at default (EAD). The EAD is scaled by a capital
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Table 1. Conversion Factors (in percent) *

Exchanae Commodity, Precious
Remaining | nterest 9 . excduding metals,
. rate and Equity )
maturity rae precious except
gold
metals gold
One year or
less 0 1 6 10 7
Over oneto
fiveyeas 05 5 8 12 7
Ove five years 15 7.5 10 15 8

*Code of Federd Regulations, Tilel2, Appendix A to Part 225, Capital Adequacy
Guidelinesfor Bark Holding Companies: Risk-Based Measure.

factor “K” to determine the capital required for a particular counterparty or netting
set.?

Capital Required =K x EAD
EAD = a x effective EPE
Alpha (o) isascaling parameter equal to 1.4 or may be caculated internally, but not

lessthat 1.2. EPE isthe expected positive exposure of the trade or netting set.
Where:

‘_ {LGD . N( N Y(PD) + +/R x N-1(0_999)]_(LGD ) PD)}(u M —2.5)be
Ji-R 1-1.5xb

* N () isthe cumulative distribution function for astandard normal random variable.
* N1 () istheinverse cumulative distribution for astandard normal random variable.
* Risacorrelation factor, R=0.12 x (1 — &™) / (1 —€59) + 0.24 x [1 - (1 —
50 x PD)) /(- e(-50))]_

* B isamaturity adjustment, b = (0.11852 — 0.05478 x In(PD))?

* M is the effective maturity of the counterparty netting set.

Table 2 highlights the relative capital requirements for US $100mm notional
interest rate swaps under the applicable regulatory frameworks. The CVA Var
charge implemented in Basel 111 leads to a significant increase in the capital
necessary, particularly for long-dated transactions.

E. Clearing

Under U.S. regulation and Basel 11, trades with a central counterparty receive
arisk weighting of zero. Thisweighting appliesto both current and future exposure
from derivative transactions. Under the general risk-based capital rules, current

2. Code of Federal Regulations, Title 12, Appendix G to Part 225, “Capital Adeguacy Guidelinesfor
Bank Holding Companies: Internal Ratings-Based and Advanced Measurement Approaches.”
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Table 2. Capital Compar ison (USS).

Basd 111
General Risk- U.S. Prudential Reguleion Collateralized
Based Rules  Uncollaerdized Collateralized w/ CVA Charge
5yr Swap 100,000 39,949 20,465 67,858
10 yr Swap 300,000 79,742 38,089 195,000

Single * A’ rated counterparty a 20% risk weght.
10 day collateral holding period.

exposures collateralized with cash also receive arisk weighting of zero. Potential
future exposure, however, is only partialy offset within netted portfolios, up to a
maximum of 60% of the gross risk (see the netting formula above). The residual
exposure is floored at 40% of the gross PFE based on the gross notional value of
individual transactions in the netting set. The capital required under the general
rulesismuch greater than that required by firmsusing Basel |1’s advanced approach
for large offsetting portfolios.

E. Collateral and Margin

One of the significant provisions of Dodd-Frank is the requirement for
participantsto post acombination of initial and variation margin to their counterparties
for non-cleared transactions. The Act requires financial end users to collateralize
most transactions with their counterparties. Non-financial end users are generally
not required to collateralize exposure. In its current form, there are two different
standardsfor the collateral and margin relating to bilateral swaps. A firm’sregulatory
supervisor determinesthe applicable standard: either that of the prudential regulators,
or the CFTC and SEC.

G. Prudential Regulators Margin

SDs and MSPs supervised by the Board, FDIC, OCC, or other agency are
required to collect and segregateinitial and variation margin from their counterparties
for all bilaterally executed swaps. Low risk financial end users and non-financial
end usersarenot required to post initial margin until their exposure exceeds specified
threshold levels, initially proposed to be US $15mm to $45mm in mark-to-market
exposure, or 0.1%to 0.3% of afirm’sTier | capital. Non-financial end usersoperate
under an identical threshold for variation margin. Other financial firmsmust operate
with CSAs and are required to post initial margin for bilateral trades.

Dealers and M SPs required to receive initial margin from their counterparty
have the option to determine the amount through a standard | ook-up table or through
their own calculation. In both scenarios cross-product netting is not permitted across
asset classes.

Firms choosing to calculate margin internally must calculate potential future
exposure to a confidence level of at least 99% using a minimum 10-day holding
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period. Data used to calibrate the model must be greater than one year and
incorporate periods of financial shock. Notwithstanding, the margin amount must
be greater than that which would be required by a central counterparty for asimilar
transaction.

H. CFTC Margin

The primary difference under CFTC rules is an exemption granted to non-
financial end users from the requirement to post initial margin under any
circumstances. For all other participants, SDs and MSPs are offered two similar
optionsto calculateinitial margin. Rather than alook-up table, firms may calculate
margin for bilateral trades as double that required by a CCP for a similar trade
based onitsrisk characteristics. Alternatively, they may calculate margin internally,
to the same 99% confidence over a 10-day holding period.

I. CCP Margin

CCPs calculate margin to a minimum confidence interval of 99%, assuming a
five-day or greater holding period. For example, LCH Swapclear calculates for
100% loss coverage based on ahistorical data set and afive-day holding period for
its members. IDCG calculates for 99.7% coverage over five days using historical
and stressed data. CM E Clearing and | CE Credit Clearing use similar specifications
with their respective internal models. We expect regulators to set margin for non-
cleared transactions at aminimum of 140% of the cleared equivalent, which would
reflect thelonger holding period.

II. BASEL III

Internationally, the Basel Committee on Banking Supervision responded to the
financial crisis with its own revised framework for capital adequacy. It addressed
many of the shortcomings that exist in the current Basel Il framework through
revisionsthat increase both the overall quantity and quality of bank capital. Itincludes
amore comprehensive set of guidelines for the calculation of a bank’s risk-based
capital requirements. Basel 111 includes significant changesto the capital adequacy
framework, particularly for counterparty credit risk embedded in OTC derivative
transactions. The new accord encourages banks to centrally clear derivative
transactions and will require banks to significantly increase the amount of capital
held against bilateral transactions that are not cleared.

Basel |11 isexpected to become effective in January 2013 and should be phased
in over the next several years. It isthe committee's response to the financial crisis
and includes a variety of measures to improve the quality of bank capital and to
increase the quantity of capital relative to risk weighted assets. It employs more
stringent criteriafor measuring and eval uating various types of risk.

In the trading book, it provides for increased capital to be held against market
risk, particularly for OTC derivative and securitization transactions by requiring
stressed Var cal culations based upon historical data. It strengthens the counterparty
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credit risk framework and includesincentivesfor firmsto use central counterparties.
Themethodology for cal culating exposureisrevised to be more stringent and includes
evaluating Var during scenarios of significant financial stress. A CVA Var capital
chargeisadded to Basel |1 “ default” capital for counterparty credit risk. Transactions
with CCPs are risk weighted according to the financia strength and structure of
the clearinghouse and its compliance with International Organization of Securities
Commissions (I0SCO) standards. The accord addresses systemic risk among
financial firms by raising the risk weight for transactions between financia firms
relative to non-financials. Other enhancements include the use of capital buffer
and a non-risk based leverage buffer and new liquidity standards.

Severa of the changes implemented under Basel I11 will directly impact the
calculation of capital for counterparty credit risk inherent with OTC derivative
transactions. CCR will include Var calculations using stressed input parameters
that reflect the most recent three years of historical data. Institutions active in the
derivative markets will be significantly affected by the addition of anew CVA Var
capital charge that is added to the existing Basel 1| default capital requirements. It
requiresthem to hold capital against potential mark-to-market losses resulting from
a deterioration of counterparty credit quality. The CVA Var charge will only be
calculated for bilateral transactions and will serve as an added incentive for firms
to use CCPs.

The framework strengthens the treatment of collateralized exposure by
increasing the minimum margin period of risk for collateralized transactionsin large
netting sets and those containing illiquid trades or collateral. It prohibits the use of
rating downgrade triggers in calculating expected exposures. It also increases the
risk weighting to financial institutionsrelativeto non-financial institutionsthrough a
correlation adjustment to reflect the systemic risk among financial firms.

A. Aggregate Capital Requirements

Similar to Dodd-Frank, Basel 111 imposes heightened capital requirements for
systemically important institutions. They are subject to an additional capital buffer
of up to 2.5%. Basdl 111 also changes both the composition and quantity of bank
capital. It adds a countercyclical buffer of up to 2.5% and a conservation buffer of
2.5%toingtitutions’ capital requirements. Theincreasein aggregate capital required
across banks as awhole could lead to a greater focus on internal capital allocation
to respective businesslinesat both amacro and micro level within financia entities.

B. CVA Var Charge

Theadoption of aCVA Var capital chargeisone of the more significant changes
implemented in Basel 11l. The charge will lead to a substantial increase in the
capital required for bilateral OTC derivative transactions, even for those that are
collateralized. Conceptually, the charge is intended to capture the potential MTM
losses from deterioration in counterparty credit quality that could occur short of a
default. Regulators require firms to calculate the charge using a 99% Var estimate
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resulting from changesin credit spreads over aone-year horizon. Firmsare required
to use market-based spreads and L GD assumptionsin their modelsand are permitted
toinclude CVA hedges, including both singlenameand index CDS, in the calcul ation.

Banks have the option to calculate the CVA charge internally or using a
standardized formula detailed in the framework. In both approaches, the
methodol ogy involvescalculating the EAD for acounterparty according to thebank’s
selected method (CEM, standardized, IMM), incorporating the effects of collateral
and netting. The bank will then calculate the Var in a manner similar to that of a
bond with anotional equal to the EAD and amaturity equal to the notional weighted
effective maturity of a counterparty's netting set. Var must be calculated solely
from the volatility of the counterparty’s credit spreads and measured over a one-
year horizon. The CVA charge is a stand-alone charge that is added to the Basel 11
default capital calculation for each counterparty.

Banks using the IMM approach to calculate the CVA Var charge are required
to useaspecified formulaasthe basisfor their model’s cal cul ation of acounterparties
CVA (seeAppendix A). Theformulauses currently available market rates, including
CDS spreads and recovery values, to estimate PD and LGD and incorporates CVA
hedges. CVA is calculated by applying marginal default probabilities to expected
exposures over the life of the netting set. The CVA Var charge isthen calculated to
a confidence level of 99% over a one-year horizon.

For thosefirmsnot ableto calculate CVA Var internally, astandardized formula
isprovided that uses asimplified approach which specifies arisk weight according
to acounterparty's credit rating and estimates the charge using EA D and the notional
weighted maturity of the counterparty (see Appendix A).

C. Collateralized Counterparties

Basel |1 setsafloor of 10 days on the minimum margin period of risk used to
calculate the exposure for collateralized transactions that are marked-to-market on
adaily basis. Basel 111 increasesit to 20 days for counterparties with large netting
sets (greater than 5000 trades) when a transaction is not easily replaceable or
where illiquid collateral is used. Not easily replaced OTC transactions are those
withilliquid risk positionsthat are difficult to hedge, such as certaintypesof correlation
risk or long dated volatility skew. Firmsrequired to uselonger margin periodswhen
calculating EAD will be affected by theincreasein EE that isthe basisfor the CVA
Var charge. The potential cost increase resulting from the lengthened margin period
will serve as an incentive for dealers to collapse offsetting risk in their portfolios
and to more closely monitor trade and collateral liquidity. A detailed comparisonis
summarized in Table 3.

D. CCP Risk Weighting

Under Basdl 11, bank exposures to CCPs are given a zero risk weight. Basel
111 imposes a 2% risk weight to exposuresto qualifying CCPs, which includestrade
exposure, initial margin and default fund contributions of CCP members. The risk
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weighting will be determined by the CCP's compliance with revised Committee on
Payment and Settlement Systems (CPSS) and IOSCO guidelines. The 2% risk
weight provides a nominal addition to bank capital and is intended to ensure that
banks measure and monitor their overall CCP exposure.

E. Financial Correlation Adjustment

Basel 111 increases the correlation factor “R” used in the calculation of the
capital requirement “K” (see the equation above under Basel 11) by a multiple of
1.25 for transactions among financial institutions. The correlation increase applies
to exposures with financial firmswhosetotal assets are greater than or equal to US
$100 billion. It aso appliesto transactionswith any unregulated financial firm. This
tranglatesinto an approximately 25% corresponding increasein capital for affected
transactions.

III. END USER TRANSACTIONS

End users face a significantly different cost structure for OTC derivative
transactions under the combined effects of Dodd-Frank and Basel 111. Increased
capital requirementsfor dealersand financial institutionsand initial margin for both
cleared and non-cleared transactionswill have adirect impact on end user derivative
pricing. Firmswill want to evaluate the costs associated with bilaterally executed,
non-cleared transactions and compare them with those of a SEF-traded and cleared
aternative. Financial end users will face an entirely one-sided cost structure that
penalizes customized and discretionary bilateral transactions in favor of cleared
vanillatrades. In many instances, customized transactions can be restructured into
acombination of centrally cleared and bilateral transactionsthat requireless capital
and are less costly to execute.

End users face a tradeoff between efficient, cost-effective risk transfer and
the need for hedge customization. The costsimplicit inthistradeoff include: regulatory
capital, funding initial margin, market liquidity and structural factors. All of these
will affect cleared and non-cleared transactions much differently. Dealers and
financial participantswill berequired to hold increased amounts of regulatory capital
and higher levels of initial margin against bilateral transactions versus those which
are centrally cleared.

Customized swaps, as a result of their unique nature, will not be clearable.
While they could theoretically be executed on a SEF, they will more likely trade
bilaterally between counterparties, as per current practice. End users are likely to
pay aliquidity premium for bilateral execution compared to that on a SEF, where
liquidity is likely to be greatest. Structural costs may also exist, to the extent that
dealers are unable to find a natural non-cleared hedge for bilateral trades and are
left with astructural margin position at CCPsfrom hedging customers’ transactions.
The cost of dealers margin would be passed along to end users adding to the
position. End userswill want to evaluate theimpact of these costs on theincremental
risk introduced by each new transaction to both maximize the amount of nettable
risk at dealer counterparties and minimize their associated hedging costs.
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A. Further Discussion

In the remainder of the paper, we illustrate many of the explicit and implicit
costs associated with execution, clearing, and capital that are expected to exist
under the framework created by Dodd-Frank and Basel 111. We estimate many of
these costs for end users according to their credit quality. For non-financial end
users, we examine the impact of the framework on the cost of collateralized and
non-collateralized trades. For all others, we compare the cost of capital and initial
margin for non-cleared bilateral transactions with that of an SEF-traded centrally
cleared equivalent. This includes assessing the potential impact of liquidity and
structural costs on end user transaction pricing.

B. End User Costs

The additional amount of regulatory capital required for OTC derivativesis
one of the more significant changes affecting market participants. Dodd-Frank
sets a floor on aggregate bank capital; however, it isnot likely to directly alter the
marginal cost allocated by dealersto OTC derivative transactions at the counterparty
level. This is due to the disconnect between the regulatory formulas under the
genera rulesand market practicesfor economic and regulatory capital calculations
(Basel 1 and |11 advanced approach methodol ogies). Instead, it islikely to betreated
as an immediate and interim measure to increase aggregate bank capital while
regulators work to incorporate Basel |11 capital adequacy standards into U.S.
regulation. While cleared trades are granted capital relief under both Basel |1 and
111 (0% and 2% risk weighting, respectively), the cost of bilateral transactions will
increase substantially from the combined effects of the CVA Var charge, financial
correlation adjustment, stressed cal culations, and potentially longer margin periods
of risk. Bilateral trades will be scrutinized for their contribution to credit risk and
capital, and dealer prices will reflect their anticipated costs over the life of a
transaction.

Funding the collateral requiredfor initial marginisanother significant cost facing
most participants. Non-financial end users are expected to remain exempt from
mandatory margin requirements. Low risk financial end users may also remain
exempt bel ow established regulatory thresholds. All other participantswill berequired
to post initial margin for both cleared and bilateral transactions. Bilateral marginis
likely to be at least 40% higher than corresponding CCP levels, which should lead
to increased trade standardization as participants will be forced to pay more of a
premium for customization.

Beyond the cost of initial margin, end users will face an operational cost
associated with central clearing imposed by their FCM's. Competition should limit
the administrative portion of operational cost to anominal charge. It will, however,
include specific terms dependent on the credit quality of the clearing customer and
capital involved. Many clearing customerswill face FCM margin requirementsthat
are credit sensitive and exceed those required for CCP members. FCMsarerequired
to comply with existing capital rules under CFTC and SEC regulations, requiring
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them to carry capital equivalent to 8% of their customers' initial margin posted for
cleared transactions.

End users face potential liquidity driven execution costs in a market that will
be split between vanilla SEF-executed trades and customi zed bilateral transactions.
Currently, nearly al interest rate swapstrade bilaterally between participants. Dodd-
Frank changes execution by requiring all clearable swaps to trade on SEFs. The
concentration of trading on these platforms should lead to increased liquidity among
swapswith standard size and tenor. Wethink thiswill result in tighter bid-ask spreads
for SEF executed transactions than those transactions executed bilaterally. Standard
vanilla transactions, traded on SEFs and cleared through a CCP, will become the
market convention adopted by participants. Bilaterally executed swaps, whether
the result of their customized nature or due to end user discretion, are likely to be
priced lessfavorably, incorporating aconcession or liquidity premium, that reflects
adecreasein liquidity relative to that available on a SEF.

Thereisthe potential for a structural imbalance to develop in the market that
affects end user transaction prices. The market for end user transactions will be
segregated between those that are cleared and those that are transacted bilaterally.
Thereisthe potential for arisk mismatch to devel op within each of these categories.
Aggregate risk in the market should be largely offsetting, essentialy resembling a
matched book. The mismatch would occur if end user non-cleared risk becomes
predominantly one-sided and dealers are not able to find a natural non-cleared
offset for the risk. Dealers would be left with non-cleared risk positions that are
hedged by cleared trades, which would leave them with an aggregate “captive”
structural margin position at CCPs. The cost associated with this margin would be
passed along to end users adding to the position. It would ultimately lead to a
bifurcated market between cleared and non-cleared transactions with a substantial
pricing bias. In the near term, it is likely to create greater price variation among
dealers and add an additional dimension to the counterparty-specific costs of a
transaction.

C. Capital Calculations

In order to illustrate and evaluate the impact of the framework under Dodd-
Frank and Basel |11 on end users and their dealer counterparties, we estimated the
capital required for vanillaUS $100mm notional, at-the-money 5-year and 10-year
interest rate swapsfor counterparties of varying credit quality. We modeled forward
ratesusing aninitial flat yield curve of 3.00%, with parallel shiftsin rates governed
by Brownian motion with a constant annual volatility of 30%. Expected exposures
were calculated for one year and used to calculate the effective EPE and EAD as
per regulatory guidelines. We used PD estimates by rating category taken from
Deutsche Bank’s Pillar 3 Disclosure in its 2010 Annual Report. LGD was set at
50% for an uncollateralized claim. We calculated capital according Basel 1I's
Advanced IRB Approach.

The CVA Var charge was cal culated using the Standardized Method contained
in Basel 111 with the associated counterparty risk weightings. We added the CVA
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Var charge to the amount of Basel 11 default capital to arrive at the total capital
required under the new framework. The total capital amount is the capital afirm
must hold today against a bilateral swap. To estimate the cost of capital that afirm
must hold over the life of the transaction, we assumed a blended dealer cost of
capital of 8.0%.

We made several assumptions to arrive at the capital estimates contained in
this paper. In aggregate, the assumptions and methodologies used likely result in
higher capital calculations and lower margin calculations. Banks calculating the
CVA Var charge using an IMM approach may arrive at a smaller charge than
under the Standardized Formula due to differences in credit Var parameters.
Similarly, exposures calculated with alagged collateral model arelikely to be lower
than our estimates. End user clearing costsarelikely to be higher than our estimates,
which reflect the margin requirement for CCP members. Customer margin
requirements are generally higher than those for members and will reflect specific
terms agreed with an end user’s FCM. The net result is an upward bias in the
capital cost estimates and a downward bias in those for clearing cost.

D. Uncollateralized Transactions

Non-financial end usersthat are not required to implement CSAsfor bilateral
transactions will face a much more punitive execution cost going forward as a
result of the additional capital that must be held by their trading partners. The cost
of capital implicitinthe price of their transactionislargely unchanged under Dodd-
Frank but will increase significantly with theinclusion of the CVA Var charge under
Baseall I11. Itislikely that dealers will increase their capital “charge” for aswap in
anticipation of the adoption of the new Basel framework. This added charge is
expected for hedging transactions with end users who hedge predominantly one-
sided risk or long-dated transactions that are likely to remain in place and overlap
with the implementation of Basel 111.

Non-financial end users have discretion to forgo clearing for vanillaaswell as
customized trades and execute them bilaterally. They also retain discretion over
collateralization. Tables 4 and 5 show the capital required for uncollateralized US
$100mm notional, at-the-money 5- and 10-year interest rates swaps for end users
according to their credit rating. The current Basel Il default capital will increase
under Basel 111 by 400%, as a result of the CVA Var charge.®

The magnitude of the CVA Var charge is substantial and its impact will
significantly increase the cost for firms operating with and without CSAs. The
dealer’s capital cost attributed to CCR for asingle “A” counterparty on a 10-year
swap is $32,660 for the first year of the trade under Basel |1l and estimated at
$140,043 over thelife of thetrade or 1.63 basis points running (140,043/85,800), of
which 80% pertains to the CVA Var charge.

While we assume dealerswill charge end users upfront for their cost of capital

3. The CVA Var charge was calculated using the Standardized Method, shown in detail in Appendix
A.
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over the life of the trade, Tables 4 and 5 do not include the bank’s CVA for the
credit risk of the swap. The CVA credit charge is listed in Table 6 using average
CDS spreads for corporate firms by rating category, assuming a constant marginal
probability of default based on the CDS spread and recovery value applied to the
expected exposure of the swaps.

What was previously a costly transaction becomes even more punitive. This
should compel most non-financial end users who do not already do so to operate
under CSAs.

E. Collateralized Transactions

The current requirement under Basel 11, whichis carried forward to Basel 111,
is to model collateralized exposure using a 10-day margin period of risk, during
which a defaulting counterparty’s position will be re-hedged and its collateral
liquidated. Collateralized capital requirements are contained in Table 7 and 8.

E. Central Clearing

Non-financial end users lobbied successfully to be exempted from the
requirement to clear or even post initial margin for non-cleared transactions. Cost
and capital scarcity were cited as being prohibitive to both growth and investment.
The cost to fund initial margin is substantial, particularly for those firms without
offsetting risk. Funding costs are computed from aggregate corporate CDS spreads
according to rating category.

Non-financial end users havelimited outright economicincentiveto use CCPs.
The cost of funding initial margin outweighs the charge for dealer capital cost.
Existence of asufficiently large liquidity premium or structural charge would alter
the economics, particularly for short dated transactions as shown in Tables 11 and
12. Thenet clearing cost expressed as running basis points represents the aggregate
break-even liquidity and structural costs. It islikely that discretionary use of CCPs
by non-financial end userswill not bedriven by cost, but rather by end users' desire
to reduce counterparty risk.

G. Financial End Users and Bilateral Margin

Under Dodd-Frank, low risk financial end users are not required to post initial
marginfor bilateral transactions. They faceasimilar situation to that of non-financial
end users, but if regulated, arerequired to hold capital for their own capital adequacy.
Their internal capital requirements lead to a much closer relationship for the costs
of cleared and bilateral transactions, as shown in Tables 13 and 14. We doubled the
capital cost estimate as a proxy for the overall cost affecting financial end users.
This is admittedly a rough approximation of the cost they will face from dealers
plus the cost of their own capital adequacy requirement.

Given the comparable costs for cleared versus non-cleared transactions,
financial end userswill be more sensitive to potential liquidity and structural costs
and their impact on their hedging strategies. The net cost expressed as running
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Table 6. Uncollater alized Bilateral CVA Credit Charge.

Credit 5Yr Swap 10Yr Swap
Rating CDS Spread Credit Charge Credit Charge
AAA 0.41% 17,665 94,616
AA 0.57% 24,526 131,365

A 0.74% 31,796 170,303
BBB 1.11% 45,547 254,671
BB 2.68% 113,315 606,931

B 4.44% 185,024 991,017
CCcC 7.88% 319,254 1,709,967

Table 7. Collater alized Capital Requirements5 year IRS.

Year One Cgpitd Requirements Capital Cost
Credit CVA Va Lifeof the
Rating Copitd Charge Total Trade
AAA 9,445 29,621 39,066 9,020
AA 9,445 29,621 39,066 9,020
A 14,618 33,853 48,470 11,191
BBB 30,124 42316 72,440 16,726
BB 46,701 84,632 131,333 30,323
B 61,745 126,948 188,693 43567
CCC 97,443 423,160 520,602 120,201

Table 8. Collater alized Capital Requirements10year IRS

Yea One Cepitd Requirements

Capitd Cost

Credit CVA Va Life of the
Rating Cepitd Charge Totd Trade
AAA 17,580 98,069 115,649 40,204
AA 17,580 98,069 115,649 40,204
A 27,207 112,079 139,286 48,912
BBB 56,069 140,099 196,167 70,330
BB 86,923 280,198 367,120 130,156
B 114922 420,297 535,219 188,793

CccC 181,364 1,400,989 1,582,353 545,279
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Table 9. Five'Y ear IRS- Clear ed I nitial Mar gin.

Yea One

Sorg Coswew ccowXEOE NIRGE,
AAA 0.41% 1,800,000 7,380 17,205
AA 0.57% 1,800,000 10,260 23,919

A 0.74% 1,800,000 13,320 31,053
BBB 1.11% 1,800,000 19,980 46,579
BB 2.68% 1,800,000 48,240 112,462

B 4.44% 1,800,000 79,920 186,318
CCcC 7.88% 1,800,000 141,840 330,672
*Moody’s.

**|nitial margin per certagestaken from I nternational Derivetive Clearing Group.

Table 10. Ten-Year IRS- Cleared Initial M argin.

Yea One

Credit Y ear One Margin Cost
Rating CDS Spread CCPIM Margin Cost Life of the Trade
10yr Swap**
AAA 0.41% 3,730,000 15,298 77,173
AA 0.57% 3,730,000 21,261 107,289
A 0.74% 3,730,000 27,602 139,288
BBB 1.11% 3,730,000 41,403 208,932
BB 2.68% 3,730,000 99,964 504,448
B 4.44% 3,730,000 165,612 835,727
CCC 7.88% 3,730,000 293,924 1,483,227
*Moody’s

**|nitial margin percertagestaken from I nternational Derivetive Clearing Group.
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Table 11. Non-financial End User 5 year | RS Capital vs. Margin.

Credit Cogoitd Cost Margin Cost Net Clearing NCC

Rating Non-cdeared Cleared Cost (NCC) Running BP
AAA 9,020 17,205 8,185 0.18
AA 9,020 23919 14,899 0.32
A 11,191 31,053 19,862 043
BBB 16,726 46,579 29,854 0.65
BB 30,323 112,462 82,139 178
B 43567 186,318 142,751 3.10
CCC 120,201 330,672 210,471 457
Table 12. Non-financial End User 10 year | RS Capital vs. Margin.

Credit Caoitd Cost Margin Cost Net Clearing NCC

Rating Non-deared Cleared Cost (NCC) Running BF
AAA 40,204 77173 36,969 043
AA 40,204 107,289 67,085 0.78
A 48912 139,288 90,376 105
BBB 70,330 208,932 138,602 162
BB 130,156 504,448 374,292 4.36
B 188,793 835,727 646,934 754
CCC 545,279 1,483,227 937,948 10.93

basis points is the break-even liquidity premium and structural cost for bilateral
versus SEF execution. In the case of an A-rated end user trading a five-year
swap, if the execution savings on a SEF relative to a bilateral trade is greater than
0.2 bparunning on a swap, it will compensate them for the added cost of clearing
margin. Theseinstitutions eval uating transactions at the margin will be sensitive to
execution and potential structural costs. The economics behind a transaction will
likely determine whether it istraded bilaterally as a customized swap or replicated
with a combination of cleared and bilateral trades.

High credit quality firms should find comparable costs for clearing margin
versuscapital, whilelower rated firmswill find funding costs outweigh capital savings.
Structura costsfrom dealer’smarginto hedge bilateral trades could have asignificant
impact on the economics for AAA-rated through BBB-rated firms. This has the
potential to add $23,919 or 0.52 bpato the cost of afive-year swap and $107,289 or
1.25 bpato the cost of a 10-year swap, using the margin cost of associated with an
AA-rated firm. Thisisthelimit to the charge end users could experience; however,



Optimizing the Cost of Customization 89

Table 13. Financial End U<er 5 year | RS Capital vs. Mar gin.

Credit Caitd Cost Margin Cost Net Clearing NCC
Rating Non-d eared Cleared Cost (NCC) Running BP
AAA 18,040 17,205 (835) (0.0)
AA 18,040 23919 5879 01
A 22,382 31,053 8,670 0.2
BBB 33,451 46,579 13,128 03
BB 60,647 112,462 51,815 11
B 87,134 186,318 99,184 22
CCC 240,402 330,672 90,270 20

Table 14. Financial End User 10 year IRS Capital vs. Mar gin.

Credit Cepitd Cost Margin Cost Net Clearing NCC
Rating Non-cleared Cleared Cost (NCC) Running BP
AAA 80,408 77173 -3,235 (0.0

AA 80,408 107,289 26,881 03

A 97,824 139,288 41,464 05
BBB 140,660 208,932 68,272 038

BB 260,312 504,448 244,136 28

B 377,586 835,727 458,141 53
CcCC 1,090,558 1,483,227 392,669 46

its combination with potential execution costs could be sufficient to influence highly
rated financial end users.

We should point out that the capital cal culations do not include the 25% increase
to the correlation factor for transactions with large financial counterparties. This
would increase the default capital amount (with no effect on the CVA Var amount)
and lead to an approximate 5% to 10% increase in the total capital cost amounts
listed in the tables.

To this point, we have not mentioned the impact and importance of netting.
The numbers in the table assume zero netting benefit and estimate the maximum
capital and margin cost associated with asingle transaction. The capital and clearing
costs (and any structural costs) will decrease with a corresponding increase in risk
netting. For the A-rated end user five-year swap with 50% netting benefit, the
NCCin Table 13 will drop to 0.1 bpa. Asthe netting benefit increases, theimpact of
aliquidity premiumwill become moresignificant, sinceitisbased onthetotal market
risk executed by the end user. Even the existence of avery small liquidity premium
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between bilateral and SEF execution could be a significant factor in end user
transaction cost comparisons. In largely netted portfoliosit could overshadow capital
and margin considerations.

In the example above, we assumed that the netting benefit isequal for both the
customers cleared portfolio and its bilateral portfolio at aparticular dealer. Netting
and end user portfolio composition will play an influential role in determining the
trading counterparty as firms try to minimize the amount of net risk outstanding
with each counterparty.

High risk financial end users and all other participants are required to post
initial margin for bilateral trades. For these firms, it is not a question of whether or
not to use CCPs, but rather one of minimizing bilateral costs. These firms have
every incentive to maximize the amount of risk they clear relative to that whichis
executed bilaterally. They stand to benefit from areduction in initial margin, 40%
by our estimates; minimized Basel I and Basel 11l default capital (0% and 2%
respective risk weighting); avoiding the CVA Var charge, which does not apply to
cleared transactions; and avoiding the financial correlation adjustment. They also
avoid any potential structural costsand arelikely to find better execution. For these
reasons many will adopt hedging strategiesthat allow them to maximize the amount
of risk transferred through standardized cleared swaps and minimize that which is
traded bilaterally.

IV. HEDGING STRATEGIES

Financial end users stand to benefit most from financial engineering to reduce
the impact of these factors affecting their overall transaction cost. We expect them
to employ strategiesthat minimizethe amount of risk transferred bilaterally in favor
of SEF-executed, centrally cleared transactions. Participants will want to compare
theincremental cost of acleared trade at their FCM and CCP against theincremental
cost to their bilateral portfolio at each selected dealer. Thiscomparison will include
evaluating the impact of liquidity and structural market costs. We expect many to
separate their market risk from customized transactions, execute on SEFs, and use
CCPs to the extent possible, limiting the use of bilateral trading primarily for
customization.

We have outlined two possible approaches end usersmay pursue going forward.
Thefirst involvesreplicating acustomized hedging trade with aportfolio of vanilla
trades for risk transfer and one or more basis swaps for customization that in
aggregate will be identical to the customized hedging trade. The vanillatrades can
be SEF-executed and cleared, reducing both the capital cost and initial margin
required, while the basis swap(s) can be executed bilaterally. The second, abeit
similar strategy, isto take the customized hedging trade and subtract avanilladelta
hedge from it and then execute the delta hedge independently on a SEF whereit is
also cleared. The objective of both approaches is to maximize the portion of the
market risk that is SEF-executed, resulting in lower overall cost than an entirely
bilateral transaction.
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In the example below we take an irregularly amortizing 10-year interest rate
swap with arisk profile shown in Figure 1. The current trade would be executed
bilaterally and subject to the costs and capital outlined earlier. A replicating hedge
portfolio of vanillatrades could be SEF-executed and cleared, leaving abasis swap
with minimal delta containing a customizing profile of cash flows. Counterparty
risk, margin, and capital are significantly reduced (likely negligibleinthisinstance),
whilethe market risk istransferred in aless costly manner. The customized tradeis
replaced with 10 vanilla swaps and one customized basis swap that replicates the
cash flows, payment dates, and risk of the original transaction.

Theless clean but more realistic scenario shown in Figure 2 would beto net a
delta hedge from the customized transaction. It could be easily replicated as: [the
original trade less a 7 year bullet swap] executed bilaterally plus a 7 year bullet
swap executed on a SEF and centrally cleared.

Theresidual swap hasadeltaof 7k per basis point and a butterfly risk position
that isfairly benign. Thisleadsto significantly smaller expected exposures on the
residual bilateral trade. Similarly, the cleared deltahedging trade, with amarket risk
of 50k per basis point will be risk weighted for a CCP, which saves the participant
and its counterparty significant capital and bilateral margin.

The higher costs associated with the original bilateral trade would be reduced
for 78% of the market risk and apply only to the 12% remaining on the residual
butterfly as shown below:

Delta Hedged Cost:
[Bid/Ask + Liquidity premium] for Residual butterfly
+ Bid/Ask for 7-year IRS
+ Capital charge for 7 yr IRS (2% risk wt.)
+ Capital charge [CVA Var & default] for Residual butterfly
+ Cleared margin for 7 yr IRS
+ Non-cleared margin for Residual butterfly
+ Structural charge for Residual butterfly
versus
Original Customized Trade Cost:
[Bid/Ask + Liquidity premium] for Custom hedge
+ Capital charge [CVA Var & default] for Custom hedge
+ Non-cleared margin for Custom hedge
+ Structural charge for Custom hedge

The same delta hedge approach can be applied to more complex transactions,
such as those with non-linear risk profiles, where a portion of the market risk can
be hedged in aless costly, more capital efficient manner. It can also be applied in
more detail to achieve the desired cleared versus residua bilateral risk positions.
The end user isnot changing the original customized trade but isinstead separating
aportion of the market risk to be traded independently and cleared. The amount of
cost reduction is determined by the risk remaining on the residual bilateral swap.
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A. Netting

Thereduction in aggregate counterparty risk through single and multi-product
netting will become even more critical under the capital and margin requirements
of Dodd-Frank and Basel 111. Risk netting remains one of the principal considerations
for participants striving to reduce both risk and transaction cost. Firmswill seek to
minimize bilateral exposure with each of their counterparties. While the impact of
netting is significant for some market participants, particularly banks and dealers,
who transact in largely offsetting market and credit risk, it hasless of an impact on
a subset of end users whose hedging transactions are predominantly one sided.
They will experience the largest impact from the marginal costs illustrated. For
them, the stand-alone trade analysis provided is a relevant representation of the
incremental risk and capital associated with their derivative transactions.

As netting benefitsincrease dueto offsetting risk within an end user’ s portfolio,
therelative costs associated with clearing, capital, and market structure will shrink
for end users and their counterparties. Execution cost resulting from a liquidity
premiumwill not, and will play anincreasing rolein the overall cost of the transaction.
End users should gravitate toward those venues providing the best liquidity at the
lowest cost.

V. IMPLICATIONS

A. Non-financial End Users

Those firms that do not already do so are likely to trade on a collateralized
basis. They arenot required to clear standard or customized transactions and, despite
the increased capital costs levied on them, by dealers are likely to find bilateral
execution less expensive than the use of a CCP. Two things could change this: a
sufficiently high structural cost in which dealers charge end users for the captive
initial margin on their hedge, or alargeliquidity premium for bilateral transactions.
Both would haveto be substantial to make central clearing economically attractive.
Non-financial end userselecting to clear arelikely to do so purely for the reduction
of counterparty risk.

Non-financial end users hedging predominantly one-sided risk will likely seek
lower cost hedging alternatives or may choose not to hedge at all. Corporate end
users might change the structure of their funding and increasingly issue securities
that meet their liability risk targets without the use of a swap. It is possible that
some will increase their issuance of floating rate and callable or structured notes.
Alternatively, some could shorten the duration of derivatives used for hedging
purposes, reflecting therelatively high cost associated with long-dated transactions.

B. Low Risk Financial End Users

Low risk financial end users are likely to remain exempt from posting margin
below preset regulatory thresholds. For non-cleared transactions, there isless of a
trade-off between margin and capital costs, whichwill increasetheimpact of potential
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structural and liquidity costs. Financial end users hedging strategiesarelikely to be
driven by the credit quality and size of the organization, trading volume, and risk
characteristics. Larger firmswith lower funding and capital costsare morelikely to
benefit from CCP use, as are those with high trade volume and offsetting risk.
Smaller institutions may continue to execute bilaterally evenif it meansat ahigher
cost to avoid the operational and infrastructure requirements for clearing.

C. High Risk Financial End Users

For all other institutions the equation is very simple. Customized bilateral
transactionswill face an entirely one-sided cost structurethat issignificantly higher
than achieved with SEF-executed centrally cleared trades. Initial marginisexpected
tobeat least 40% greater. Capital costsfor both the end user and deal er counterparty
will be much greater that the 2% risk weighting of CCPs, largely due to the CVA
Var charge addition to CCR. Transactions may be more costly to execute, incurring
aliquidity premium relative to those traded on a SEF. Participants may also face a
structural premium for captive dealer margin. In addition, transactionsfacing large
financia institutions will face the additional 25% correlation increase to default
capital. All of these should compel participantsto reduce the amount of risk transacted
bilaterally and increase therisk transferred using vanilla SEF-executed and cleared
transactions. Institutions are able to accomplish thisis by extracting the market risk
from customized transactions or replicating it with standardized trades that can be
executed and centrally cleared in a more capital and cost efficient manner. They
arelikely to continueto trade bilaterally to achieve customization, whileminimizing
the amount of risk transferred through that medium.

D. Concentration Risk

The increased cost for bilateral transactions makes netting critical for firms
wishing to minimize hedging costs. A byproduct of this could be an increase in the
concentration of risk for non-cleared trades with a small number of dealers. Firms
with offsetting risk will maximize netting among dealers to reduce costs but may
ultimately seek to transact with a select group of deders. It is possible that we
could see amuch larger percentage of bilateral customer transactions concentrated
with asmall handful of dealersto maximize multi-product netting.

E. Dodd-Frank Capital Floor

The floor imposed on bank capital under Dodd-Frank reflects the desire by
regulators to increase aggregate bank capital and bring it closer to that which is
required under Basel 111. It servesasan interim measure until U.S. rulesare amended
to incorporate the new Basel ratios. Regulators have expressed their intention to
incorporate the Basel 111 requirements into U.S. regulations and are expected to
beginto draft theserulesin 2012. Themarginal capital required for OTC derivative
transactions under the general rulesis generally higher than that which is required
for large institutions using the advanced approach methodol ogy, but haslittleif any
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correlation with current risk management practice at most sophisticated financial
ingtitutions. Going forward, we do not think it will have any impact on market pricing,
whichismorelikely to reflect the risk sensitive measures detailed in Basel |11 that
more closely coincide with current practice.

VI. CONCLUSIONS

The regulatory framework created by the Dodd-Frank Act and the Basel 111
accord will significantly change the economics and pricing of OTC derivative
transactions. Mandatory clearing and initial margin for non-cleared transactions,
combined with increases in regulatory capital requirements, will affect end user
transaction costsfor both vanillaand customized transactions. Bilaterally executed
transactions will become increasingly expensive, which should prompt many
participants to adopt hedging strategies that minimize the amount of risk executed
in that manner. We have shown how this can be done by replicating customized
transactions with a combination of vanillaand customized basis trades.

Firms can significantly reduce their margin, capital, structural, and execution
cost by maximizing the amount of market risk transferred through SEF-executed,
cleared transactions rel ative to the amount of risk traded bilaterally. Central to this
will be an approach that allows firms to maximize the amount of bilateral netting
with dealer counterparties. Those firms able to net significant portions of their
incremental risk will be less affected by capital, margin, and structural costs.

They will, however, beincreasingly affected by differencesinliquidity existing
between SEFsand bilateral execution. Thisismitigated through the same approach,
which separates risk transfer from customization and executes the two separately
whenever possible.

Ultimately, we expect many end usersto employ hedging strategiesthat separate
risk and execution from customization, enabling them to achieve the most cost
effective and capital efficient transaction. This should lead to increasingly
standardized SEF-executed transactions for transferring market risk and bilateral
basis transactions for customization.

APPENDIX A

In order to illustrate and evaluate the impact on participants and their
counterparties, we have estimated the capital charge for vanilla at-the-money 5-
year and 10-year interest rate swaps for counterparties of varying credit quality.
Future interest rates were modeled by Brownian motion with a constant volatility
of 30% and zero drift. Expected exposures are calculated assuming a flat yield
curve of 3.00%, with parallel shifts in rates. EEPE is calculated according to the
formulas used in the Basel framework and observed for one year to estimate EAD.
PD estimates according to rating category were taken from Deutsche Bank’s Pillar
3 Disclosure in its 2010 Annual Report. LGD is set at 50%. CVA Var is calculated
using the Standard Method from Basel 111 aslisted below. End user funding levels
are aggregate CDS spreads for corporate firms taken from Moody'’s.
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EEPE Calculation

Expected exposure as a percentage of notional iscalculated in the table bel ow.
Forward rates were modeled from a flat interest rate curve of 3.00% using an
annualized volatility equal to 30.0%. Expected exposures were calculated by
simulation of rates over 1,000 paths.

5year svap 10 year swap
Expected Exposur es Expected Exposur es
Forward  Expected Forward  Expected
Yeas Rates Exposure Y ears Retes Exposure
025 3.1645 0.72 025 31645 137
05 3.2281 0.95 05 32281 185
075 3.2896 114 0.75 3.2896 2.30
1 33202 119 1 33202 247
125 3.3619 127 125 33619 273
15 3.3956 1.30 15 3.3956 290
175 3.4230 129 175 34230 3.02
EEPE 0.80 EEPE 1.60

EEPE was calculated as the time weighted average over the first year horizon.
Capital Calculation

Capital was calculated according to the formula contained in Basel 11 and this
paper. PD estimates were obtained from the Pillar 3 Disclosure from Deutsche
Bank’s 2010 Annual Report. LGD was assumed equal to 50%.

EAD =dpha(1.4) * EEPE Capital Requirement: No collateral
Notiond 100,000,000
Maturity Syear swap 10 year swap
Credit Rating PD LGD EAD= 0.80 EAD= 160
AAA 0.03% 50% 25814 51,527
AA 0.03% 50% 25814 51,527
A 0.07% 50% 39,949 79,782
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EAD =dpha(1.4) * EEPE Capital Requirement: No collateral
Notiona 100,000,000
Maturity Syear swap 10 year swap
Credit Rating PD LGD EAD= 0.80 EAD= 160
BBB 0.32% 50% 82,329 164,336
BB 1.12% 50% 127,634 254,768
B 3.93% 50% 168,747 336,835
CCC 22.00% 50% 266,308 531,576
rvdue bvalue k value
AAA 0.24 0.32 0.02
AA 0.24 0.32 0.02
A 0.24 0.27 0.04
BBB 0.22 0.19 0.07
BB 0.19 0.13 011
B 0.14 0.09 0.5
CCC 0.12 0.04 024
Capital Requirement: Collateral 10 Day
Notional 100,000,000
Maturity 5 10
5yr swep 10 yr swap
Credit
Rating PD LGD EAD =0.41 EAD= 0.76
AAA 0.03% 50% 9,445 17,580
AA 0.03% 50% 9,445 17,580
A 0.07% 50% 14,618 27,207
BBB 0.32% 50% 30,124 56,069
BB 1.12% 50% 46,701 86,923
B 3.93% 50% 61,745 114,922
CCC 22.00% 50% 97,443 181,364
rvalue b value k vdue
AAA 0.24 0.32 0.02
AA 0.24 0.32 0.02
A 0.24 0.27 0.04
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Capital Requirement: Collateral 10 Day
Notional 100,000,000
Méturity 5 10

5yr swep 10yr swap

Credit

Rating PD LGD EAD =041 EAD = 0.76

rvalue bvalue k vdue

BBB 022 0.19 0.07

BB 0.19 0.13 0.11

B 0.14 0.09 0.15

CCcC 012 0.04 0.24

Collateralized Holding Period EE

The EAD for collateralized transactions were calculated as the expected
exposure at the end of the collateral holding period (“H”) using a scaled volatility
(30% x (H/250)"0.5).

CVA Var Charge

The CVA Var capital charge was calculated using the formula listed below.
The charge was calculated assuming no CVA hedge, using EADs calculated for
uncollateralized and collateralized swaps. The counterparty weights from the
standardized formula were used.

CVA Var Charge: Uncollateralized
Sandard method M = 5 10
EAD = 1,121,943 2,239,499

Discounted EAD 992,691 1,762,348
Credit Rating Basl Il Weights Std CVA Chg (K)
AAA 0.70% 80,954 287,439
AA 0.70% 80,954 287,439
A 0.80% 92,519 328,502
BBB 1.00% 115,649 410,627
BB 2.00% 231,297 821,254
B 3.00% 346,946 1,231,881
CCcC 10.00% 1,156,485 4,106,271
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CVA Var Charge: Collater alized 10 day holding period

Sandard method M= 5.00 10
EAD = 410521 764,078
Discounted EAD 363227 601,283
Credit
Rating Ba=l 111 Weights Sd CV A Chg (K)
AAA 0.70% 29,621 98,069
AA 0.70% 29,621 98,069
A 0.80% 33853 112,079
BBB 1.00% 42316 140,099
BB 2.00% 84,632 280,198
B 3.00% 126,948 420,297
CCC 10.00% 423160 1,400,989
CVA Var Charge: Collater alized 20 day holding period
Sandard method M= 5.00 10
EAD = 608,260 1,132,137
Discounted EAD 538,1% 890,923
Credit
Rating Ba=l 111 Weights Sd CV A Chg (K)
AAA 0.70% 43890 145,309
AA 0.70% 43890 145,309
A 0.80% 50,160 166,068
BBB 1.00% 62,700 207,585
BB 2.00% 12539 415,170
B 3.00% 188,09 622,755
CCC 10.00% 626,997 2,075,850

Standardized CVA risk capital charge:*

K=233x Yhx V[ D, 05xw, x (M, x EADI™ - M x B,) -

ing Wina X Mijng % Bina)® + 20-75><Wi2 x(M; x EAD["™ — M x B, ) ]

4. Basel Committee on Banking Supervision, Basel 111: A Global Regulatory Framework for More
Resilient Banks and Banking Systems, Bank for International Settlements, December 2010 (rev. June

2011).
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Where:
* h isthe one-year risk horizon (in units of ayear), h = 1.

* w, isthe weight applicable to counterparty ‘i’. Counterparty ‘i’ must be
mapped to one of the seven weights wi based on its externa rating, as
shown in the table of this paragraph below. When a counterparty does
not have an external rating, the bank must, subject to supervisory approval,
map the internal rating of the counterparty to one of the external ratings.

* EAD," is the exposure at default of counterparty ‘i’ (summed across
its netting sets), including the effect of collateral asper the existing IMM,
SM, or CEM rules as applicable to the calculation of counterparty risk
capital charges for such counterparty by the bank. For non-IMM banks
the exposure should be discounted by applying the factor (1-exp(-
0.05*M,))/(0.05*M "%, For IMM banks, no such discount should be
applied as the discount factor is aready included in M..

* B, isthe notional of purchased single name CDS hedges (summed if
more than one position) referencing counterparty “i” and used to hedge
CVA risk. This national amount should be discounted by applying the
factor (1-exp(- 0.05* M "*%))/(0.05* M. "),

*B,_, isthefull notional of oneor moreindex CDSof purchased protection,
used to hedge CVA risk. This notional amount should be discounted by
applying the factor (1-exp(-0.05*M, ))/(0.05* M, ).

*w. ,istheweight applicabletoindex hedges. The bank must mapindices
to one of the seven weights wi based on the average spread of index
‘ind’.

* M. is the effective maturity of the transactions with counterparty “i.”
For IMM banks, M, isto be calculated as per Annex 4, paragraph 38 of
the Basel Accord. For non-IMM banks, M. is the notional weighted
average maturity. M, should not be capped at five years.

» M is the maturity of the hedge instrument with notional B, (the
quantities M "B, are to be summed if these are severa positions).

* M, , isthe maturity of the index hedge “ind.” In case of more than one
index hedge position, it isthe notional weighted average maturity. For any
counterparty that isalso aconstituent of anindex onwhichaCDSisused
for hedging counterparty credit risk, the notional amount attributable to
that single name (as per itsreference entity weight) may, with supervisory
approval, be subtracted from theindex CDS notional amount and treated
asasingle name hedge (B,) of theindividual counterparty with maturity
based on the maturity of the index.
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Theweights are given in thistable, and are based on the external rating of the
counterparty:

Rating Weight w;
Externd Rating Wi
AAA 0.7%
AA 0.7%
A 0.8%
BBB 1.0%
BB 2.0%
B 3.0%
CCC 10.0%

Basal 11l CVA Formula:

T -t 1
CVA= (LGDMKT)-ZMax(O; exp(——félD = J—exp[——LGS‘D ' JJ
MKT MKT

-1

(EE,_l-D|_1+EE| -Dlj

2

Where:
» t. isthe time of the i-th revaluation time bucket, starting fromt, = 0.

* s, is the credit spread of the counterparty at tenor t.
* LGD,,, ; is the market-based loss given default of the counterparty.
* EE, is the expected exposure to the counterparty at revaluation timet..

* D, is the default risk-free discount factor at time ti, where D = 1.

APPENDIX B

List of Acronyms

Act The Dodd-Frank Act
BHC Bank Holding Company
Board Federa Reserve Board
CCP Central Counterparty
CCR Counterparty Credit Risk
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CDS Credit Default Swaps

CEM Current Exposure Method

CFR Code of Federal Regulations

CFTC Commodity Futures Trading Commission
CME Chicago Mercantile Exchange

CSA Credit Support Annex

CVA Credit Value Adjustment

EAD Exposure at Default

EPE Expected Positive Exposure

EU End User

FCM Futures Commission Merchant

FDIC Federal Deposit Insurance Company

ICE InterContinental Exchange

IDCG International Derivatives Clearing Group

M Initia Margin

IMM Internal M odels M ethodol ogy

IOSCO  International Organization of Securities Commissions
IRS Interest Rate Swap

LCH London Clearing House

LGD Loss Given Default

MSP Major Swap Participant

NCC Net Clearing Cost

NGR Net to Gross Ratio

ocCcC Office of the Comptroller of Currency
OoTC Over the Counter

PD Probability of Default
PFE Potential Future Exposure
SD Swap Deder
SEC Securities Exchange Commission
SEF Swap Execution Facility
Var Value at Risk
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A HALF-CENTURY OF PRODUCT
INNOVATION AND COMPETITION
AT U.S. FUTURES EXCHANGES

Michael Gorham and Poulomi Kundu*

This paper explores the last 55 years of product innovation and competition
at U.S. futures exchanges. We find that in general innovations perform better
than imitations and product extensions. We find that one exchange has been a
more aggressive innovator, imitator, and product extender than other exchanges
and has grown to dominate the market. We find that interest rate contracts
have generally outperformed others, that the 1980s was the golden decade of
successful product innovation, and that there is evidence of a first mover
advantage in product competition and of a liquidity driven monopoly effect.

n 1955, there were 61 futures contracts listed on U.S. futures exchanges. By
theend of 2010, therewere 916 contractslisted (not including futuresonindividual
stocks).! This 11-fold growth in the number of listed futures products and the
accompanying 668-fold increase in the volume of trading attests to the vigorous
amount of product innovation and the dramatically increased importance of futures
in the financial and commercial life of the country. U.S. futures exchanges have

1. There are approximately 2,000 futures contracts listed on individual stocks and exchange traded
funds (ETFs) at OneChicago, the only surviving U.S. exchange that lists such products. These
contracts are not included in the FIA database we will describe shortly, and this estimate was
obtained from the OneChicago website on October 22, 2011. In addition, we do not include 632 OTC
executed and NYMEX cleared products that are booked into NYMEX clearing via ClearPort. While
these products are registered with the Commodity Futures Trading Commission as futures products
and areincluded in the raw FIA database, they are not competing with other futures exchanges but
rather with the Intercontinental OTC exchange. |n addition, under regulations proposed under Dodd-
Frank, most of the ClearPort products will likely not meet atest that requiresthat certain percentage
of trading must occur on the floor or the exchange's electronic platform.

*Michael Gorham (the corresponding author) is Industry Professor and Director of the Stuart
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been listing new products since they were first created in the 1860s. This process
of product innovation has often been vitally important to growth of an exchange;
for example, the 112-year-old Chicago Mercantile Exchange, would be 1% of its
current size, had it ceased listing new products in the early 1970s. In other cases,
new products provided the path for an exchange to rise from the ashes of disaster.
In 1976, the New York Mercantile Exchange lost its most important product, Maine
Potatoes, due to amajor default caused by a reckless game of bluff by the parties
on both sides of an expiring contract. The exchange shrunk to asliver of itsformer
self and could well have shut down if it had not listed No. 2 Heating Oil futuresand
reinvented itself asthe world’ s biggest energy exchange (Gorham and Singh 2009).

While exchange turnarounds make for a good story, innovation plays a more
fundamental role as a key to the ongoing growth and profitability of an exchange.
The fortunes of futures exchanges depend largely upon the trading and clearing
fees earned from trading volume.? CME Group, which now accounts for over 95%
of U.S. futures volume, derived 82.7% of its revenues from trading and clearing
feesin 2008 through 2010 (CME Group Annua Report 2010). Organic growth in
trading volume® can come from two sources: increased trading in existing products
and trading volume in new products. While exchanges may have some influence
over the first source, via effective marketing, improvements in contract design or
creating pricing incentives for both market makers and traders, trading in existing
products is often driven by factors external to the exchange, such as the market
dynamics of increased price volatility and significant price trends. Exchanges can
have a much greater effect on their total trading volume by creating successful
new futures contracts that fill some market need.

Launching successful new productsinvolves significant uncertainty. Most fail,
though really precise statistics on success and failure of futures contracts have not
been readily available, a situation we intend to remedy in this paper. Few would
have guessed that pork belly futures would be the Chicago Mercantile Exchange's
(CME) leading contract for a decade. And the fact that the CME and the Chicago
Board of Trade (CBOT) each spent about $1 million marketing their new over-the-
counter (OTC) stock index contracts in the mid 1980s only to see both contracts
fail miserably because the market was not yet ready for them illustratesthe potential
cost of failure.

There has long been both industry and academic curiosity regarding how to
create successful products and how to measure that success. Most new contracts

2. In the new world of for-profit, stockholder-owned, publically-traded exchanges, the relevant
performance metric is that profits and trading volumes directly drive the revenue side of profits
through per-contract trading fees. In the old world of member-owned, not-for profit exchanges,
which began to disappear with the Chicago Mercantile Exchange's demutualization in 2000, trading
volumes drove exchange fortunes in a different way. More customer volume translated into more
commissionsfor the floor members acting as brokers aswell as more revenue for the members acting
as market makers.

3. Mergers and acquisitions have been a major source of volume growth for both derivatives and
stock exchanges over the past decade as the shift to electronic trading has significantly increased
economies of scale in the industry, but this is outside the scope of this paper.
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stop trading within afew years. And while there would be universal agreement that
zero trading volume constitutes failure, there has been much less agreement on
where to draw the line between success and failure. The definition of success has
typically relied on the longevity (or lifespan) of contracts or on whether trading
volume hasreached some specified level within aspecified period of time, generally
three years. And the bar has generally risen over time. For example, the following
definitions of success have been used in the literature:

* 1,000 contracts per year (Sandor 1973).

* 10,000 contracts per year (Silber 1981).

* 1,000 contracts per day (250,000 per year) plus open interest of 5,000,

the Wall Street Journal requirement for including a contract in its market

activity listing (Carlton 1984; Black 1986).

* 10,000 contracts per month (Holder, Tomas, and Webb 1999).

Both Black (1986) and Hung et al. (2011) argue that in studies of the effect of
various factors (such as size of the underlying market and volatility of spot market
prices), it is best to forgo these arbitrary measures and simply use actual volume
levels achieved by new contracts. Black, for example uses average daily volume
through the first three years as the dependent variable in her attempt to explain
success. While thisis correct, if we wish to make statements about the numbers or
percentages of new contracts that are successful, we have no choice but to choose
some standards of success.

Early articleswere case studiesfocusing on why aparticular contract succeeded
or failed. Theseinclude Sandor (1973), who explored factorsthat contributed to the
performance of plywood futures, and Johnston and McConnell (1989), who found
bad design behind the failure of the GNMA CDR contract. Nothaft and Wang
(2006) later studied the design of the GNMA CDP futures contract. Silber (1981)
looked at the entire U.S. market and found that of the 130 new contracts listed
between 1960 and 1977 only 24.6% had become successful, measured by trading
at least 10,000 contracts in the third year after launch. He also found that both
exchange size and being the first mover mattered. The five largest exchanges had
success rates twice the level of the five smallest exchanges. And newly innovated
contractswere 50% more successful than were similar contracts created by imitating
contracts at other exchanges.

Carlton (1984) looked at contracts between 1921 and 1983 and measured
contract success by average lifetimes and survival rates. Black (1986) measured
success using the Wall Sreet Journal’s criteria for listing a futures contract,
specifically daily open interest above 5,000 contractsand daily trading volume above
1,000 contracts.

Corkish, Holland, and Vila (1997) focused on product innovation at the London
Internationa Financial Futures Exchange (LIFFE) from 1982 to 1994. They measured
success using contract life spans and trading volume and found that most futures
contract succeeded in the early years of the exchange. They found that contract
success was highly correlated with the size and volatility of the underlying market
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and confirmed the existence of a first mover advantage. The study draws the
conclusion that the determinants of success are large and volatile spot market and
competition.

Industry statements about success and failurein product innovation have often
been seat-of-the-pants estimates. This paper makes use of a largely overlooked
goldmineof data, convertsit into aproduct innovation database and usesit to generate
concrete, hard data answers to a number of questions regarding the innovation
process. A careful analysisof thisdatawill allow usto begin to answer such questions
as.

1. What is the expected lifespan and lifetime volume of a new futures

contract?

2. Whether a new future contract’s success depends on the contract’s

a. underlying asset class.
b. listing exchange.
c. the decade in which the product was listed.
d. degree of innovation, that is, whether the contract is
i. atrueinnovation.
ii. aproduct extension listed at the same exchange.
iii. animitation product listed at a competing exchange.

3. Do new listingsin aparticular asset classcomein clusters as exchanges

compete for market share?

4. To what extent do exchanges have monopoly positions in specific

product listings?

5. When exchanges compete head-to-head with nearly identical products,

how long does it take for one exchange to emerge as the dominant or

exclusive market?

6. Are competitions between exchanges for nearly identical contracts

always winner-take-all events? When are they not?

7. Towhat extent do these monopoly positionsinindividual productsextend

to asset classes?

8. With increased innovation and proliferation of products, has the share

of trading volume concentrated in the highest volume products declined

significantly over time?

The purpose of this paper istwo-fold. First we will update some conventional
metrics and present some previously uncalculated metrics on the process and
performance of product innovation in U.S. futures markets over the past 55 years.
Second, wewill examine the extent to which afirst mover (or innovator) advantage
and liquidity-driven monopoly play arole in exchange competition over products.
The paper isorganized asfollows. Section | describesthe original FIA data source
and how we have created a product innovation database that should be useful to
other researchers. Section |l lays out the descriptive statistics of a half century of
product innovationin U.S. futures markets, something heretofore not readily available.
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Section 11 examinestherole of first mover advantage and liquidity-driven monopoly
in product competition among exchanges. Section IV explores the paper’s
conclusions.

I. THE DATA: SOURCE AND ENHANCEMENTS

Since 1955 the Futures | ndustry Association (FIA) has been collecting monthly
and annua volume data directly from exchanges. In its annual version, the data
consists of all futures contracts that had some trading volume during the prior year.
Contracts are organized by thelisting exchange. So for each year, the FIA provides:
the exchange name, the contract name, the contract size (e.g. 5,000 bushels for
wheat), the contract category (five categoriesincluding agricultural, equity, interest
rate, etc.) and volume of trade (i.e., the number of contracts traded that year).
There are no other descriptors in the raw data.

Our objectivewasto use thisdatato build a database useful for describing and
studying product innovation and competitioninthe U.S. futuresindustry. Whilethis
study focuses on the U.S. futures market, the FIA data also include the volume of
options contracts traded at U.S. futures and options exchanges.

We have inferred from this data that a contract started life in the first year for
which a volume number is displayed and ended its life in the last year in which a
non-zero volume number wasdisplayed. For example, AnhydrousAmmoniafutures
first show volume in 1992 and continue to do so through 1997 when 19 contracts
weretraded. In 1998 and subsequent years no volumeis shown. We infer from this
that this fertilizer contract started sometime in 1992, died sometime in 1997, and
had a life of 6 years. Because the data are annual and do not tell us the date on
which the contract started and stopped, the actual life could have been as little as
four years or as much as six years.*

In cases where contract volume numbers appear for one or more years, then
stop, then start showing volume again without a change in size, we calculate the
contract’s life span as the number of years for which the contract shows non zero
volume. For example, French Franc futures started trading at the CME in 1974 and
traded till 1990. There was no volume during 1991 and 1992. However, the years
1993 and 1994 show volume again. In such cases, we consider the life to be 19
years.

A. Innovations, Imitations, and Product Line Extensions

The major enhancement we have made to the FIA dataisto tag every one of
the 916 new contracts with one of three labels:

e Aninnovation.

4. The actual life would have been just over four years (if it started at the end of 1992 and died in the
first days of 1997) or as much as six years (if it started on January 2 and died on December 30).
Given a 1992 start and a 1997 end, we can thus infer that the life of this contract was four, five, or
six years. Which ismost reasonable? Assuming that contract births and deaths are uniformly distributed
over the year, the inference that minimizes errors and gets closest on average would be the middle
one.
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* An imitation — an imitation of a contract previously traded at another
exchange.
* A product extension —a variation on a contract previously listed at the

same exchange.

Deciding the definition of “innovation” wasthe most difficult part of preparing
the contracts for analysis. At one extreme, one could argue that there have only
been ahandful of trueinnovationsin futures markets: thefirst agricultural product,
thefirst currency, thefirst interest rate, thefirst equity index. While this might seem
reasonable, it isnot useful for analyzing the competition among exchangesto offer
products that satisfy customer needs. While cattle, hog, corn, and wheat futures
areall agricultural products, each offers pricerisk management toolsfor very different
needs, and we considered the first futures contract in each one of these categories
asan innovation.

Likewise, the first interest rate futures contract was the mortgage-backed
security issued by Ginnie Mae, the GNMA collateralized depository receipt (GNMA
CDR) in 1975 at the CBOT, clearly aninnovation. Thefollowing year, U.S. Treasury
bill futures were launched at the CME, which we also tagged as an innovation,
because it was a different issuer. When the U.S. Treasury bond was launched a
year after T-hills, we tagged it as a separate innovation, because though it was the
sameissuer, it was ashort-term discount i ssue as opposed to thelonger-term coupon
instrument. Finally, when two-year Treasury note futureswerelaunched at NY MEX
in 1980, because thiswas another longer-term, coupon Treasury issue, it wastagged
not asan innovation but asan imitation, becauseit waslisted at an exchange different
from theinnovating exchange. NYMEX T-Note failed within ayear, and when the
CBOT started its own 6.5-10 year T-Note in 1982, it was tagged as a product
extension of the T-bond innovation at the same exchange.

In order to ensure consistency of treatment, we had to establish detailed rules
for categorizing the level of innovation of al the products we reviewed.

Aninnovation includes:

1. The first time a new product appears at any exchange.

2. A switch from physical delivery to cash settlement of any product.

The CBOT introduced 10 versions of the GNMA contract with minor

changes. All but the first were product extensions, except for a cash-

settled version introduced in 1986, which we count as an innovation.

3. A movement up or down the processing chain. Gasoline and heating

oil are produced from crude ail, but the first contract in each of these

three distinct products was tagged an innovation.

4. A reductionin contract sizeto retail mini. Most futures contracts have

been designed to appeal to a commercia hedging audience. Exchanges

will make modest changesin contract sizeto better fit commercial needs.

The creation of new, much smaller, retail-oriented versions of existing

contractswasatrend, often highly successful, that began inthemid 1990s.
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We have labeled these new contracts that are at least 50% smaller than
the parent contract as innovations. (About 10% of all innovations were
minis, and if the 46 minis were classified as product extensions rather
than innovations, innovationswould fall to 362 and extensionswould rise
to 365.)
5. Aswitchfrom U.S. toforeign delivery, thusreflecting pricein adifferent
market (e.g., CBOT’s South American Soybeans were an innovation).
6. Switchfrom single par gradeto index of multiple gradesand locations
(generally captured under the cash settlement change mentioned earlier).
7. For currencies. different currency pair. Same currency pair switching
from American to European pricing is not an innovation.
8. For interest rates:
a. Different issuer. The U.S. Treasury, U.S. government agencies,
municipal entities, corporations, and each foreign entity are different
issuers. So, the first German government bond and Argentine FRB
bond are both innovations, but the Brazilian El bond and Brazilian C
bond would not both be innovations unless they were issued in the
same year. (They were in fact both issued by the CME in 1996 and
because we could not tell which came first, they were both tagged
asinnovations.) CBOT Commercial paper futureslisted by the CBOT
in 1997 was the first corporate issue of short-term paper and was
tagged aninnovation.
b. Different currency of issue. Eurodollars, Euroyen, Euromark and
EuroCanada were all tagged as innovations.
c. Short-term, discounted instruments are different from longer-term,
coupon instruments. (The maturity divide is typically at one year.)
So Treasury notes and bonds of all maturities are all considered the
sametypeinstrument and only thefirst of all these, the 1977 listed T-
bond istagged an innovation.
9. For stock indexes: We explored criterialike market capitalization, style,
sector, and publisher as ways to segment the 132 equity indexes into
different homogenous groups, and it may be possible to do thisin a
reasonableway. However, unlike most assets underlying futures contracts,
equity indexesaregenerally protected intellectual property and most indexes
are licensed by publishers to exchanges on an exclusive basis (with
exceptions like Russell, which for years granted only non-exclusive
licenses). This makes head-to-head competition difficult. Two exchanges
can list identical corn contracts, but only the CME can list the S& P 500.
So we have taken the approach of treating most equity indexes as
innovations. Exceptionsinclude:
a. When an exchange changesthe dollar multiplier onitsstock index,
we tag that an extension. For example, the CME listed the S& P 500
in 1982 withamultiplier of $500. In 1994, it listed anew version with
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Figurel. New ContractsL aunched Annually 1956-2010.
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amultiplier of $250, because the index had increased so much that
the contract value and associated margins had gotten quite large.
We tagged the new contract as an extension of the first.

b. When an exchange lists an index that had already been listed at
another exchange. The CBOT licensed and listed the Nasdag 100
index in 1985 when there was not sufficient interest in the market
and the product died the next year. Eleven years later in 1996, the
CME licensed and listed the same index. We tagged this as an
imitation.

A product extension is when an exchange makes a size, grade or location
change in one of its previous innovations, other product extensions, or imitations.
The only exceptions as noted above are when the size change isto aretail mini, or
the delivery location is switched to a foreign country, either of which causes the
product to be considered an innovation. Note also that there are only two sources
of information regarding contract specifications: the contract size or index multiplier
(which is generally given in the FIA reports) and the contract name (which might
indicate a change in delivery location). For example, in 1964 the CME listed the
first Live Cattle contract, clearly an innovation. The following year it listed aLive
Cattle Western contract alongside the first. From the name, we knew this referred
to adifferent delivery location and tagged it an extension. However, if a contract
undergoes asignificant changethat is captured in neither the size nor the name, our
system will not capture it as a product extension.

An imitation occurs when an exchange lists a product previously listed by
another exchange, whether the new product isidentical to or differsby size, grade,
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or location from that of the other exchange. The only exceptions as noted above
arewhen the size changeisto aretail mini, or the delivery location is switched to a
foreign country, either of which causes the product to be considered an innovation.

II. DESCRIPTIVE STATISTICS ON PRODUCT INNOVATION IN
U.S. FUTURES MARKETS

Before we examine the metrics generated from the 1955-2010 data, we must
first make ageneral point. During thefirst 110 years of organized futurestrading in
the United States, al futures contractswere based on physical commodities, mainly
agricultural products. Then, in a concentrated period of a single decade (1972 to
1982), there were three key, and overlapping, waves of innovation that literally
reshaped the industry. Foreign exchange futuresbeganin 1972, interest rate futures
in 1975, and stock index futuresin 1982. While there has been atremendous amount
of innovation during the subsequent 28 years, today’s blockbuster contracts, which
have been the main drivers of growth, are those that were either created during this
decade, or are product extensions of those earlier contracts.

A. Innovative Activity

1. Creation of New Contracts 1956—2010

During the 55-year period, U.S. exchanges listed 916 new contracts, about 17
per year on average. Most prevalent were actual innovations (44%), followed by
product extensions (35%), with imitations by other exchanges asthe least common
type of new contract listed (21%).

Figure 1 makes clear that the frequency of new contract launches has changed
markedly over the years. First, there has been a secular increase in annual new
product launches during this half century period. The 1950s and 1960s were rather
sleepy with new launches averaging about five per year. There was a burst of
activity inthe 1970s, when the number of new product launchestripled to about 15
per year. Therewasahit of alull inthe 1980s, but beginning in the 1990s, there was
another explosion in new product development that peaked at 65 new productsin
2007. Whilethere was alot of year-to-year variation, almost every decade has had
more new products listed than the decade prior.

Why did the growth in new product launches accel erate from 2001 to 2008?
There were two major forces that made the process of product innovation easier,
cheaper, and more enticing during the last decade of our study period. Thefirst was
the passage of the Commaodity Futures Modernization Act in December of 2000,
which allowed exchanges to list products much more quickly and easily and with
less labor. In the old world, exchanges wishing to list new products were required
to create athick document that explained and justified every term and conditionin
the contract and explain the economic purpose of the new contract, specifically
how it would be used to reduce commercial risk. It would take months, and sometimes
over ayear, to create this document, referred to as the Contract Justification. Once
the CFTC received the proposed futures contract, it then had up to 12 months to
approveit.
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Exchanges argued to Congress that they were at a competitive disadvantage
to European exchanges, which could get new products approved in a matter of
weeks. So Congress inserted a provision in the new legislation that said only two
things needed to be given to the CFTC: acopy of the proposed contract and aletter
from the exchange certifying that the new product was consistent with al applicable
lawsand regulations. Having so certified the contract, they could list it the next day.
It was now up to the CFTC to do the research required to see if the contract did
actually comply with all laws and regulations.

The second force that made product innovation easier was the switch from
floors to screens, which began more serioudly at the two large Chicago exchanges
in 2003—2004 when they were faced with serious competition from anew Chicago
subsidiary of thegiant, all-electronic, German exchange, Eurex. Electronic exchanges
significantly reducethe cost of listing new products. Inthe earlier floor-based world,
new products needed floor space and bodies on the floor to make markets in the
new products. In the electronic world, all that is needed isalittle space on aserver.
Economies of scalein an electronic world become huge, and exchangestry to race
each other down the average cost curve.

2. New Contracts by Commodity Category

Even though they were not introduced until 1972, over half of al new contracts
listed during the 55-year study period were financial (see Table 1) and the most
frequently listed categories of product were foreign exchange (238), followed by
agricultural products (200), equity products (132) and interest rates (129). Energy
futures contracts, after excluding the OTC ClearPort products, which are cleared
but not traded on NYMEX, were ranked sixth out of eight. Metals were last.

We noted earlier that overall new products were largely innovations (44%),
then product extensions (35%) and finally imitations by other exchanges (21%). It
is striking that none of the individual commodity groups followed that pattern.
Agricultural products were mainly product extensions — not a surprise as cash
market grades, weights, and delivery procedures evolve over time and futures
contracts are redesigned to reflect these changes. Also, many of the agricultural
innovations took place before 1955. Only foreign exchange and equities had more
innovations than imitations and extensions. And the fact that 92% of all equities
wereinnovationsisamanifestation of our classification of each exclusively licensed
stock index as an innovation. Russell stood out from other index publishers by
granting non-exclusivelicensesuntil just recently. Therearejust under 200 countries
in the world and the fact that there were 98 FX innovations suggests that there are
futures contracts on close to half those currencies.

Looking at the pattern of new contract launches over the 1956-2010 period
(Figure 2), new products were almost exclusively agricultural until the 1972 launch
of seven new currency futures contracts by the CME, and in 1970 U.S. exchanges
listed an all time record 19 agricultural contracts. Financial products (currencies,
theninterest rates, and then equities) took over most of the new product momentum
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Figure2. New Contractsby Commodity Category.
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beginning inthemid 1970s, and after 1975 the number of new agricultural contracts
never exceeded five in any year.

3. New Contracts by Exchange

Only six of today’s futures exchanges existed at the beginning of our study:
the two large Chicago (CBOT and CME) and two smaller New York exchanges
(NYMEX and ICE, both the results of mergers and purchases along the way) and
the two tiny regional exchanges (KCBT and MGE). The larger exchanges were
much more aggressive at listing new contractsthan werethetiny regional exchanges
(Table 2). Could the regionals have become large exchanges had they worked
harder at launching new contracts? It is doubtful. During the floor trading era, all
important financial exchanges, both for securities and derivatives, were located
only in the biggest financial and commercial centers. Only in the more recent
electronic eradid non-New York securitiesexchanges such asBATS start devel oping
serious market shares. So no matter how many new contracts Kansas City and
Minneapolis listed, it is doubtful they could have won serious market share. In
addition, Minneapolis listed about twice as many new contracts as Kansas City but
had |ess than one-third the volume of its Midwestern rival.

What is absolutely clear is that the CME, the exchange that eventually won
the decades-long battle with the older and larger CBOT, trumped itslarger opponent,
and everyone else, in al measures of new products. Over the 55-year period, the
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Table2. New Contracts — by Exchange (1956-2010).

Years Totd New : . .

Exchange Exchqnge N contracts Innovations  Imitations Extensons
Business
(1956-2010)

CME 56 279 131 54 94
ICE 56 217 99 48 70
CBOT 56 161 70 17 74
NYMEX 56 101 38 17 46
Others* 54 74 22 37 15
CFE 7 24 23 1
CCFE 5 20 10 1 9
MGE 56 17 6 3 8
KCBT 56 9 5 2 2
NYSELIFE 3 8 4 4
ELX 2 6 5 1
Total 916 408 189 319
Other* exchanges (orphaned exchanges) include ACE, BTEC, InCuEx, MBOTCA,
MWGE, NFX/PBOT, SGE, 9L M, US Futures Exchange/EUREX US and WCCE.
Table 2a. New Contracts — Orphaned Exchanges (1956-2010).

E;( zrs Totd
Exchange _=xchange New Innovations  Imitations Extensons

in Business Contracts

(1955-2010)
USFE/EUREX 5 0 15 17
us
PCE 5 10 3 3
WCCE 5 8 3 5
NFX/PBOT 9 8 8
ACE 3 3 3
BTEC 3 3 3
INCuEX 4 1 1
SLM 1 1 1
SGE 5 0 0 0 0
MWGE 11 0 0 0 0
MBOTCA 10 0 0 0 0
Total 74 22 37 15

CME had 90% more innovations, 218% more imitations, and 27% more product
extensionsthanitscross-townrival. In 2007, the CME bought thelong-timeworld's

largest derivatives exchange.

Note that Table 2 lists all exchanges that were active at the end of the study.
The group of exchanges under the label “ Others’ are al the orphaned exchanges,
exchangesthat had active trading at some point during the 1955-2010 period, were
not absorbed by another exchange, but just turned out their lights and went out of
business. These exchanges arelisted in Table 2a. Note that most were not in business
long, at least during our study period, and did not list many new contracts. Thethree
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Table 3. Average New ContractsPer Year by Exchange 1956-2010.

Years Total
Exchange  Exchangein New Innovations Imitations Extensions
Business Contracts

CME 55 5.1 2.4 1.0 17
CBOT 55 2.9 13 0.3 13
NYBOT 55 2.4 1.0 0.4 1.0
NYMEX 55 1.8 0.7 0.3 0.8
ICE 51 17 0.8 0.6 0.3
USFE 5 8.0 3.0 3.4 1.6
CFE 7 3.4 3.3 0.1 0.0
CCFE 5 4.0 2.0 0.2 1.8
MGE 55 0.3 0.1 0.1 0.1
KCBT 55 0.2 0.1 0.0 0.0
NYSE

LIFE 3 2.7 13 13 0.0
NFX 9 0.9 0.0 0.9 0.0
ELX 2 3.0 0.0 25 0.5
INnCuEx 4 0.3 0.3 0.0 0.0
Others 42 0.6 0.1 0.3 0.2

orphaned exchanges that started before 1956 did not list a single contract during
the 5 to 11 years they were in business during the study period. The exception was
the very aggressive USFE, which listed more contracts per year of life than any
other exchange. This was not good enough to keep the USFE from going out of
business.

But given that the CME and other exchanges were in business during the
entire 55-year study, while others have been around less than a decade, it is
appropriate to take alook at the rate of innovation per year during the period each
exchange conducted trading operations (Table 3). By this measure, several of the
newer exchanges were more aggressive developers of new products. The CBOE
Futures Exchange (CFE) listed the most innovations per year. New exchanges
start out with no business, and it isrisk reasonabl e that they would befairly aggressive
at listing new contracts, sincethey know that only aportion of new contracts succeed.
But aggressive listing of new products is not sufficient to ensure an exchange's
success. Of the four new exchanges that were most active, CCFE lost volume
rapidly after it was clear that the U.S. Congress was not going to adopt cap and
tradelegidation, thus making its emissions contracts much less compelling. And the
CFE, which listed 3.3 innovations each year during its seven years of life, hit on
only one winner, the VIX, which in 2010 accounted for 99.8% of itstrading. EL X,
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which copied the strategy of Broker Tec and the USFE, by listing the major Treasury
contracts of the CBOT, had an average record of launching new contracts, but had
by far the highest volume of all the new entrants. A likely reason for thisis because
ELX is owned by some of the biggest financial trading institutions in the world,
which have an interest in creating competitive pressure on CME Group to keep
trading fees down and are thus likely to direct a portion of their ordersto ELX.

It isalso useful to take alook at which commodity categories each exchange
has chosento specializein (Table 4). For example, whilethere were eight exchanges
that listed 238 foreign exchange contracts, 83% of these contracts were at two
exchanges: the CME and ICE/NYBOT. The CME was the innovator, listing the
first successful currency contractsin 1972. Thefirst currency futures was actually
listed in 1970 at the International Currency Exchange (which called itself ICE, but
which we have listed as InCuEx, to avoid confusion with the modern ICE Futures
U.S. owned by the Intercontinental Exchange and listed simply as ICE in these
tables). Because this was during the time that the Bretton Woods fixed exchange
rate systemwasstill in place, thisfirst contract was premature and failed. Realizing
that the CME had aready created liquid markets in the major currency pairs, the
FINEX subsidiary of the Cotton Exchange, which became absorbed into NYBOT
and was later purchased and renamed | CE Futures US, decided to specialize in the
dollar versus atrade weighted basket of currenciesaswell asin currency pairsthat
did not include the dollar, the latter referred to as cross rates.

There are similar storiesin each commodity group. Take equity index futures.
The innovator was the KCBT which listed the Value Line index a few months
beforethe CME listed the S& P500in 1982. The original KCBT innovation is now
dead and the CME’s S& P 500, or more specifically the E-Mini S& P 500, a 1997
version with amultiplier one-tenth the size of the original contract’smultiplier, isthe
largest in the world. While nine U.S. exchanges have listed 132 equity indexes
since 1982, only five now have contracts. One contract, the E-Mini S&P 500,
accounted for 75% of all U.S. equity index futures trading volume in 2010 and the
CME’s total market share of equity index futures was 89%.

In some instances a government action drives exchangesto list products all at
onetime. Thereis no better example than Congress' decision, effective December
31,1974, torepeal the Gold ReserveAct of 1934, making it again legal for Americans
to own gold. Five exchanges launched gold contracts on December 31.5 By 2010,
only one of the original five exchanges still listed gold (COMEX) as did one new
competitor (NY SE LIFFE).

5. There was actually an earlier attempt. One exchange, the West Coast Commodity Exchange
(WCCE), believing it had found aloophole in the Gold Reserve Act that allowed Americans to hold
gold coins minted prior to 1934, launched a gold coin futures contract on July 20, 1971. Under very
heavy pressure from the U.S. Treasury, the WCCE halted trading in less than a week. And two New
York exchanges which were planning their own contracts on placer gold, the gold nuggets found in
rivers and streams, decided not to move forward. (The Gazette, Emporia, Kansas, August 4, 1971, p.
4, reprinted from Barron’s).
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Table5. Lifesgpan of New Contracts(in Years) 1956-2010.
Min. 1¢ Qu. Median M ean 3rd Qu. Max.

Innovation 1 2 3 5.8 6 A
Imitation 1 2 3 4.8 6 37
Extension 1 2 3 6.0 7 4
All New

Contracts 1 2 3 57 7 1%

B. Success of New Contracts

As mentioned, prior research measured success by product lifespan, by
comparing the volume of trading in aspecific year following launch to some specific
benchmark like 1,000 contractsor 10,000 contracts or by volume over some specified
period, like three years. We will show a variation on all these measures plus one
additional measure, the discounted value of estimated trading fees earned by the
exchange for a specific product.

1. Lifespan of Contract

Lifespan of contract is a measure that tells us how long a contract proved to
be useful to the marketplace, but it sayslittle about how broadly useful the contract
is. For example, we cannot say that a low-volume contract that lasts 50 yearsis
more successful than avery high volume contract that lasts 20 years. What may be
most surprising about our 55-year sampleisthat the average contract lastsonly 5.7
years (Table 5). And while product extensions have the longest lives and imitations
the shortest, the differences are a little over a year. Note that the shortest life
possible is one year, which could be anywhere from one day to 364 days because
we are using annual data. Any contract showing volumein oneyear only isgiven a
lifespan of one year. The longest life possible is 55 years for a product that was
launched in 1956 and still trading in 2010. In fact, thelongest lived innovation was
54 years, while the longest lasting product extensions and imitations were over a
decade shorter.

2. Lifetime Volume of New Contracts

A much better measure of contract successisthetotal lifetimevolume generated
by that contract. This measure should be proportional to the value the market puts
on the contract and to the revenues earned by intermediaries, by market makers
and by exchanges. Thisiswhere the true innovations stand out, generating amost
three times the volume of imitations and 50% more than product extensions (Table
6). These numbers suggest that on average the first mover (the exchange with the
innovation) does much better than an imitation or extension of that same contract.
Note that the means are as much as one to two thousand times the medians. This
results from the fact that many contracts generate almost no volume. There were,
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for example, 104 new contractsthat had lifetime volumes of lessthan 100 contracts.
There were, on the other hand, five contracts that delivered lifetime volumes of
over onebillion contracts: Eurodollars, 5.0 billion; E-mini S& P 500, 3.1 billion; 10-
year Treasury notes, 2.3 hillion; Treasury bonds, 1.7 billion; and 5-year Treasury
notes, 1.2 billion.

The shortcomings of both this and the following measure are that they biased
in favor of contracts launched earlier, since earlier launches have more time to
build up their lifetime volume. So new exchanges should often do worse by this
measure, and any comparison across contracts risks false results due to this bias.

3. Present Value of Trading Fees Paid to Exchanges

The logic of this measure is consistent with mainstream financial decision
making. A firm will engage in projects for which the net present value (PV) is
positive. Ideally we would take the costs of creating, listing, and maintaining anew
product and then cal culate the revenues the new product bringsin and subtract the
present value of the revenues from the present value of the costs. Traditionally, the
bulk of exchange revenues came from trading and clearing fees, followed by sales
of market data, followed distantly by interest earned, fines levied on misbehaving
members, membership fees, and other modest sources. Whilethereis some anecdotal
information available on costs, accurateinformationisnot readily available, evenin
the annual reports of the publicly traded exchanges. But it would still be helpful to
rank contracts by the present value of the revenues they generated to see if there
were significant differences in revenues among types of contracts.

We should start by saying that we do not know the trading fees that were paid
to each exchange for each contract over the past half century. We also do not
know when fees were discounted for new contracts for market making and other
reasons. These things might be knowable, but it would be difficult to find out. We
have therefore made two simple assumptions. First we assumethat the fee structure
maintained by the CME for a decade or more through the 1980s was used by all
U.S. exchanges from 1955 to 2010. This trading/clearing fee was 75 cents for
customers and 25 cents for members. Second, we assume that the trading mix
between members and non-members was 50-50, which gives us an average $1 fee
collected per contract traded for both sides of the trade.

We would use the weighted average cost of capital to discount these fees, if
exchanges were stockholder-owned firms that issued equity and bonds to raise
cash to fund product development. But for about 80% of the 1955 to 2010 period,
exchanges were not-for-profit, member-owned entities that paid for operations out
of current revenues and avoided the stock and bond markets. So we approach this
by asking what the opportunity cost for member-owners who bought seats was,
and we argue that they would have invested in the stock market, allowing usto use
the compound annual growth rate of the S& P 500 from 1955 to 2010, which was
6.13%. So we use a discount rate of 6% to discount future fees resulting from new
contracts.

Based upon these assumptions, we calculate that the present value of lifetime
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Table 10. SuccessL evel in Fifth Year by Category 1956-2006.
Highly Successful  Moderatedly  Dead Total

Successful
Ag 8% 13% 26% 54% 100%
Other 43% % 16% 33% 100%
Equity 33% ™0 17% 44% 100%
FX 18% V) 39% 38% 100%
Interest 2% 4% 12% 57 100%
NP Metal 9% 18% 27% 45% 100%
Energy 2% 4% 20% 4% 100%
Prec Metal 21% 14% 28% 3™ 100%

revenue generated by the average new contract was $2.1 million (Table 7).
Innovations did about 30% better than the average contract and imitations did only
half aswell. Similar to the case of lifetimevolume, thefirst mover contract generated
about 2.5 times the revenue as the imitation contracts. Note that the single best
performing innovation, Eurodollars, generated a present value of $300 million in
revenue on alifetime volume of 5 billion contracts traded (Table 7).

In order to remove the bias involved in lifetime volume and present value of
lifetime earnings, we al so cal culated the present value of revenues generated in the
first five years and the first 10 years of a contract’s life. While these numbers will
be shared later in the paper (in Table 11) when we compare six different measures
of contract success, wewill say herethat taking ashorter term view makes product
extensions look almost as attractive over 10 years and 50% more attractive than
innovations over afive-year period. In fact, over afive year period, both product
extensions and imitations generate more revenue than do innovations.

4. Volume in the Fifth Year

Some of the earlier research judged success by how actively a new contract
traded in the third year of life. Because of our larger time span, we are giving new
contracts five years to show whether they have traction or not. So for every new
contract we capture how much trading took placein itsfifth year. For example, we
would measure 1984 volume for a contract launched in 1980. Because we use
annual data, we do not know whether the contract started in January or December
of 1980, meaning by the end of 1984 it could have had either afull fiveyearsor only
ahit over four years to develop. This variance becomes less important the further
out we go and is another reason why the fifth year is a better choice than the third
year.
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Prior research looked at a single number that divided successful from
unsuccessful contracts, with variousauthorsusing 1,000, 10,000, 120,000, and 250,000
contracts per year as the threshold for success. Rather than use a single threshold,
we create four categories of success based on volume in the fifth year of trading:

Highly successful — greater than 1 million contracts.

Successful — between 100,000 and 1 million contracts.

Moderately successful — between 0 and 100,000 contracts.

Dead — zero contracts.

Thereisabit of arbitrarinessin choosing any specific definition, but multiple
tiers allow us to recognize that there are levels of success in most endeavors, as
manifested by gold, silver, and bronze in the Olympics.

We notice first that abit more than half of all new contracts have zero volume
in their fifth year (Table 8). We also notice that a visible share of new contractsis
highly successful and that imitations (30% highly successful) do considerably better
than innovations (19% highly successful).

Are some products noticeably more successful than others? We can see from
Table 10 that about half of al new interest rate, agricultural, and energy contracts
have gone to zero volume on or before the fifth year of trading. The fact that
agricultural products die more frequently and are least likely to become highly
successful is consistent with the low hanging fruit theory. Because agricultural
futures contracts have been around since the 1860s, all of the most obvious
agricultural products have aready been converted into futures contracts, leaving
only theleast likely to succeed. One would generally expect the success ratein any
product category to decline over time.

Not al products fit neatly into this theory, but the product categories with the
smallest percentage of highly successful contractsare al so the oldest — agricultural,
metals, and foreign exchange.

5. Consistency of Product Success Measures

We have examined six measures of successin launching new futures contracts.
Do we find that the six measures point in the same direction regarding the best
performing innovation types, exchanges, commadity categories, and time periods?
Whilewe never find perfect uniformity acrossall these measures, we do find strong
tendenciesin the same direction.

Regarding levels of innovation (Table 11), the three most comprehensive
measures of success, lifetime volume, the PV of lifetime revenue, and the PV of
10-year revenue all suggest that innovations are the most profitable new contracts
to launch. Extensions last a few months longer and have the highest PV of five-
year revenuethan do innovations. Also, imitations have the highest fifth year volume.

When we examine success by exchange (Table 12), the CME wins by almost
al measures. The NYMEX’s contracts lasted one month longer on average. It is
well known that from 1955 till 2000, the CBOT had substantially higher volumes
than all other exchanges, so the fact that the CME gradually closed the gap and
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then pulled ahead was due in part to the fact that its new contracts performed
better than the CBOT's.

Isthere consistency among the success measures when applied to commodity
categories? By measures of lifetime volume and revenue, interest rates absolutely
dominated (Table 13). However, by the shorter term benchmarks, equitiesdid better.
This is explained partly by the fact that the first interest rate futures contracts
began in 1975 and had aseven-year lead on the 1982 launch of stock index contracts.
Also, stock index contracts appear to build volume morerapidly on average than do
interest rate contracts. While we have made clear that we do not put much stock in
the lifespan as a measure of success, we note that precious metals last over twice
as long as equity and interest rate contracts. This is due to these contract’s early
starts. Platinum waslisted in 1956, silver in 1963, and palladium in 1968.

We finally apply these six success measures to see which time periods have
generated the most successful contracts (Table 14). By amost every measure, the
1980s was the golden decade for successful launches. The average lifetime volume
of contracts bornin the 1980s was 76.3 million, more than twice any other decade.
Thereisanatural bias herein that contracts launched in earlier decades have more
timeto build lifetime volume. Note however, that the average volumefor 1980 new
listings is over twice that of the 1970s and 65 times that of the 1960s. The 1960s
saw launches exclusively in physical commaoditiesand the 1970smainly in physical
commodities. The 1980swasthefirst decade to be dominated by financial launches,
and financial contracts attracted much more trading than trading in physical
commodities ever did. Note also that one of the few success measures that the
1980s did not win in was volume in the fifth year of trading. The average contract
in the 1990s had built up a volume of one million in the fifth year, compared to
707,200 for 1980s contracts. Part of this was due to the spectacular performance
of the 1997 E-mini S& P 500, which reached 39 million by thefifth year.

III. PRODUCT INNOVATION AND COMPETITION

In contrast to some other countries with a single futures exchange, the U.S.
futures market has been long characterized by anumber of exchanges aggressively
competing for market share. The direct competition over products often involved
the top two exchanges, the CBOT and CME, but there were many cases in which
multiple exchanges would list identical or very similar products about the same
time. Sometimes such multiplelistings are driven by events. For example, when the
law prohibiting Americans from owning gold was eliminated in 1974, there were
seven gold futures contracts listed at five different exchanges within a very short
period of time.

Given thetendency of product competition to be winner-take-all, and the belief
that the winner will generally be the first exchange to build up significant market
liquidity in a new product, acommon exchange strategy is to attempt to befirst in
launching new markets. If one exchange learnsthat another exchangeisdeveloping
anew product, it will attempt to cometo market with the same or similar product as
quickly as possiblein order to minimize the time advantage of its competitor.
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Each exchange in the United States tends to hold a portfolio of monopoly
products. On the day that the CME and the CBOT merged there was no overlap in
their actively traded products. Futures marketstend to beliquidity-driven monopolies,
a variant of the concept of network effects in economics. The reason is that the
more buyers and sellers are present in amarket, the more valuabl e that market isto
all involved because bid-ask spreads narrow, market depth increases, and the market
becomes both less costly and safer (in the sense of being able to easily find a
counterparty) to tradein. Sincethisliquidity isextremely important to traders, they
will always be attracted to markets with greater liquidity, other things being equal.
If one exchange has devel oped substantial liquidity in aproduct, it isvery difficult
for another exchange to list that same product and attract traders to its market.
Even when several exchanges start the same product at about the same time, at
some point one market starts to move ahead in volume and gradually traders leave
thelessliquid market to tradeinthe moreliquid market, typically leaving one exchange
with al the business.

For example, in 1981 three exchanges listed negotiable certificates of deposit
(CD) futures. The CME had an advantage over its two competitors, the CBOT and
the New York Futures Exchange (NYFE), a subsidiary of the New York Stock
Exchange, in that its market makers could hedge their CD risk inaliquid 90-day T-
bill futures market on the CME floor. In the first year the CME had more than
twice the volume of the other two contracts, and within two years volume in the
other two markets had dropped to zero and the CME had 100% market share.

Anecdotes are helpful, but we would like to more rigorously explore this
tendency toward liquidity-driven monopoly by utilizing our half century of new contract
data to test a few propositions.

A. Clustering of New Products around Major Innovations

Istheliquidity driven monopoly principle and thefirst mover advantage sufficient
to cause competing exchanges to react to major new innovations with their own
related productsin such afashion that all activity clustersin avery short period of
time? Figures 3-6 say no. Or more accurately, there is often an initial clustering,
followed by a competitive battle that often continues over decades. Because the
agricultural innovation occurred in the 1860s, long before our data begin, wefocus
on four major innovations: energy, interest rates, foreign exchange, and stock indexes.

1. Energy Clustering

Thefirst energy contract, propane, was launched in 1967, followed by heating
oil in 1974, gasoline in 1981, crude oil in 1983, and then by natural gasin 1990
(Figure 3). Most of the energy contracts during the first 23 years, except for crude
oil and natural gas, died quickly or were lightly traded. NY MEX was pumping out
most of the new products with no competition until 1982 to 1984 when the CBOT
and CME launched a series of crude oil, gasoline, and heating oil products, all of
which died within ayear. So the energy innovation wasaslowly evolving idea, and
there was not a clustering of competing exchanges around the first energy contract.
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2. Interest Rate Clustering

Interest rate contracts experienced a bit more initia clustering (Figure 4). In
1975, the CBOT listed the first of 12 unsuccessful mortgage-backed securities
contracts. The CME followed the next year with a highly successful 90-day T-hill
contract. The CBOT came back in 1977 with two contracts, an unsuccessful
commercia paper contract and another that becamethe most actively traded contract
intheworld for many years— the U.S.Treasury bond contract. Then 1978 brought
interest rate contracts from the CBOT, CME, and the now defunct American
Commaodity Exchange (ACE). This cluster crested with seven contracts in 1979,
with one from the CME and two each from the CBOT, COMEX and ACE. While
the number of interest rate launches fell back, 1981 was notabl e because one of the
five contracts was CME's three-month Eurodollar contract. This is the kind of
competitive clustering we had in mind.

But the broad category of interest rate contracts continued to be fertile and
competitive ground long after thisinitial cluster. In fact from 1975 through the end
of thisstudy in 2010, there was not asingle year without anew interest rate futures
contract. Not only did the exchanges already mentioned stay active, but a series of
three exchanges were created for the express purpose of trying to capture interest
rate market share from the CBOT and sometimes the CME. In 2001, Broker Tec
(BTEC) launched three Treasury bond and note contracts. They were dead by
2003. 1n 2004 and 2005, anew Chicago subsidiary of Eurex (officially registered as
USFE and doing businessas Eurex US), listed six Treasury bond and note contracts.
They also were dead within acouple of years. Finally, in 2009 and 2010, EL X listed
four Treasury bond and note contracts and one Eurodollar contract. In 2010, all of
these contracts traded over one million contracts, and three of them traded over
three million contracts.

3. Foreign Exchange Clustering

Foreign exchange contracts also had a small initial bunching (Figure 5). It
began with a currency index listed by the International Currency Exchanged in
1970. It was premature as the Bretton Woods fixed exchange rate system was still
in place. The CME got things rolling with seven major currencies in 1972 (the
German mark, British pound, Itaianlira, Japanese yen, Swissfranc, Canadian dollar
and Mexican peso). They started slow and took about seven years to really start
taking off. All survived, except the lira. The following year there were another
seven contracts: The CME listed the Dutch Guilder, and six imitationswere launched
by NYMEX and the New York Cotton Exchange, which later merged into NYBOT
and then was purchased by ICE Futures US. In 1974, the CME listed the French
franc and NYMEX added four more FX contracts. Activity then died down for a
while, until the newly created NY SE subsidiary, the New York Futures Exchange
(NY FE) decided to enter the fray with five CME imitationsin 1980. These all died

6. The American Commodity Exchange (ACE) was a short-lived market (1978—1981) that listed
only three products: GNMA mortgage-backed securities, T-bills, and T-bonds.
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Figure3. New Energy Contracts.
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Figure5. New Currency Contracts.

35
30
25
20
15
10

1970

1972 Zj—t—

1974 “m—
1976

Ll

1978 _
1980 T
1982

1984
1986 ==
1988
1990

1992

1994
1996
1998
2000

2002

2004
2006
2008
2010 —

B Foreign

Figure6. New Equity Contracts.

20
18
16
14
12
10

o kB 00

> 4
Nl
Kl

6 2 PSS w@ S

W Equity




134 Review of Futures Markets

the next year. In 1983, the MIDAM came into the arena with five of its signature
mini versionsof full commercial-sized contracts successfully listed elsewhere. These
contracts lasted for almost two decades, until the CME began listing its own mini
Versions.

In 1991, the Philadelphia Board of Trade (PBOT) began building up its own
arsenal of CME look-alike currencies, which never captured any significant market
share, but did last almost adecade. The period from 1991 to 2010 was characterized
by much morelisting activity than occurred around the CME’soriginal 1972 launch.
There were two significant peak listing years. In 1998, there were 32 FX contracts
listed, 31 of them by NYBOT, which was trying to become a second anchor in the
foreign exchange business, by focusing on cross rates (exchange rate pairs that do
not include the dollar), which the market leader, the CME, had largely ignored. The
other spike, 27 FX listingsin 2006, was 100% I CE.

So foreign exchangelistings aso show someinitial clustering, but most currency
futures contracts were listed during a two-decade period beginning 20 years after
theinitial innovation was made.

4. Equity Clustering

The chart of new equity listings (Figure 6) looks remarkably like that of
currencies — some initial competitive clustering, followed two decades later by
much more innovation and competitive activity. In 1982, after an SEC-CFTC
jurisdictional dispute was settled with the Shad-Johnson Accord, four stock index
futures were listed by three exchanges. The KCBT was first with the Value Line,
because it had submitted its application long before the others. It was not an
institutionally important index and never traded very much, but it did last 22 years
beforeit died in 2004. Two months later the CME listed its S& P 500, which went
on to become the most actively traded stock index futures contract in the world.
And the newly created NY FE listed the NY SE Composite along with a Financia
Sector index. The Financial Sector died the next year, but the NY SE Composite
hung on for 21 years. Remarkably, the CFTC approved nine stock indexes in that
first year, though only four were listed. This was because both COMEX and the
CBOT created what were essentially imitations of the S&P 500 and the DJIA,
respectively, and both were blocked in court from listing.

Those first four years saw only 10 equity index contracts listed by four
exchanges— thethree 1982 pioneers plusthe CBOT, which launched two contracts
the next year, neither of which lasted very long. One of the constraints on listing
more productswasthat, unlike corn, cattle, or crude oil, stock indexeswere protected
intellectual property and could only betraded by an exchangeif alicensing agreement
wereput in place. Inthe early years, futureswere viewed asborderlineinappropriate
by the securitiesindustry and Dow Jones, for one, absolutely refused to license its
index for such activity. Fifteen years later, Dow Jones saw how hugely successful
and respectable stock index futures had become, and in need of money it leased its
index to the highest bidder, which happened to be the CBOT and which finally got
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the CBOT back into the stock index business. The thing responsible for creating a
new much larger cluster of listings beginning in 2002 was the fact that index
companies began creating a lot more indexes and new players, like the CBOE
Futures Exchange (CFE), began listing index products. The CFE aone listed nine
stock index contractsin 2005. They all died before the year was out.

B. Is the Principle of Liquidity Driven Monopoly Supported by the
Data?

To what extent do exchanges have monopoly positions in specific product
listings? To test this, we search for product prototypes, such as silver or corn or
soybeans or Treasury hills, and then organize all contractsinto groups around each
of these prototypes. The contracts in a prototype group might be identical or may
differ from one another by size, grade, delivery location, or maturity but are largely
substitutablefor oneanother intrading. If it differs sufficiently, it becomesadifferent
prototype. So soybeans, soybean oil, and soybean meal arethreedifferent prototypes;
they have different uses and values. For example, during our 55-year period there
have been six silver contractslisted at five exchanges, each of them in the prototype
group we call silver. In any given year, there were never more than three silver
contracts actively traded, often only two and occasionally one. Silver coinswere a
separate prototype because coins can have a significant and varying numismeatic
value when compared to silver bars.

1. Is There Only One Active Contract for Each Group of Essentially 1dentical
Contracts?

For each product prototype in each year, we calculate the number of actively
traded contracts associated with that prototype and then take the average number
of contracts per prototype group for that year. In its pure form, liquidity-driven
monopoly would suggest that each group should have only one actively traded product
in each prototype group and that the average for all groups for each year should be
one, except for those cases where the battle for the winning contract has not yet
resolved itself. In those unresolved cases where a number of contracts still have
volume, the number could be two, three, four, or even five.

As can be seen from Figure 7, the number of directly competing contracts has
on average ranged from 1.5 to 2.25 and shown a general decline, bottoming out in
2004 and then risen steadily to about 3.75 in 2010. While we expected this number
to be closer to 1.0, the fact that we have had an average of almost 2.0 suggests
that, despite the expected outcome, we continue to have vigorous competition in
U.S. futuresmarkets. Thissix-year increasein competition may have an explanation.
It was beginning in late 2003 and early 2004 that competition from an electronic
Chicago subsidiary of Eurex pushed the CBOT and CME to shift their members
and customers away from the floor and onto the screen. It may be that as futures
trading has become more completely electronic, exchanges have found that it is
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Figure7. AverageNumber of Essentially I dentical Contractsper Competition.
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Figure8. Dominant Contract’sAver age Shareper Competition.

100%

95%

90%

85%

80%

600¢
£00¢
S00¢
€00¢
100¢
6661
L661
5661
€661
1661
6861
£861
Se6l
€86l
1861
6461
L161
SL61
€L61
1461
6961
£961
5961
€961
1961
6561
£S6T
5s6T




Product Innovation and Competition

137

Figure9. Per cent of CasesDominant Contract isan I nnovation, Imitation, Extension, or

pre-1956 Contract.
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Figure10. Market Shareof Top 20 Contracts.
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increasingly cheap and easy to list new competitive products, and therefore we
have seen this increase in the number of competing contracts from 1.5 to almost
3.75.

2. Is the Market Share of the Dominant Contract in Each Prototype Group Almost
100%?

Even if there is still a competitive battle going on, the share of the dominant
contract in each contested prototype group should be moving toward 100%. To test
this, we cal cul ate the market share of the dominant product in each prototype group
and then take the average of these market shares across al groups for each year.
As can be seen from Figure 8, the market share of the dominant contract has
averaged between 95 and 100% in al but three years, 1998, 2006, and 2010. This
may well be consistent with aworld of liquidity-driven monopoliesand the 1 to 5%
share captured by competitors is the average share captured by contenders as the
battles for monopoly are gradually resolved, The huge drop to an 88% share in
1998 isamystery, and we cannot easily explain the rise in dominant product share
from 1960 to 1974, nor the drop from 1974 to 2010.

3. Is There a First Mover Adpantage?

By definition, theinnovator isthefirst mover. And by definition animitation or
product extension is a contract that is listed no sooner than the year following the
innovation. Soif itistruethat first moversare much morelikely to win battles over
contested contracts, then we should find that the innovation should aways, or at
least mostly, be the dominant contract when multiple similar contractsare contending
for market share. Figure 9 tells us, for each year, the percentage of cases where
the dominant contract isaninnovation, animitation, aproduct extension, or acontract
that was listed before 1956 (in which case we do not know which of these typesit
is).

In 1956, virtually all competitionswere among contracts that had been created
before 1956, so the dominant contract would virtually alwaysbe apre-1956 contract.
In fact it was not until 1981 that the dominant contracts ceased being the old pre-
1956 contracts. Ignoring therole of theselegacy contracts and focusing on contracts
listed in 1956 and later years, which means focusing on the contracts we know to
be innovations, imitations, and product extensions, we find only weak support for
the first mover theory. In fact, until 1981, the dominant contract in competitions
was much morelikely to be a product extension than an innovation. And even after
1981, whileinnovations were more likely than either extensions or imitationsto be
the dominant contract, they were the dominant contract in only 40 to 60% of the
cases. The finding that would fully support the first mover theory would be if
dominance by imitations and product extensions were always close to zero and
innovations combined with the legacy contracts had close to 100% market share.
That is not the case here.
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4. Has Increased New Product Listings Reduced the Market Share of the Top
Contracts?

If all the new products are solving problems for risk managers and traders, we
might expect to see an increased diffusion of volume among more contracts. That
would suggest a decline in the volume share of the top 20 contracts. We find that
from 1981 to 2010, the market share of the top 20 products fell from 98% to 94%,
not a huge diffusion but avisible one.

IV. CONCLUSIONS

In this paper we examined the 916 new futures contractslisted by 39 exchanges
over the period 1956 to 2010. Of these, 44% were innovations, 35% were product
extensions, and 21% wereimitations. Thisanalysisled to the following findings:

* Theaverage lifespan of a new futures product isjust under six years.

* Contract innovations tend to be more successful than extensions and

imitations.

*  The CME, which over the past 55 years has fought itsway from being

in the CBOT’s shadow to being the top U.S. exchange, has more

aggressively created new contracts (5.1 per year vs. 2.9 for the CBOT),

and those contracts have on average been more successful.

* The 1980s was the golden decade of new contract success by almost

every measure.

* Interest rate contracts generated the highest lifetime volumes and

revenues, while agricultural and exotic contracts generated the least, on

average.

* Thereisastrong tendency toward liquidity-driven monopoly (or winner

take al) in U.S. futures markets. When there is product competition,

there is an average of only two exchanges competing and the dominant
contract tends to have over a 95% market share.

* However, thewidely held view that thefirst mover alwayswins, isnot

supported by our findings. Even though innovations dominated product

competition about 50% of the time, product extensions dominated over

30% of the time.
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In this paper, we analyze the impact of a transaction tax on the market quality
of U.S. futures markets by estimating the elasticity of trading volume and of
price volatility with respect to bid-ask spread in a three-equation model
framework for 11 financial, agricultural, metals, and energy futures for the
period 2005-2010. We find that (1) Trading volume has a negative relationship
with bid-ask spread and a positive relationship with price volatility after
controlling for other factors; (2) bid-ask spread has a negative relationship
with trading volume and a positive relationship with price volatility; and (3)
price volatility has a positive relationship with bid-ask spread and with trading
volume after controlling for other variables. We demonstrate that a transaction
tax, which is analogous to a bigger bid-ask spread, will drastically reduce
trading volume if the tax constitutes a significant increase in the total fixed
trading cost, and/or the elasticity of trading volume with respect to transaction
cost is high enough. Thus, a transaction tax may not raise substantial revenue
for the government as suggested in other studies.

been considerableinterest inimposing taxes on financial transactions, including
futurestrading. Legidative proposals on financial transaction taxes are not new
to the United States as they have been sent to Congress for consideration from
time to time for the purpose of either raising revenue for financing government

I n reaction to the recent financial crisisand government budget deficit, there has

1. In the wake of the 2007—2008 global financial crisis, Korea urged the G-20 countries to consider
an international levy on bank transactions at the G-20 meeting in 2010, while the IMF had presented
its own bank-tax proposal at the same meeting (The Wall Sreet Journal, June 4, 2010, A14). The
European Commission had also considered variousfinancial transaction taxes, and adetailed plan of
afinancial transaction tax would be ready for approval by November 2011 (Zweig 2011).

*Johan Bjursell is an Assistant Vice President, Fixed Income Technology, Barclays.

George H. K. Wang (the corresponding author) is Research Professor of Finance at the School of
Management, George Mason University. E-mail: gwang2@gmu.edu.

Jot YauisDr. Khalil Dibee Endowed Chair in Finance at the Albers School of Business and Economics,
Seattle University.

Acknowledgements: The authors acknowledge the grant made possible through the Institute for
Financial Markets.

Keywords: transaction tax, trading volume, bid-ask spread, price volatility, futures markets.
JEL Classification: G10



142 Review of Futures Markets

budget deficit or for funding regulatory agencies, such as the CFTC and/or SEC.
For example, during the 1990 budget negotiation, the Bush administration proposed
a broad-based 0.5% tax on transactions in stocks, bonds, and derivatives. In 1993
the Clinton administration proposed a fixed 14 cent tax on transactions in futures
and options on futures. Recently, the Obama administration has proposed a user
fee in the 2012 federal budget on all futures trading to fund the CFTC.2 This has
rekindled the debate on the potential costs and benefits of a financial transaction
tax in the United States, and their potential impact on the futures markets.

In general, proponentsof financial transaction taxes (FTTs)® arguethat it would
increase government revenue and curb excessive market volatility by reducing noise
trading, a significant source of price fluctuations. Opponents of FTTs argue that
transaction tax does not necessarily reduce excessive price volatility. Instead, it
would adversely affect market liquidity in terms of wider bid-ask spread and lower
trading volume, and increase the cost of hedging and cost of capital. The lack of or
reduction in market liquidity might drive some or al securities trading to overseas
markets not burdened by taxation, a major concern for the U.S. financial services
industry, particularly thefuturesindustry. Previous studies, theoretical and empirical,
seem not to be able to offer a definitive conclusion about the desirability of such a
tax. Most studies recognize that different assumptions used in theoretical models
would lead to different conclusions. Thus, before one can make aninformed judgment
onthedesirahility of atransactiontax on U.S. futures, one should be ableto estimate
ex ante the potential impact of a transaction tax on the market quality (i.e., trading
volume, bid-ask spread, and price volatility) of U.S. futures markets and on its
contribution to government revenue.

The purpose of thispaper isthreefold. First, we apply athree-equation structural
model to empirically estimate the relations among trading volume, bid-ask spread,
and price volatility. Based on the empirical modeling, we are able to evaluate the
relations among trading volume, bid-ask spread and price volatility for different
types of futures, including financial, agricultural, metals, and energy. These
relationships are important for understanding the impact of changes in transaction
cost (viahbid-ask spread) on trading volume and pricevolatility and their interaction
and feedback dynamics. Second, we provide updated reliable elasticity estimates
of trading volume with respect to trading costs, which are the major inputs for
estimating realistic post-tax trading volume and tax revenue. Unlike previous studies,
elagticity estimates are based on the more recent period (2005-2010) that covers
episodes of volatile market conditions during the 2007—2008 financial crisisand the
electronic trading regime.* This update isimportant because significant changesin

2. Twenty-eight members of the U.S. House of Representatives had co-sponsored a legislation that
would impose a transaction tax on regulated futures transactions. The proposed tax is 0.02% of the
notional amount of each futurestransaction to be charged on each party of thetransaction, projecting
aforecast revenue of hundreds of billions of dollars per year (Cronin 2010; Noll 2010).

3. Financial transaction taxes (FTTs) can be classified into (1) securities transaction tax (STT); (2)
currency transaction tax (CTT or Tobin tax); (3) capital levy or registration tax; (4) bank transaction
tax (BTT); and (5) real estate transaction tax (Matheson 2011).

4. Transaction data for all 11 futures, except one, are from the electronic trading platform.
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trading technology, market structure, and globalization of futures exchanges have
taken place since the 1990s. Third, we provide estimates of the potential revenue
that can be collected from a transaction tax in the selected U.S. futures markets
using the more reliable estimates of elasticity of trading volume from our model.

The rest of the paper is organized as follows. Section | presents a literature
review. Section || describes the data and variable measurement. Empirical models
and the methodology for model estimation are presented in Section I11. Empirical
results are presented in Section 1V. Section V applies the estimated elasticities of
demand for futures trading to estimate the potential tax revenue under aternative
tax rates. Section VI concludes the paper.

I. LITERATURE REVIEW

The extant literature has extensive theoretical treatises on the pros and cons
of afinancia transaction tax as well as empirical evidence and analyses of issues
relating to a financial transaction tax.> We will briefly review the literature on the
debate and analysis on the major issues related to the imposition of a transaction
tax on financial markets: (1) theoretical studies on the pros and cons of imposing a
transaction tax; (2) empirical studies on the verification of theoretical arguments
for and against afinancial transaction tax; (3) theimpact of atransaction tax on the
migration of trading and relative competitiveness of the futures industry; and (4)
the estimation of theamount of potential tax revenue that can beraised from futures
trading.

A. Theoretical Studies

First, on the impact of atransaction tax on market quality in terms of curbing
excessive market volatility, one can make reference to the arguments originally put
forward by Keynes (1936), and elaborated by Tobin (1978), Stiglitz (1989), and
Summers and Summers (1989). Keynes (1936) argues that a transaction tax that
makes speculative trading less profitable could reduce excess market volatility and
stabilize thefinancial markets because he believes short-term speculativetrading is
the source of excess volatility. Friedman (1953), however, argues that speculation
cannot in general be destabilizing since, if it were, the participantsinvolved would
lose money. Moreover, advocates of the Efficient Market Hypothesis argue that
speculators, by rationally arbitraging the unexploited profit opportunitieswhen market
becomes inefficient, help clear markets, stabilize prices, and bring the assets and
securities back to their fundamental values (Fama 1965). However, Tobin (1978)
argues that a transaction tax that lowers excess volatility will promote a price
formation mechanism more strongly focused on long-term fundamentals because
corporate managerswill focus more on long-term strategies, instead of implementing
myopic policiesto fulfill the wishes of short-term investors. He arguesthat markets

5. For example, see reviews in Schwert and Seguin (1993); Poallin, Baker, and Schaberg (2003);
McCulloch and Pacillo (2010); Matheson (2011); and others.
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are“fundamental valuation efficient” if pricesreflect fundamental valuation without
excess volatility. Stiglitz (1989) and Summers and Summers (1989) argue that a
securitiestransactionstax could raisethe efficiency of financial markets by crowding
out market participants that behave irrationally or waste too many resources for
this speculative zero-sum game. Summers and Summers (1989) further believe
that the efficiency benefits derived from curbing speculation are likely to outweigh
any costsof reduced liquidity or increased costs of capital that comefrom afinancial

transaction tax. In contrast, opponents argue that the benefits of transaction tax are
likely to be outweighed by its potential costs, because it would increase the cost of

capital and securities' values (e.g., Amihud and Mendelson 1993, 2003), and reduce
market liquidity (i.e., decreasein trading volume and increase in bid-ask spreads).

Some advocates point out that, if differentiated across trading vehicles, the
transaction tax could boost stability by creating incentives for financial market
participantsto move over-the-counter transactionsto transparent and well regul ated
venues (Farm and Ludvigsson 2011).

Formal theoretical models have been devel oped to hel p demonstrate the impact
of atransaction tax in a more complete equilibrium setting. For example, Kupiec
(1996) demonstrates that, although a transaction tax can discourage noise traders
from trading and thus reducing short-term destabilizing trading volume and price
volatility, it will also depress asset pricesto the extent that thisdrop in equilibrium
pricesresultsin higher return volatility. Sincetheinitial decreasein price volatility
will be overwhelmed by the unambiguousincreasein return volatility dueto thetax,
atransaction tax may not reduce but actually increase the volatility of asset returns
in a simple general equilibrium model. The implication is that we cannot simply
separate and interpret theimpact of atransaction tax on each of therelevant variables
inapartial equilibrium setting.® Likewise, in agenera equilibrium model, Song and
Zhang (2005) show that atransaction tax may discourage not only the destabilizing
trading activities of noise traders but also those of the rational and stabilizing value
investors. The net effect of atransaction tax on volatility depends on the change of
trader composition from the implementation of the tax. Furthermore, atransaction
tax may decrease trading volume and increase bid-ask spread. Thus, short-term
price volatility may increase due to the larger price impact of a given trade, while
the net impact of atransaction tax on market price volatility could be decreasing or
increasing. Thefinal result depends on the rel ative magnitude and interaction of the
changeintrader composition and liquidity.

Pellizzari and Westerhoff (2009) show the effectiveness of transaction taxes
depends on the types of trading marketswhere market liquidity isdetermined either
endogenously or exogenoudly. They show that in acontinuous doubl e auction market,
the imposition of atransaction tax is not likely to reduce market volatility, whereas
in adealership market, atransaction tax may reduce market volatility. Lo, Mamaysky,

6. This lends support to our empirical modeling in this paper that market quality variables (trading
volume, bid-ask spread, and price volatility) must be taken into consideration together simultaneously
in the estimation procedure.
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and Wang (2004), using a dynamic theoretical model of asset prices and trading
volume, show that even small fixed trading costs will generate relatively large
premium in asset prices and reduce trading volume significantly.

In addition to traditional modelsthat assume agent rationality inthe model and
rational expectations about future events, other theoretical models also incorporate
characterigticsthat are observed inthereal financia markets, such asexcessliquidity,
excesspricevolatility, fat-tailed distribution of returns, volatility clustering, incomplete
information, and not fully rational agents.”

In sum, extant theoretical models suggest mixed effects of a transaction tax
on pricevolatility and trading volume. Impacts of transaction taxeson pricevoltility
and trading volume depend very much on the assumptions of the theoretical model
and the assumed channels through which the effect of a transaction tax passes.

B. Empirical Studies

Theoretical models reviewed above include modelsthat are purely theoretical
and models that incorporate some stylized facts observed in the real markets. The
review of the extant literature on theory demonstrates that different conclusions
and implications can be obtained from different model s depending on the assumptions
used. Thus, theoretical models cannot resolve the debate about the appropriateness
of atransaction tax. We now proceed to review the empirical evidence related to
the impact of transaction tax on trading cost, trading volume and price volatility in
different countries.

Mulherin (1990) examinestherel ationship between trading costsinthe NY SE
and the daily volatility of the DJA returns from 1897 to 1987, and concludes that
the imposition of a transaction tax may not necessarily reduce volatility. Despite
evidence of increased volatility after the introduction of a 1% transaction tax in
1986, Umlauf (1993) does not find a systematic relationship between transaction
taxesand pricevolatility acrosstax regimesin Sweden. Likewise, Jonesand Seguin
(1997) find that volatility fell in the year after the abolishment of the minimum
commission rates in NY SE and AMEX markets, but the decline in volatility was
also observed in the NASDAQ market. Roll (1989) uses the cross-section data of
23 countries for the period 1987-1989 to examine whether there are systematic
differencesin pricevolatility that can be explained by margin requirements, transaction
taxes, and pricelimits. Hedoes not find evidencethat volatility isnegatively related
to transaction taxes. Hu (1998) examines the effect of 14 transaction tax changes
that occurred in Hong Kong, Japan, Korea, and Taiwan during the period 1975 to
1994, and finds that on average an increase in tax rate has no effect on market
volatility. Chou and Wang (2006) find no significant changesin thedaily pricevolatility
of the Tailwan index futures after the tax reduction. In contrast, Liu and Zhu (2009)
find evidencethat reduction in transaction costs significantly increase price volatility
in the Japanese equity market.

7. For areview of the literature on aternative theoretical models, see Wang and Yau (2012).
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Other studies document that there is a positive relationship between price
volatility and transaction costsin equity markets. Bessembinder (2000) documents
that larger tick sizes are associated with higher transaction costs and aso with
higher volatility, while Hau (2006) finds similar evidencein the French equity market.
Bessembinder and Rath (2002) find that stocks that had moved from NASDAQ to
NY SE wheretrading costswerelower experienced areductioninvolatility. Baltigi,
Li, and Li (2006) find that an increase in transaction tax leads to greater price
volatility in the Chinese stock markets.

Thereislimited empirical evidence on the impact of atransaction tax on the
U.S. futures markets. Wang and Yau (2000) propose a three-equation structural
model to estimate the elasticity of trading volume with respect to bid-ask spread
and price volatility in the U.S. futures markets. They find a negative relationship
between bid-ask spread and trading volume, and a positive relationship between
bid-ask spread and price volatility. Inferring that a transaction tax would have the
same effect as a bid-ask spread, they conclude that such atax will reduce trading
volume but may not reduce price volatility.? Aliber, Chowdhry, and Yan (2003) study
the impact of asmall transaction cost on the trading volume and price volatility of
four currency futures traded on CME for the period 1977-1999. They find that an
increase of 0.02% in the transaction cost leads to an increase of volatility by 0.5%
points on these currency futures, coupled with a decline in asset prices due to the
decline in demand because of higher transaction costs.

C. Migration of Trading and Relative Competitiveness

Previous literature on transaction tax also shedslight on the potential adverse
effects of a financial transaction tax on the international competitiveness of the
U.S. financial servicesindustry. While Summersand Summers (1989) did not believe
atransaction tax would cripple the U.S. equities trading in the United States back
thenin 1989, they admitted that for derivativesand commoditiestrading atransaction
tax could have damaging impacts on the industry as evidenced in the demise of the
Sweden Options and Futures Exchange due to an options transaction tax. Edwards
(1992) believes even a very small transaction tax would be sufficient to drive all
U.S. futures trading to overseas untaxed markets.® Umlauf (1993) and Campbell
and Froot (1994) document evidence of a significant migration in trading volume
from the actively traded Swedish stocks to London after the Swedish transaction
tax was increased from 1% to 2% in May 1986. Chou and Wang (2006) document
evidencethat migration of significant trading volume of Taiwan stock index futures

8. Sahoo and Kumar (2011) applied the three-equation structural model proposed by Wang and Yau
(2000) to examine the relations among trading volume, bid ask spread, and price volatility for five
actively traded futuresin India. They obtained similar empirical results as Wang and Yau (2000) did
for the U.S. futures that there is a negative relationship between bid-ask spread and trading volume,
and a positive relationship between bid-ask spread and price volatility.

9. Countries have indicated their concern for a transaction tax that is not global, and are aware that
rel ative competitiveness may be changed by the burden of anon-global transaction tax. See The Wall
Street Journal (June 4, 2010, A14) and Zweig (2011), in which he discusses the proposal on aglobal
transaction tax on flash trading.
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contracts from the Singapore Exchange (SGX) to TAIFEX occurred after the tax
cut from 5 to 2.5 basis points on May 1, 2000.

D. Potential Tax Revenue

Proponents of a transaction tax suggest that the revenue potential of a
transaction tax is formidable. Congressional Budget Office (CBO) estimates the
revenue from a broadly based 0.5% securities transaction tax to be about $12
billion per year based on afive-year average. Based on the same tax rate used by
the CBO, Summers and Summers (1989) suggest a similar figure (at least $10
billion a year). Poallin, Baker, and Schaberg (2003) suggest that revenue from a
securities transaction tax could be as large as $70-$100 billion per year.X® Outside
the United States, Roll (1989) estimates that a securities transaction tax in Japan
would bring in $12 billion ayear. The European Commission in aJune 2011 budget
proposal expectsafinancial transaction tax to contribute €50 billion per year to the
European budget, or €350 billion over aseven-year period (Uppal 2011).

Edwards (1992) doubts that a transaction tax on futures transactions will
potentially generate significant tax revenue. He argues that the elasticity of trading
volume in futures markets is much more elastic than that of equities because close
substitutes are easily available in international futures markets with the advent in
trading and information technol ogies.*! In other words, competition frominternational
futuresexchangesiskeen. Thus, he believesthe potential revenuefrom atransaction
tax estimated by the CBO was overstated because the elasticity of demand (-0.26)
used in the estimate was based on U.S. equities assuming no good substitutes.
Edwards (1992) argues that given a more elastic trading volume in futures, a
transaction tax of the magnitude of 0.5% would probably eliminateall futurestrading
in the United States and drive all futures transactions overseas. In such a case, no
revenue would be collected. According to his conservative estimate, hot much
revenue (only $287 million) could be raised from futurestrading even if the lowest
tax rate (0.0001%) and alow demand elasticity (-0.26) were assumed.*? He concludes
that a transaction tax on futures trading will not generate substantial revenue.

Chou and Wang (2006) find that the reduction in the transaction tax in the
Taiwan index futures market did reduce tax revenue, and the proportional decrease
in the tax revenue was less than the 50% reduction in the tax rate. Further, tax
revenue increased in the second and third year after the tax reduction as compared

10. The estimate was based on 1997 levels of market activity for stocks, bonds, and swaps, and the
March 1999 level of market activity for futures and options.

11. Wang, Yau, and Baptiste (1997) provide the first empirical estimates of the elasticity of trading
volume for several U.S. futures contracts. They documented that estimates of the elasticity of
trading volume with respect to trading costs were in the range of —0.116 to —2.72, which were less
than those elasticities (—5 to —20) used by Edwards (1992), but higher than the elasticity of —0.26
used in CBO (1990).

12. —0.26 wasthe elasticity used in CBO (1990). Edwards (1992) also used elasticities ranging from
—1 to —20 in estimating the potential tax revenue.
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to the year before the tax reduction. This suggests that tax reduction has no

permanent negative impact on tax revenue.
The contributions of our paper to futures market literature are as follows:
(1) We estimate the parameters of bid-ask spread, trading volume, and
price volatility structural equations for 11 futures contracts with recent
daily and intraday datafrom 2005 to 2010. Thisupdateisimportant because
the futures trading face huge market volatility during this sample period
and the environment and international competitions among futures
exchanges in the past decades are significantly different than those in
the 1990s. Thus, our results provide new empirical evidence to validate
the pros and cons of the imposition of transaction tax on U.S. futures
markets.
(2) We provide new estimates of the elasticity of trading volume with
respect to trading cost for 11 futures contracts. These estimates are the
required input to estimate potential tax revenue based on different proposed
transaction tax rate schedules.

II. DATA AND VARIABLE MEASUREMENT

Datafor this study include the following 11 futures contracts:

Futures Trading Platform Timeperiods
1. Financial Futures
() S& P 500 (CME) Pit floor Jan 2005- Dec 2010
(b) E-mini S& P500 (CME) H ectronic Jan 2005- Dec 2010
(c) 30-Year T-bond (CBOT) H ectronic Jan 2005- Dec 2010
(d) 10-Year T-Note (CBOT) H ectronic Jan 2009- Dec 2010
(e) British Pound (CME) H ectronic Jan 2008- Dec 2010
2. Agricultural Futures
(a) Wheat (CBOT) H ectronic Jan 2007- Dec 2010
(b) Soybean (CBQOT) Hl ectronic Jan 2007- Dec 2010
3. Metals Futures
(a) Copper (COMEX) H ectronic Jan 2008- Dec 2010
(b) Gold (COMEX) Hl ectronic Jan 2008- Dec 2010
4. Energy Futures
(a) Crude Qil (NYMEX) H ectronic Jan 2008- Dec 2010
(b) Heating Oil (NY MEX) H ectronic Jan 2008- Dec 2010

These futures are chosen because they cover several categories, including
financial, agricultural, metals, and energy futures. They are actively traded futures
in their own categories, hence mitigating the problem of infrequent trading.
Furthermore, since the majority of futures contracts are now executed on the
electronic platform, futurestrading on the el ectronic platform are sel ected to mitigate
the potential problemsarising frominsufficient liquidity.
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We use the first position contract of each month as the nearby contract, and
the next contract following the nearby contract the first deferred contract.** The
inclusion of two contracts with differing maturities ensures a representative cross-
sectional sample of the futures market with maximum variations in the bid-ask
spread and pricevoltility, which allow reliable estimation of therel ativeimportance
of each explanatory variable in determining the trading volumein different futures
markets.

The time and sales intraday data from the Institute for Financial Markets are
used to estimate the daily mean of the effective bid-ask spreads, intraday price
volatility, average daily price level, and trading volume for contracts traded on the
electronic platform. The trading volume of the S& P 500 index futures and open
interest of al contracts are obtained from Bloomberg for the time period under
study.

We use the price reversal methodology to calculate the daily effective bid-ask
spread (see Wang, Yau, and Baptiste 1997). The effective bid-ask spread is estimated
as follows: (1) an empirical joint price distribution of AP, and AP, , during a daily
interval iscreated; (2) the subset of price changesthat exhibit price continuity (i.e.,
a positive (negative) change followed by another positive (negative) change) is
discarded; (3) the absolute values of price changes that are price reversals are
taken; (4) the mean of absolute values obtained in the step (3) is computed as the
average daily effective bid-ask spread.

Two daily unconditional volatility measures are derived from theintraday time
and sales data and used in this study. Based on Anderson et al. (2001), our first
daily realized volatility isdefined as:

6= ,Z r2x100 1)
t=1

where n is the number of intraday five-minute returns, and r, = (In(P)- In( P,,)) is
the five-minute intraday return at each five-minute interval. The second volatility
estimator isthe high-low estimator proposed by Parkinson (1980), which isdefined
as.

., |@n(H, -In(L,))?
”_(\/ 41n(2) X100 @

where H, and L, are the daily high and low prices, respectively.

13. During the delivery month period, we use trading volume as an indicator of contract rollover to
determine the timing of contract roll-over that takes place when the current open position in the
nearby contract isbeing rolled over to the next contract with anew expiration. For example, when the
trading volume of thefirst deferred futuresis greater than that of the current nearby futures, we make
the first deferred contract to become the nearby contract and the second deferred contract the first
deferred contract for the next contract month period.

14. For further discussion on estimating the daily volatility from intraday data, see Bollen and Inder
(2002).
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III. EMPIRICAL MODELS AND ESTIMATION
METHODOLOGY

To estimate the potential impact of atransaction tax on market quality (i.e., in
terms of liquidity as measured by the magnitude of trading volume, bid-ask spread,
and price volatility and their subsequent changes after the tax) of afutures market,

TV, =By + BBAS, + B,V + B3 3TB, + B0l 1 + BTV, , + Dy + &, (3)

BAS, = ay + oIV, + a,lV, +azMP, + ,,BAS, |+ D, +&, 4)

K
|Vit = §3O+531Tvit +532 BASn +5330| it T 2531 l\/it—j + D+ Esi ©)

j=1

we use a three-equation structural model framework.® The empirical model is
specified asfollows:

Equation (3) isthe trading volume equation, where TV isthe trading volume
of the futures contract at i maturity time on the t™" day. Trading volumeis specified
as afunction of the effective bid-ask spread (BAS,), price volatility (1V,), three-
month T-bill (3TB, ), one-period lagged open interest (O, ;) and one-period lagged
trading volume (TV, ).

BAS, is the mean of intraday effective bid-ask spreads of a futures contract
at i'" maturity time on the t" day. Bid-ask spread is a major component of the
transaction cost. Higher transaction costs woul d decrease the opportunity for market
participants, leading them to search for alternative trading vehicles with lower
transaction costs. Hence, trading volume is expected to be negatively related to the
size of the bid-ask spread.

IV istheintraday price volatility of a futures market on the t™ day. Based on
themixturedistributionshypothesis, price volatility isexpected to be positively related
to trading volume.*® The three-month T-bill (3TB,) is used as a surrogate for the
information variablethat affects changesin the expected physical position of hedgers.
A changein the expected physical position isanother determinant of trading volume.
The three-month T-bill rate is expected to be inversely related to trading volume,
reflecting the opportunity cost of holding inventory.

Ol , represents the one-period lagged open interest of the i™ futures contract.
Open interest is the total number of outstanding, unsettled contracts. It is expected
to have apositiveimpact on trading volume because higher openinterest will generate

15. The three-equation structural model of trading volume, bid-ask spread, and price volatility was
first proposed and used by Wang and Yau (2000).

16. The mixture distributions hypothesis (e.g., Clark 1973 and Tauchen and Pitts 1983) isatheoretical
model that explains the positive relation between trading volume and price volatility induced by a
third latent variable, that is, new information arrivals.
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greater trading volume when market participants close out their unsettled positions.

Equation (4) isthe bid-ask spread equation, where bid-ask spread isafunction
of the price risk (measured by price volatility, IV,), trading volume (TV,), daily
mean price (MP,), and one-period lagged bid-ask spread (BAS, ). These variables
are included here because they were found to be significant in previous studies
(e.g., Wang and Yau 2000).

Trading volume is a simple measure of market liquidity. As trading volume
increases, we expect that there is greater opportunity for market participants to
offset the undesirable position of their inventories, which reduces their price risk.
This in turn makes market participants lower their bid-ask spreads. Accordingly,
we expect a negative relationship between the bid-ask spread and trading volume
in equation (4).

Transaction price changes (i.e., the price risk) imply two types of risk for
market makers. First, market makers may bear nonsystematic risk dueto the under-
diversification in assets they hold. Second, large price changes may correlate with
the presence of information traders, and market makers must increase the bid-ask
spread to compensate for the expected trading losses against informed traders.
Hence, intraday pricevolatility, aproxy for the pricerisk in equation (4), isexpected
to have a positive relationship with bid-ask spreads. The daily average price (MP,)
of the futures contracts is used to control for the effect of differing measurement
scale on the same futures with different price levels due to different expiration
dates (the nearby and first deferred contracts).

Equation (5) is the price volatility equation. We specify the intraday price
volatility (1V,) asafunction of trading volume (TV ), bid-ask spread (BAS,), one-
period lagged trading volume (TV, ) and severa lagged price volatility (IVM_J.) j=
1,..., 6. The greater the trading volume is, the greater the possibility that prices
fluctuate, thus creating greater price volatility. In addition, the change in volume
may be due to information arrivals, which will increase volatility according to the
mixture distributions hypothesis. Another source of intraday price volatility isdueto
bouncesin the bid-ask spread. Market makers demand wider bid-ask spreadswhen
they trade with informed traders or when they take the opposite position of alarge
trade (i.e., they demand alarger liquidity premium facing such trades). Thus, greater
transaction price movements may also be attributed to large variations in the bid-
ask spread.

At this juncture, a note on the one-period lagged explanatory variables in
equations (3) through (5) iswarranted. These one-period lagged explanatory variables
are specified as partial adjustments to our model to take account of the distributed
lag effect in the dependent variables. In addition, for the price volatility equation, a
few more lag terms of price volatility are included in the equation to take into
account of the persistence effect of price volatility.

In al three equations, we use a dummy variable as a fixed model effect in
pooling the nearby and first deferred contracts. The dummy variable, D1, is equal
to one for observations for the first deferred contract and zero otherwise. Finally,

e, » &, » and e, arethe error terms of equations (3), (4), and (5), respectively.
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We proceed with our empirical estimation in three steps. First, all variablesin
equations (3) through (5) are transformed into natural log, enabling us to stabilize
thevariance of theerror termstoward asymmetric distribution. In addition, estimated
coefficientsfrom the equations can bereadily interpreted asthe el asticity of trading
volume, effective bid-ask spread, and price volatility with respect to their explanatory
variables.

Second, the augmented Dickey-Fuller (ADF) test (Fuller 1996) is applied to
each time series to test for a unit root in the time series sample. Results from the
ADF test will provide guidance asto whether the model should be estimated in the
level or first-difference form. Table 1 presents results of the ADF tests on the log
transformed variables. Results indicate that trading volume, bid-ask spread, price
volatility, and open interest are free of the unit root problem, whereas three-month
T-bill and the daily mean futures price have a unit root.*” After taking the first
difference, three-month T-bill and the daily mean futures price are reduced to
stationary time series. Based on these results, the three-equation mode! is estimated
in level form for al variables, except for three-month T-bill and the daily mean
futures prices where first differences are used.

Third, the generalized method of moments (GMM) procedure (Hansen 1982)
with the optimal weighted matrix proposed by Newey and West (1987) is used to
estimate the parameters of the three-equation model.

IV. EMPIRICAL RESULTS

Tables 2 through 12 present the empirical results of the trading volume, bid-
ask spread, and price volatility equations for the selected futures. Table 13 reports
the point and interval estimates of the elagticity of trading volume with respect to
transaction cost for these futures.

A. Trading Volume Equation

In the trading volume equation, the coefficients of bid-ask spread (In(BAS))
are negatively related to trading volume and are statistically significant at the 1%
level for all eleven futures. These negative coefficients can be interpreted as
estimates of the elagticity of trading volume (TV) with respect to BAS for the
futures contracts examined in this paper (4th row and 2nd column, Tables 2 through
12).

Table 13 reportsthe point and 95% interval estimates of the elasticity of trading
volume with respect to transaction cost (bid-ask spread) in the second and third
column respectively for the futures contracts studied. The point elasticity ranges
from —2.6 (E-mini S& P 500 index futures) to —0.81 (Heating Qil). In other words,
trading volume and transaction cost (bid-ask spread) are negatively related for all

17. We also applied Maddala and Wu's (1999) simple unit root test to our panel data. The results are
qualitatively the same as those of the separate unit root tests for the nearby and first deferred
samples. To save space, we do not report these results here.
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futures contracts in this study. For example, the elasticity of —2.6 for the E-mini
S&P500 index futures indicates that trading volume for this futures will decrease
2.6% for each 1% increasein the bid-ask spread. Thelower-end of the corresponding
interval estimates with a 95% confidence level are all greater than one, except for
30-year T-bond (-0.972) and Heating Oil (—0.923). These results suggest that the
elasticity of trading volume with respect to transaction cost (such as the bid-ask
spread) had been very high during the period 2005—2010 for most futures examined.
The important implication is that an increase in the bid-ask spread due to, say, a
new transaction tax on futures trading, could substantially reduce trading volume
and decrease liquidity for the U.S. futures exchanges.

The coefficients of pricevolatility (In(1V)) in the trading volume equation are
all positive and statistically significant at the 1% level for all 11 futures (Tables 2—
12). Thisresult is as expected as theory suggests that an increase in price volatility
changes the reservation price of speculators and increase the demand for risk
transfer by hedgers. Both effects should lead to a higher trading volume (Martell
and Wolf 1987). Thisempirical result isalso consistent with those of previous studies,
such as Tauchen and Pitts (1983), Wang, Yau, and Baptiste (1997), and Wang and
Yau (2000).

In general, higher short-term interest rate increases the cost of carry in the
cash or spot assets or commodities, reduces hedging needs in the futures market,
and reduces specul ative trading by making alternative investments more attractive.
Thus, areduction in speculative and hedging activitiesin the futures marketswould
lower trading volume. Thus, it isexpected that there isanegative rel ationship between
trading volume and short term risk-free rate (measured by the three-month T-bill).
However, the coefficients of three-month T-bill in the trading volume equations are
mixed for the 11 futures. For example, the coefficient of three-month T-bill in the
E-mini S& P 500's (Copper’s) trading volume equation is negative (positive) and
significant at the 10% level. The coefficients of three-month T-bill in the trading
volume equation for other futures in the sample are either negative or positive, but
none of them are significant at the 10% level.

The coefficients of openinterest |lagged one period (Ol ,) in thetrading volume
equation of Crude Qil, and al five financial futures are positive and significant at
least at the 5% level, whereas the coefficients for Soybean and Gold futures are
also positive but not significant. The coefficients of lagged open interest for Whezt,
Copper, and Heating Qil futures are negative, although only the coefficient for
Copper futuresissignificant at the 1% level. It isgenerally agreed that higher open
interest indicates more trades are likely in the future.

All coefficients of one period lagged trading volume (In(TV ) aresignificantly
positive at the 1% level. They range from 0.72 for the 30-Year T-bond futures to
0.37 for Gold futures. Significancein the coefficients of lagged trading volume for
al 11 futures in our sample lends strong support to our partial adjustment model
specification, affirming persistencein trading volume.

Thusfar, two interesting empirical resultsare noteworthy. First, the elasticities
of trading volume with respect to transaction cost (proxied by the bid-ask spread)
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Table 2. Empirical Resultson the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of S& P 500 Index Futures (Chicago Mercantile Exchange),
January 2005 to December 2010.

In(TVy) IN(BAS) In(I Vy)
| ntercept -0.27 0.36** -0.61**
(-0.32) (4.14) (-4.85)
D, 0.66** 0.64** -0.20%*
(5.21) (10.63) (-6.45)
In(TV,) -0.12%* 0.04**
(-14.09) (5.70)
In(BAS) -0.81** 0.27**
(-6.98) (11.53)
In(l V) 0.52** 0.35%*
(7.32) (16.86)
AMP, -1.13
(-1.52)
In(Ol,.,) 0.37** 0.05**
(4.46) (3.76)
IN(T V1) 0.45%*
(14.66)
IN(BAS:1) 0.42**
(14.56)
In(1 V1) 0.28**
(12.31)
In(1V:-2) 0.13**
(5.62)
In(1Vi.3) 0.10**
(4.25)
In(I Vi.q) 0.12**
(5.26)
In(1 V) 0.09**
(4.13)
In(1Vi6) 0.06**
(2.88)
A(In(3TBY) -0.13
(-0.65)
R’ Ad 0.78 0.88 071
F Stat 1,601.48" 3,773.06** 655.33**

The table reports the parameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section Il
equaions(3) to (5). All varidbles arein log form. The definition of each variableis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV=redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D;=1 if it is the first deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 3. Empirical Results on Trading Volume, Bid-Ask Spread and Price
Volatility Equations of E-mini S&P 500 Index Futures (Chicago M ercantile
Exchange), January 2005 to December 2010.

In(T V) In(BAS) In(I1Vy)
I ntercept 3.21** 0.66** -0.49%*
(7.75) (15.94) (-6.04)
D, -0.97** -0.10%* 0.14**
(-6.45) (-5.90) (4.91)
In(TV,) -0.11%* 0.11**
- (-20.96) (12.41)
In(BAS) -2.60%* 0.51**
(-12.76) (17.01)
In(I V) 0.76** 0.17**
(12.33) (12.63)
AMF, - -0.95%*
- (-381)
In(Ol,.,) 0.10** -0.02%*
(3.20) (-242)
IN(TVia) 043**
(13.71)
In(BAS:.1) —- 0.32** .
(9.53)
In(I Vi1 0.43**
(22.62)
In(1 Vi) 0.15**
(7.82)
In(I Vi) 0.06**
(3.30)
In(1Via) 0.07**
(3.80)
In(I Vi.s) 0.09**
(4.74)
In(I Vi) 0.03*
(1.69)
A(In(3TBY) -0.32¢
(-1.74)
R® Adij 0.96 0.92 0.81
F Stat 11,204.78" 6,368.82** 1,211.31%*

The table reports the paameter estimaes of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section llI,
equations (3) to (5). All varidbles arein log form. The definition of each variableis as
follows: TV=trading volume BAS=effective bid-ask spread; |V=redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D=1 if it is thefirst deferred contract and
zero otherwise; and subscript t+, j=1...6, denotes the number of lagged periods.
N umbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 4. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of U.S. Treasury Bond Futures (Chicago M ercantile
Exchange), January 2005 to December 2010.

In(TVy) I(BAS) In(IVy)
| ntercept 0.14 -1.03** 0.14*
(0.61) (-10.70) (2.05)
D, -0.87%* -0.04 0.09**
(-6.42) (-0.84) (432)
In(TV,) -0.10%* 0.04**
(-11.96) (7.59)
In(BAS,) -0.87%* 0.19%*
(-8.31) (9.83)
In(1Vy) 0.28%* 0.15%*
(3.77) (3.90)
AMP, -1.60
(-1.12)
In(Ol,,) 0.03** -0.00
(2:33) (-0.71)
IN(T Vi) 0.72**
(26.79)
IN(BAS:..) 0.36%*
(7.75)
In(1 Vi) 0.18**
(842)
In(1 Vi) 0.12+*
(5.81)
In(I Vis) 0.13**
(558)
In(1 Via) 0.13**
(6.07)
In(I Vi.s) 0.17**
(8.06)
In(I Vi.e) 0.13**
(6.16)
A(In(3TBY) -0.19
(-0.86)
R® Adij 0.92 0.68 0.43
F Stat 5,201.18" 1,179.07** 215.02**

The table reports the parameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations (3) to (5). All variables arein logform. The definition of each variableis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV =redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D;=1 if it is the first deferred contract and
zero otherwise; and subscript t+, j=1...6, denotes the number of lagged periods.
Numbers in parenthesesdenote t -statistics. ** and* denote significance at the 1% and
5% levels respectively.
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Table 5. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of 10-Year U.S. Treasury Note Futures (Chicago Board of
Trade€), January 2009 to December 2010.

In(TV ) In(BAS) In(IV)
| ntercept -1.62¢* -1.50%* 0.24
(-361) (-9.46) (159)
D, -0.64** -0.08* 0.10**
(-3.87) (-2.15) (2.93)
In(TV,) -0.14** 0.05**
(-16.44) (3.75)
In(BAS,) -1.36** -- 0.30**
(-6.49) (5.46)
In(I V) 0.49** 0.31**
(3.63 (6.63)
AMF, -3.12
(-1.03)
In(Ol,.,) 0.08** -0.00
(3.09 (-0.13)
IN(T Vi) 0.66**
(14.51)
In(BAS:1) 0.10*
(2.04)
In(I Vi) 0.10**
(242)
In(I Vi) 0.12**
(2.75)
In(I Vi) 0.15**
(350)
In(I Vis) 0.09**
(256)
In(I Ve.s) 0.10**
(252)
In(I Vi) 0.10**
(341)
A(IN(3TBY) -0.16
(-1.01)
R® Adj 0.94 0.78 0.29
F Stat 2,77393" 78157** 48.70**

The table reports the parameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section Il
equaions(3) to (5). All varigbles are in log form. The definition of each varigbleis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV=redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D=1 if it is thefirst deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 6. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of British Pound Futures (Chicago M ercantile Exchange)
from January 2008 to D ecember 2010.

In(TV,) In(BAS) In(I V)
| ntercept -5.14%* -4.73¢* 1.22%+
(-8.82) (-15.75) (5.65)
D, -0.83** 0.01 0.00
(-4.18) (0.22) (0.04)
In(TV,) -0.25%* 0.07**
(-20.38) (374)
In(BAS,) -0.97%* 0.22%*
(-8.44) (6.69)
In(I V) 0.34** 0.35%*
(4.44) (10.76)
AMP, -0.14
(-0.09)
In(Ol, ) 0.27** -0.02
(6.32) (-1.00)
IN(T V1) 0.41**
(8.94)
IN(BAS:..) 0.14**
(3.47)
In(I Vi1 0.14**
(3.71)
In(1Vi-2) 0.08**
(267)
In(1Vi.3) 0.17**
(5.27)
In(1Vi.4) 0.10**
(3.75)
In(1 Vi) 0.11*
(3.96)
In(I Vi.e) 0.11**
(3.64)
A(In(3TBY) -0.14
(-1.21)
R® Adij 0.94 0.86 0.46
F Stat 3,846.58+* 1,704.93%* 115.36%*

The table reports the parameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations(3) to (5). All varidbles arein log form. The definition of each variableis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV =redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D=1 if it is thefirst deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 7. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Wheat Futures (Chicago Board of Trade) from January
2007 to December 2010.

In(TVy) In(BAS) In(1Vy)
| ntercept 2.01%* 0.29+* -0.85%*
(11.53) (5.45) (-8.42)
D, -0.25** -001 0.09**
(-7.70) (-0.79) (4.43)
In(TV,) -0.08** 0.19**
(-9.82) (15.03)
In(BAS,) -0.98** 0.68**
(-11.53) (13.96)
In(1Vy) 0.74** 0.22+*
(18.36) (10.86)
AMP, 0.21
(1.00)
In(Ol,,) -0.00 0.00
(-0.44) (0.03)
IN(T Vi) 0.66**
(27.86)
IN(BAS:..) 0.63**
(20.97)
In(1 Vi) 0.20%*
(10.23)
In(I Ve 0.02
(1.12)
In(1 Vi) 0.05**
(2.72)
In(1 V1) 0.08**
(3.82)
In(I Ves) 001
(0.40)
In(I Vi.e) 0.01
(0.61)
A(In(3TBY) -0.07
(-1.05)
R® Adj 0.89 0.84 052
F Stat 2,690.28"" 2,039.94** 216.34%*

The table reports the paameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations (3) to (5). All variables areiin log form. The definition of each variableis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV =redized voldility;
Ol=open interest. 3T B=Three-month T-hill; D=1 if it is the first deferred contract and
zero othewise; and subscript t+, j=1...6, denotes the number of lagged periods.
N umbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 8. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Soybean Futur es (Chicago Board of Trade), January 2007
to December 2010.

In(TV) In(BAS) In(1 V)
| ntercept 2.14%* 0.43** -0.83**
(11.15) (8.43 (-9.68)
D, -0.12%* -0.01* 0.05**
(-3.96) (-1.94) (2.85)
In(TV,) -0.09** 0.19%*
(-10.97) (16.80)
In(BAS,) -1.66%* 0.86**
(-11.42) (13.28)
In(1Vs) 0.77** 0.17**
(13.97) (9.56)
A MP, -0.18
(-1.20)
In(Ol,,) 0.00 -0.01*
(0.20) (-2.10)
IN(T V1) 0.60**
(20.03)
IN(BAS:..) 0.56%*
(15.37)
In(I Vi1 0.18**
(7.56)
In(I V+.0) 0.15%*
4.72)
In(1Vi.3) 003
(1.38)
In(1Vi.4) 0.03
(1.13)
In(I Vy.s) 0.07**
(2.33)
In(1Vi6) 0.00
(0.16)
A(In(3TBY) -0.07
(-0.87)
R* Adj 0.90 0.88 058
F Stat 2,883.11** 2,760.88** 270.49**

The table reports the parameter estimaes of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equaions(3) to (5). All varidbles arein log form. The definition of each variableis as
follows: TV=trading volume, BAS=effective bid-ask spread; IV=redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D,=1 if it is the first deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 9. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Coppe Futures (Commodity Exchange) from January
2008 to December 2010.

In(TV) IN(BAS) In(IVy)
| ntercept 1.92%* 0.38** -0.07
(8.13) (8.46) (-0.88)

D, 0.21%* 0.01 -001
(3.44) (0.36) (-0.36)

In(TV,) -0.27%* 0.08**
(-29.38) (5.66)

In(BAS,) -1.44%* 0.26%*
(-13.09) (659)

In(1 V) 043** 0.24**
(6.81) (8.92)

A MP, -0.17
(-0.50)

In(Ol,,) -0.10%* 0.00
(-4.03) (0.32)

IN(TVia) 0.45**
(11.33)

IN(BAS:..) 0.19%*
(6.89)

In(1Vi.1) 0.15%*
(4.87)

In(1V:.2) 0.15%*
(4.84)

In(I Ve.s) 0.14**
(4.11)

In(1 Vi.q) 0.21**
(7.14)

In(1Vi.5) 0.08**
(2.68)

In(1 Vi6) 0.10%*
(354)

A(In(3TBY) 0.19*
(1.66)

R*Adj 0.89 0.84 051
F Stat 1,98257** 1,576.17%* 152.28**

The table reports the paameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations(3) to (5). All variables areiin log form. The definition of each variableis as
follows: TV=trading volume BAS=effective bid-ask spread; IV =redized volaility;
Ol=open interest. 3T B=Three-month T-bill; D=1 if it is the first deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 10. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Gold Futures (Commaodity Exchange) from January 2008
to December 2010.

In(TVy) In(BAS) In(IVy)
| ntercept 2.77%* 0.90** -0.86%*
(13.69) (12.39) (-11.37)
D, 0.06 0.06** -0.01
(1.39) (3.23) (-0.73)
In(TV,) -0.21** 0.19**
(-15.41) (14.19)
In(BAS,) -2.02%* 0.63**
(-1659) (13.72)
In(1Vy) 0.93+* 0.33**
(18.67) (14.43)
AMF, -0.25 -
(-0.76)
In(Ol,,) 0.01 -0.00
(1.56) (-1.20)
IN(T Vi) 0.37**
(10.41)
IN(BAS:..) 0.29**
(6.32)
In(1Vi.1) 0.20%*
(7.37)
In(I Vi) 0.15**
(6.54)
In(1Vi.s) 0.06**
(2.56)
In(1V1.4) 0.05**
(2.38)
In(1Vi.5) 0.13**
(5.63)
In(I Vi) 0.04*
(2.06)
A(INn(3TBY) 0.01
(0.14)
R® Adj 0.94 0.94 0.68
F Stat 4,070.27** 4,427.94** 310.38**

The table reports the paameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section Il
equations (3) to (5). All variables arein log form. The definition of each varicbleis as
follows: TV=trading volume BAS=effective bid-ask spread; IV =redized voldility;
Ol=open interest. 3T B=Three-month T-bill; D=1 if it is the first deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 11. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Crude Oil Futures(New Y ork M er cantile Exchange) from
January 2008 to December 2010.

In(TVy) In(BAS) In(1Vy)
I ntercept 0.69* -0.24** 0.10
(1.68) (-3.85) (057)
D. -0.54** -0.04** 0.18**
(-1043) (-6.13) (7.26)
In(TV,) - -0.07** 0.18**
-—- (-11.03) (13.70)
In(BAS) -1.00** -- 0.41**
(-9.65) --- (10.59)
In(1Vy) 0.38** 0.08** -
(9.39) (11.40) -
A MP, -—- 0.01 -—-
-—- (0.07) -
In(Ol,.,) 0.06** - -0.03**
(4.14) --- (-4.70)
IN(TVi1) 0.50** - -
(18.76) --- -
IN(BAS:.1) — 0.77** .
-—- (37.96) -
IN(1V¢.1) -—- --- 0.24**
-—- --- (8.34)
In(I Vi) -—- - 0.13**
-—- - (5.46)
In(IV+i.3) -—- - 0.14**
- - (5.84)
IN(1V¢.4) -—- - 0.12**
-—- --- (455)
IN(1Vys) -—- --- 0.13**
-—- --- (5.78)
IN(1V6) -—- --- 0.10**
-—- - (4.17)
A(In(3TBy)) 0.01 - -—-
(0.21) -—- -
R? Adj 0.86 0.89 0.79
F Stat 1,444.42** 2,492.48** 539.30**

The table reports the paameter estimates of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations (3) to (5). All variables arein log form. The definition of each variableis as
follows: TV=trading volume BAS=effective bid-ask spread; IV =redized volaility;
Ol=open interest. 3T B=Three-month T-bill; D,=1 if it is the first deferred contract and
zero otherwise; and subscript t+, j=1...6, denotes the number of lagged periods.
Numbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 12. Empirical Results on the Trading Volume, Bid-Ask Spread and Price
Volatility Equations of Heating Oil Futures (New York Mercantile Exchange)
from January 2008 to D ecember 2010.

In(TV,) InBAS) In(I V)
| ntercept -1.35%* -0.95%* 0.97**
(-3.74) (-7.62) (5.13
D, -0.20%* -0.04%* 0.06%*
(-5.53) (-357) (3.82
In(TV,) -0.16%* 0.17**
(-12.08) (11.45)
In(BAS) -0.80%* 0.31**
(-13.78) (11.87)
In(1V ) 0.48** 0.19%*
(12.18) (11.25)
A MP, 008
(0.35)
In(Ol,,) -0.00 -0.02
(-0.24) (-1.48)
IN(T V1) 0.48+*
(1656)
INBAS:.1) - 0.69** .
(28.02)
In(I V1) 0.23**
(8.09
In(I Vi) 0.15%*
(5.99
In(1Vi.s) 0.11**
(4.39
In(1Vi.4) 0.08**
(3.39
In(1Vi.5) 0.11**
(4.31)
In(I Vo) 0.11%*
(4.40)
A(In3TBY) -003
(-0.92)
R*Adj 0.76 0.89 0.75
F Stat 755.85%* 2,264.19** 439.43**

The table reports the paameter estimaes of the trading volume, effective bid-ask
spread, and price volatility in the three equation model specified in Section IlI,
equations (3) to (5). All varidbles arein log form. The definition of each variable is as
follows: TV=trading volume BAS=effective bid-ask spread; IV =redized volatility;
Ol=open interest. 3T B=Three-month T-bill; D;=1 if it is the first deferred contract and
zero othewise; and subscript t-j, j=1...6, denotes the number of lagged periods.
N umbers in parentheses denote t-statistics. ** and * denote significance at the 1% and
5% levels respectively.
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Table 13. Elasticity of Trading Volume with Respect to Transaction Costs in
Sdected U.S Futures Mar kets.

Contract Point Egimates I nterval Estimates’

1. Financial futures

S& P500 -0.81(0.12) (-1.043, -0.577)

E-mini S&P500 -2.60 (0.06) (-2.7283, -2.477)

30-Yea T-Bond -0.87(0.10) (-0.972,-0.671)

10-Year T-Note -1.36(0.22) (-1.794, -0.925)

British Pond -0.97(0.13) (-1.214, -0.726)
2. Agiculturd futures

Wheat -0.98 (0.09) (-1.171, -0.789)

Soybean -1.66 (0.15) (-1.960, -1.360)
3. Metdsfutures

Copper -1.44(0.10) (-1.640, -1.240)

Gold -2.02(0.13) (-2.275, -1.765)
4. Energy futures

Crude QOil -1.00(0.11) (-1.216, -0.784)

Heating Qil -0.80(0.06) (-0.923, -0.677)

Notes: 1. Numbers in parentheses denote standard errors for the corresponding point
estimaes. 2. Interva estimates are given for a 95% confidence levd.

for most of the 11 futures in our sample have become very elastic. This empirical
result corroboratesthe significant progressin the globalization of international futures
trading made during the period of 2005-2010, enabling cross-border trading easier.
Thus, any regulation that leads to an increase in the futures trading cost would
significantly reduce trading volume and weaken the rel ative competitiveness of the
U.S. futures industry. Second, given our results, the elasticity used in the CBO'’s
1990 report, which is the —0.26 elasticity estimated by Epps (1976) based on U.S.
stock data, seriously understates the current elasticities in the futures markets.
Hence, the CBO’s study overestimates the potential revenue of atransactiontax in
futures markets.

B. Bid-Ask Spread Equation

The third column in Tables 2—-12 presents the coefficient estimates of the
explanatory variables in the bid-ask spread equation. The coefficients of trading
volume are negative and statistically significant at the 1% level for all 11 futures.
They rangefrom —0.27 (Copper) to—0.07 (Crude Oil). For example, a10% decrease
in the Copper futures' trading volume will result in a 2.7% increase in the bid-ask
spread. These results affirm that a decrease in trading volume would increase the
bid-ask spread (transaction or trading cost), reducing market liquidity. Theseresults



168 Review of Futures Markets

are consistent with those of Wang, Yau, and Baptiste (1997), Wang and Yau (2000),
Chou and Wang (2006), and Sahoo and Kumar (2011).

The coefficients of price volatility (IV) are significantly positive for al 11
contracts. This result is expected because an increase in price volatility implies
market-makers face inventory risk and risk of trading with informed traders.
Therefore, they will increase the bid-ask spread to minimize their potential loss.
The magnitude of the elasticity of bid-ask spread with respect to price volatility
fallsin the range of 0.35 (S& P 500 and British Pound) to 0.07 (Crude Qil).

Changes in daily mean price (AMP) are used to control for the measurement
scale effect of differing price levels of futures contracts with different maturities.
Most of the coefficients for the changes in daily mean price are negative but not
significant, except for the E-mini S& P 500 index futures.

The coefficients of one-period lagged bid-ask spread (BAS, ) are positive
and statistically significant for all 11 futures. This indicates that the dynamic
adjustment of BASisnot usually completewithin aone-day period for these eleven
futures.

C. Price Volatility Equation

The fourth column in Tables 2—12 presents the empirical results on the price
volatility equation. The coefficients of trading volume (TV) and bid-ask spread
(BAYS) are significantly positive at the 1% level for all 11 futures. This can be
interpreted that trading volume increases because of arrival of new information.
Likewise, our finding that a positive relationship exists between BAS and price
volatility is also consistent with the theory that bounces in the bid-ask spread have
a positive impact on price volatility in the futures literature (e.g., Wang, Yau, and
Baptiste 1997; Wang and Yau 2000; Chou and Wang 2006; Sahoo and Kumar
2011). This result is also consistent with Hau's (2006) result that an increase in
minimum tick sizeled to anincreasein price volatility in the French equity market.

Since the relations between price volatility and trading volume, and between
price volatility and bid-ask spread (proxy for atransaction tax), are both positive,
our findings suggest that the impact of atransaction tax on price volatility depends
on the net effect of the decreasing trading volume and widening bid-ask spread on
price volatility. However, we observe that the coefficient of bid-ask spread is
relatively larger than the coefficient of trading volumein the price volatility equation
for al the futures we studied. For example, in Table 2, the coefficient of trading
volume is 0.04, whereas the coefficient of bid-ask spread is 0.27 for the S& P 500
index futures. Thus, the positive impact of an increase in the bid-ask spread on
price volatility will offset the negative impact on price volatility from a declining
trading volume, which has a smaller positive coefficient with price volatility than
with bid-ask spread. That is, an increase in bid-ask spread due to an increase in
transaction tax may not reduce price volatility; it depends on the net effects of an
increase in bid-ask spread and a decline in trading volume.

The coefficient of one-period lagged open interest is expected to be negative
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Table 15. Estimates of Post-Tax Trading Volumein Selected U.S. Futures M arkets

(1) (@) (3) Average (4) ®
Contract Tota Trading Yearly Price Total Fixed Current
V olume (2010) (2010) Transaction Cost Elasti city”

S&P500 7,689,961 $283,981 $14.80 -081
E-mini S&P

500 555,328,670 $56,776 $14.80 -2.60
30-Year T-

Bond 83,500,754 $124,069 $33.20 -087
10-Year T-

Note 293,718,907 $121,174 $1757 -1.36
British Pound 30,220,239 $96,522 $8.20 -097
Wheat 23,090,255 $29512 $16.01 -098
Soybean 36,993,960 $52434 $15.95 -166
Copper 10,305,670 $8,572 $12.95 -144
Gdd 44,730,345 $122,616 $15.45 -202
Crude Oil 168,652,141 $79621 $12.95 -1.00
Heating Oil 26,970,106 $9,033 $7.15 -0.80

because it is used as a measure of the overall liquidity lagged one period. We find
that the coefficients of lagged open interest are negative and significant in the price
volatility equationsfor three futures (E-mini S& P500 index, Soybean and Copper),
whereas those for the rest of the sample are mixed in sign and statistically
insignificant.

The coefficients of six lagged intraday volatility ((TVt_j) j=1,.., 6)aeadl
significantly positive for all 11 futures. Magnitudes of these coefficients are
monotonically declining. Theseresults suggest that price volatility has apersistence
effect, and the recent lagged volatility hasalarger influence on the current vol tility.

Finally, the F-statistics for all equations are significant at the 1% level with
high values of R-squared, suggesting that our models adequately explain the daily
variationsof trading volume, bid-ask spread, and pricevolatility in all selected futures
markets.

V. ESTIMATION OF POTENTIAL TAX REVENUE

One of the major issues being debated on atransaction tax proposal iswhether
atransaction tax could generate substantial tax revenue. In this section, we estimate
the potential tax revenue that could be raised from futures transactions given our
estimates of elasticity of trading volume as presented above.

Transaction cost is one of the major factorsin determining the profitability in
trading in agivenfinancial market. Any increasein thetransaction cost of undertaking
a futures transaction will cause participants to re-evaluate the benefits associated
with that instrument. Depending on the magnitude of a transaction tax relative to
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Table 15, continued. Estimates of Pog-Tax TradingVolumein Selected U.S. Futures
M arkets.

Tax Rate: 0.02% Tax Rate: 0.002%
C)
Tran(sg)ction Transaction
Tax as% of @) _ (8 Tax as% (20) _ (11)
Total Fixed Change in Post-T ax of Total Change in Pog-Tax
T ) V olume* Vo ume® Fixed V dume® Vdume'
ransaction .
Cog® Transacyon
Cost
383.76% -23,903,786 - 100% 38.38% -2,390,379 5,299,582
76.72%  -1,107,792,715 -100% 767 -110,779,271 444,549,399
74.74% -53,301,299 29,208,455 7.4T% -5,430,130 78,079,624
137.93% -550,983,687 -100% 13.7% -55,098,369 238,620,538
235.42% -69,010,009 -100% 2354% -6,901,001 23,319,238
36.87% -8,342,529 14,747,726 3.69% -834,253 22,256,002
65.75% -40,309,945 -100% 6.58% -4,030,994 32,902,966
13.24% -1,964,737 8,340,933 1.32% -196,474 10,109,196
158.73% -143418,044 -100% 15.87% -14,341,804 30,388,541
122.93% -26,089,467 -100% 122% -20,727,348 147,924,793
25.27% -5451,749 21,518,357 2.53% -545,175 26,424,931

*Totd trading volume for each contract in year 2010 is obtaned from FIA volume gati stics.
PCoefficients of In(BAS) onthe TV equation from column 2, row 4 of Tables 2-12. “Transaction
tax as % of total fixed transaction cost (column (6)) = [Aveage yearly price (colurm (3)) x
0.02%)] / Total fixed transaction (column (4)) “Changeintrading vol ume (column (7)) = Post-tax
volume (column (8)) - Trading volume (olumn (2)) %Post-tax volume (column (8)) = Total
trading volume (column (2)) x (1+ current elasti city (column (5)) x Transaction tax as% of tota
fixed transaction cogt (column (6))]; if <0, column (8) is indicated by - 100% 'Transaction tax
as % of total fixed transaction cost (column (9)) = [Average yearly price (column (3)) x 0.002%)]
| Tota fixed transaction (column (4)) %Change in trading volume (column (10)) = Post-tax
volume (column (10)) - Trading volume (column (2)) "Pogt-tax volume (column (11)) = Total
trading valume (column (2)) x (1+ current elasti city (column (5)) x Transaction tax as% of tatal
fixed transaction cost (column (9))]; if <0, column (11) isindicated by - 100%

the total transaction cost, a customer may elect to use alternative hedging and
speculative strategies. Thus, a decline in trading volume induced by a transaction
tax could have an adverse impact on the businesses of futures exchanges.

In order to estimate a transaction tax as a percentage of the total fixed
transaction cost, we collect various fixed fees for the 11 futures contracts in our
samples from associated futures exchanges and on-line brokerage firms for non-
clearing members.’® Table 14 presents the total fixed transaction cost (column 8),
whichisthe sum of two major components: (1) the bid-ask spread approximated by
the minimum tick size (column 3); and (2) various transaction fees, including the

18. Exchange and NFA fees for futures are obtained from Ira Epstein Division of Linn Group, Inc.
Recent changes in exchange fees are obtained from the website of CME.



Review of Futures Markets

172

dlkJ el X (9T9eL ‘'Zuwn|od) (0T0Z) 0 1d Alea A oAy X (GT o (e L ‘9.1 Xe196200°0
10} TT UWN|0D ‘Sl Xe) % 20°0 40} 8 UWN|0D) SWN|OA Buipel) Xe)-50d Se panduod S| poyisw S L Bpun anusnsl fenusiod parew 153 , a1l xel X (9Tajel
‘7 uwn0) (0T0Z) 80 1d Ajtes A 8beseny X (GT (e L ‘Z Uwinjod) 0TOZ BWwN|oA Buipes | Se penduod S1poysLu SILY JSpun anuersl eliwelod perew sy, SS10N

%20°C- L00VLL VS 0052/8%% %TZ 0c- 0T/'G/8'8¢$  €00'GeL'ar$ 08°0- €c06$ 110 PueaH
%IETT-  T/2'96V'SETS S/6'795'89%% %00T- 000 6v.'6¥9'S89'2%  00°T- 129%6.% 10 pnID
%902E-  189TS'VL$ ¥0G5'€69'60T$ %00T- 000 EY0'SE6'BO'TS 202 919'22T$ pP9
%T6°T- YI2'eeL'T$ 668'99/'T$ %90'6T- er00EYTS 686899 LTS rr1- 2.5'8% lddo)
%T60T-  6SEY0STES €Y5'TEL'8E$ %00T- 000 Zer'STE /86% 99'T- A ueaghos
%T9°€e- Z9G9ET'ETS 89 '829'cT$ %ET %€- TO'T80'286  9/9'68C'ETS 860~ FAXY T4 By M
%tBZZ-  06£9T0'SH$ 8%¢‘geL'8s$ %00T- 000 7856826898 L6°0- 2S96% punod
snug
%9.8T-  9Ev'76C'8.SH 80EZZ8'TIL$ %00T- 000 6/0€ZZ'SIT'/$ 9T~ vLTTCTS 910N
-1 1o AT
%S 9- 182'S18'eBTS 6Y.'8T2' 202 %20"99- 9/€0/.v2/$ 98r'/8T'2L0'T  180- 690'2T$ puog
-1 189 A0E
%SB6T-  SY0'L6LY0SH 669 '685'0£9% %00T- 000 166'968'0€'9%6  09°C- 9//'96% 00S
d7®S uw-3
%80TE-  ZT9'660'0c$ £€90°9/9'er$ %00T- 000 265°09. %€ 18°0- 186'€82%$ 00Sd®S
POUBN (0102)
JoBnlpy POYBNBARN paisnpy Awonselg
aARN ay) Kiomeq oPOURINBARN T 6 04 Konseg POUBWBARN ) LT 8011d Ajred A 1920u0D
orabueyd % (2) (¥) abeony 1)
®) (8) (9) @) (€) @)

%c00'0 Bk Xel

%c0'0 9y Xel

$193 2 |\ S9UNIN4 'S'N PRIIBRS U1aNUBASY Xe 1-1S0d Josalew 153 ‘9T a|qe L



Transaction Tax and Market Quality 173

non-member clearing fee, exchange fee, National Futures Association (NFA) fee,
and brokeragefee (columns4—7, respectively). Table 14 doesnot include any variable
cost associated with each futures transaction, firm-specific overhead fixed costs,
or the market impact cost associated with large trades. Thus, the total fixed
transaction cost presented in Table 14 is actually the minimum trading cost for a
futures transaction.® As indicated, trading in the Crude Qil futures costs the most
and the British Pound futures the least.

Table |5 presents our estimates of the post-tax trading volume under assumed
tax rates of 0.02% and 0.002% for the eleven futures.® We first calculate the
0.02% tax on afuturestransaction based on the notional value of the futures contract,
as approximated by the average yearly price (column 3) in this study. We then
expressthetransaction tax asapercentage of thetotal fixed transaction cost (column
4) in column 6. Second, we compute the post-tax volume (column 8), that is, the
estimated trading volume after atransaction tax isimposed, based on one plus the
product of the transaction tax as a percentage of the total fixed cost (column 6),
current elasticity (column 5), and total trading volume (column 2). Third, we compute
the change in trading volume (column 7), which is equal to the post-tax volume
(column 8) minus the total trading volume (2010) (column 2). We compute the
same for 0.002% tax rate as well.

Results from Table 15 show that with a transaction tax of 0.02%, trading in
seven out of the eleven futures would be totally eliminated from local trading or
simply be migrated to overseas exchanges (column 8). These seven futures contracts
are (1) S& P 500 index; (2) E-mini S& P 500 index; (3) 10-year T-Note; (4) British
Pound; (5) Soybean; (6) Gold; and (7) Crude Qil. This result suggests that the
impact of atransaction tax on trading costs and trading volume varies significantly
with different types of futures.

Table 16 presents estimates of the potential post-tax revenue (columns5 and 8
for 0.02% and 0.002% tax rates, respectively) for the 11 futures using the estimated
post-tax trading volume (columns 8 and 11, Table 15) based on the estimated el asticity
of trading volume from our models. For comparison purposes, we also estimate the
post-tax revenue calculated by the naive method (columns 4 and 7), which simply
calculates the tax revenue from multiplying the trading volume (2010, column 2,
Table 15) and the notional contract value (average yearly price, 2010, column 2), by
the two assumed tax rates. The tax revenue generated by the naive method (column
4) is often used by proponents of transaction tax as the basis for arguing that
transaction tax would generate substantial tax revenue.? For the 0.02% tax rate,
seven futures (S& P 500, E-mini S& P500, 10-Year T-Note, British Pound, Soybean,

19. The estimated total fixed transaction cost in Table 14 might be lower than the actual transaction
cost because the effective bid-ask spread is often greater than the minimum tick size that we usedin
Table 14.

20. We used a tax rate of 0.02% of the notional value of each futures contact because the House of
Representatives had proposed to impose a 0.02% tax on futures transactions (see Cronin 2010 and
Noll 2010).

21. CBO’s (1990) study also used an elasticity of —0.26 asthe input to cal cul ate the post-tax volume
and potential tax revenue.
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Gold, and Crude Qil) with zero post-tax volume would therefore generate zero tax
revenue (column 5), which is 100% lessthan the corresponding tax revenue cal cul ated
by the naive method. The other four futures (30-Year T-Bond, Wheat, Copper, and
Heating Qil) generate tax revenues that are less than the corresponding estimated
tax revenues from the naive method in the range of —19.06% to —65.02% (column
6).

There are three noteworthy findings. First, the magnitude of the declinein the
post-tax volume depends on the relative importance of the transaction tax to the
total fixed cost and/or the elasticity of trading volume with respect to transaction
costs for each futures. For example, the post-tax trading volume of the S& P 500
index futures is reduced to zero when the transaction tax is 383.76% of the total
fixed transaction cost with an elasticity equals to —0.81. In the Soybean case, the
elasticity ishigh (i.e., —1.66) but the post-tax volume still dropsto zero even if the
transaction tax isonly 65.75% of thetotal fixed transaction cost. Second, theimpact
of atransaction tax on the transaction cost and trading volume varies significantly
with different types of futures. Third, the transaction tax revenue estimated by the
pre-tax volume or with an unrealistically low elasticity can seriously over-estimate
the post- tax revenue.

VI. CONCLUSION

This paper examines the potential impact of a transaction tax on the market
quality (i.e. trading volume, bid-ask spread and price volatility) of the U.S. futures
markets. To this end, we estimate the empirical relations among trading volume,
bid-ask spread, and price volatility within athree-equation structural model for 11
active U.S. futures, including financial, agricultural, metals, and energy futures.
Our resultsindicate that (1) trading volume is negatively related to bid-ask spread,
and positively related to price volatility after controlling for other factors; (2) bid-
ask spread is negatively related to trading volume and positively related to price
volatility; and (3) pricevolatility hasapositive relationship with bid-ask spread and
with trading volume after controlling for other variables. These results confirm that
atransaction tax, which isanalogousto agresater bid-ask spread, will reducetrading
volume, increase bid-ask spread, and may not reduce market price volatility in the
futures markets studied. Furthermore, theimpact of atransaction tax on transaction
cost and trading volume varies significantly with the type of futures contracts.

We also estimate the potential post-tax trading volume and tax revenue with
the update estimates of the elasticity of trading volume with respect to trading costs
under alternativetax rates. For a0.02% tax rate of the notional value of the contract,
we find that the trading volume for seven futures (S& P 500, E-mini S& P 500, 10-
Year T-Note, British Pound, Soybean, Gold, and Crude Oil) would be totally
eliminated, resulting in a zero post-tax revenue from these seven futures. Thus, a
transaction tax of 0.02% on futures trading hardly seems like a promising avenue
for raising tax revenue.

In summary, an increase in transaction cost due to a sizable transaction tax
could have significant adverse impacts on market quality. A transaction tax will
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likely not raise substantial revenuefor the government as suggested in other studies,
but it may hurt the international competitiveness of the U.S. futures markets.
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MARGIN BACKTESTING

Christophe Hurlin and Christophe Pérignon*

This paper presents a validation framework for collateral requirements or
margins on a derivatives exchange. It can be used by investors, risk managers,
and regulators to check the accuracy of a margining system. The statistical
tests presented in this study are based either on the number, frequency,
magnitude, and timing of margin exceedances, which are defined as situations
in which the trading loss of a market participant exceeds his or her margin.
We show that these validation tests can be implemented at the individual level
or at the global exchange level.

at makes derivatives exchanges so special isthe extremely low default
erisk that market participants are exposed to. Collateral requirements or
marginsarethe major tool sto protect derivatives users against the default
of their counterparties. The challengefaced by derivative exchangesisto set margins
high enough to mitigate default risk but not so high as to shy traders away and
damage liquidity. The goal of this paper isto design a methodological framework
allowing risk managers and regulatorsto check the validity of the margins charged
to derivatives users. It consists of aseriesof diagnostic tools allowing one to detect
misspecified models that lead to margins that are either excessively conservative
or lenient. Checking the validity of a margining system is particularly important
nowadays as more and more over-the counter (OTC) derivatives products are
migrating to clearing platforms (Duffie and Zhu 2010).

There are two types of margining systems used in practice: the Standard
Portfolio Analysisof Risk (hereafter SPAN) system and the Value-at-Risk (hereafter
VaR) model. Both margining systems consider a series of scenarios representing
potential one-day ahead changes in the underlying assets' price and volatility and

1. The clearing activity consistsin confirming, matching, and settling al trades on an exchange. In
order to reduce the risk of non-performance, exchange-traded derivatives are guaranteed against
counterparty failure by a central counterparty clearing house. On most derivatives exchanges, only
asubset of market participants (i.e., the clearing members) can directly trade with the clearing house
whereas all non-clearing member participants have to trade through a designated clearing member.
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generate simulated distributions of potential profit-and-loss (hereafter P&L) for
derivatives users. Under SPAN, the system selects for each position the largest
lossacrossall considered scenarios, combinesfinancia instrumentswithin the same
underlying asset, and total margin is given by the sum of the risk of al underlying
assets less some diversification adjustments (CFTC 2001; Chicago Mercantile
Exchange 2009). Differently, VaR margins are set such that the probability of the
lossonthe entirederivatives portfolio exceeding the marginisequal to apre-specified
level, such as 1% (Knott and Mills 2002; Cruz Lopez, Harris, and Pérignon 2011).

On aregular basis, the risk-management department of the clearing-house
and the regulatory agencies check the validity of the margining system. In particular,
they make sure that the hypothetical shocks used in the scenarios are extreme
enough and that the estimation of the derivative prices is reliable. Of particular
concern is a situation in which margins are set at too low a level. In this case, a
default by a clearing member following a big trading loss would lead to a massive
shortfall, which may propagate default within the clearing system (Jonesand Pérignon
2012).

Whilethe performance of the SPAN system has been investigated in a number
of papers (Kupiec 1994; Kupiec and White 1996; Eldor, Hauser, and Yaari 2011),
VaR marginshave not to our knowledge been investigated in the academic literature.
Thisincreasingly-popular modeling approach offers several advantagesthough. First,
asitisbased on aquantile, it allows derivatives exchanges to pick the level of tail
risk that best fits with their risk tolerance. A second advantage is that quantile-
based marginsare less sensitiveto simul ation design than maximum-based margins,
such as SPAN margins. Most importantly for this study, quantile-based margins
can be validated ex-post using formal backtesting methodol ogies. For instance, as
an a% quantile is by definition exceeded a% of the time, one can check whether
in reality a% VaR margins are indeed exceeded a% of the time.

Compared to market risk VaR (Jorion 2007; Christoffersen 2009a), which is
used by banks to monitor their trading risk and compute capital requirements, the
estimation of VaR margin is much simpler. In general, the quantile of the return at
time t cannot be estimated without making some strong assumptions about the
underlying distribution. Specifically, since there is only one return observation on
each date, it is usually assumed that the returns are independently and identically
distributed over time. Under these assumptions, VaR can be estimated from the
historical path of past returns. In the context of VaR margin; however, the situation
isquite different because P& L observationsare simulated at timet. Thisisan ideal
situation from an econometric point of view because the quantile of the P&L
distribution can be directly estimated without making any assumptionsregarding its
behavior over time.

Our main contribution to the literature on derivatives margins is to present a
backtesting framework for derivatives margins. It consists of a series of hypotheses
that must be validated by a well-functioning margin model. Then, we propose a
series of statistical tests that aim to test these hypotheses in order to detect
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misspecified margining models. We show that these validation tests can be
implemented either at the indivual investor level or at the global exchangelevel. In
this framework, not only can we find out whether a model is misspecified but we
can also unmask the reasons of rejection of amisspecified model. Finally, in order
to ease theimplementation of the backtesting methodol ogies presented in this paper,
we created a website on which users can freely upload their margins and P& L
data and run the associated computer codes (www.RunMyCode.org).

The outline of the paper is the following. In Section I, we discuss how to
estimate VaR margins and present the main testable hypotheses. In Section 11, we
show how to test these hypothesesin order to validate or invalidate agiven margining
model. We present in Section |11 some statistical test that aim to validate the margining
model at the exchange level. Section 1V summarizes and concludes our paper.

I. MARGIN ESTIMATION AND TESTABLE HYPOTHESES

A. Margin Estimation

For retail investors, margins aretypically set at the contract level (e.g., $1,000
for any long or short position in agiven futures contract). Depending on the expected
volatility, the derivatives exchange can adjust the level of the margin, as shown by
Brunnermeier and Pedersen (2009, Figure 1) for the S& P 500 futures. Differently,
for large market participants such as clearing members, margins are computed at
the portfolio level in order to account for diversification effects and are adjusted
daily. The VaR margin B, isset such that thereis aprobability o that theloss on the
derivative position exceeds the margin:

Pr Vi,t < _Bi,t\t—l (Oé) =@ )
whereV, denotesthe P& L of investor i, and « is called the coveragerate. Let o, , be
the vector of positions of clearing member i at the end of day t—1:

Wj1t-1
i1 = : )

@i pt1

where D isthe number of derivatives contracts (futures and options) traded on this
exchangeandi =1, ..., N. Toarriveat amargin for this portfolio, the clearing house
considers a series of S scenarios representing potential one-day ahead changesin
the level and volatility of the underlying assets. For each scenario, the value of the
portfolio is recomputed, or marked-to-model, using futures and option pricing
formulas, and the associated hypothetical P&L is computed:
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1
Vit

Vit = : . (3)

S
Vit

Given the simulated path {vﬁt}il, the VaR margin for clearing member i is
givenby: )

B = percertile({vﬁt};,looa). @)

The clearing house will proceed in the same way for the N — 1 other clearing
members and only those who will be ableto pile up thisamount of collateral ontheir
margin accounts will be allowed to trade on the next day.

B. Backtesting VaR Margin

Traditionally the quality of the forecast of an economic variableis assessed by
comparing its ex-post realization with the ex-ante forecast value. The comparison
of the various forecast models is thus generally made by using a criterion such as
the Mean Squared Error criterion or standard information criteria (A1C and BIC).
However, this approach is not suitable for VaR margin forecasts because the true
quantile of the P& L distribution is not observable. That iswhy VaR assessment is
generally based on the concept of margin exceedance (also called hit, violation, or
exception).

For agiven clearing member i, amargin exceedance is said to occur if the ex-
post realization of the P&L at time t, Vi't, IS more negative than the ex-ante VaR
margin forecast. Let |, () beabinary variable associated with an a% VaR margin
at timet (we omit theindex i for simplicity):

1 ifViy < -Biyra(a)

0 otherwise

lt(a) = )

Asstressed by by Christoffersen (1998, 2009b), VaR forecasts are valid if and
only if the violation process|, (o) satisfies the following two hypotheses:

* The Unconditional Coverage (hereafter UC) hypothesis: The probability

of an ex-post return exceeding the VaR forecast must be equal to the «

coverage rate:

Prili(e) = 1] = E[li(a)] = a. (6)

* The Independence (hereafter IND) hypothesis: VaR margin violations
observed at two different dates for the same coverage rate must be



Margin Backtesting 183

distributed independently. Formally, the variable | () associated with a
margin exceedance at time t for an a% coverage rate should be
independent of the variables | , (o), Yk # 0. In other words, past VaR
violations should not beinformative about current and future violations.

The UC hypothesis is quite intuitive. Indeed, if the frequency of violations
observed over T daysissignificantly lower (respectively higher) than the coverage
rate o, then risk is overestimated (respectively underestimated). However, the UC
hypothesis sheds no light on the possible dependence of margin exceedances.
Therefore, the independence property of violationsisan essential one, becauseitis
related to the ability of a VaR margin model to accurately model the higher-order
dynamics of the P&L. In fact, a model that does not satisfy the independence
property can lead to clusterings of margin exceedances even if it has the correct
average number of violations. Consequently, there must be no dependence in the
violations variable, whatever the coverage rate considered.

When the UC and IND hypotheses are simultaneously valid, VaR forecasts
aresaid to haveacorrect Conditional Coverage (hereafter CC), and the VaR violation
process is a martingal e difference with:

E[li(@) -a|Qw | = 0. @)

Thislast property is at the core of most of the validation tests for VaR models
(Christoffersen 1998; Engle and Manganelli 2004; Berkowitz, Christoffersen, and
Pelletier 2011). It isworth noting that equation (CC) impliesthat theviolation| (o)
has Bernoulli distribution with a success probability equal to o :

()} aei.i.d. Bernodli(a). ©)
II. TESTS OF MARGIN ACCURACY

A. Frequency of Margin Exceedances

A first way of testing margin accuracy is to test the number or the frequency
of margin exceedances. Thus the null hypothesis corresponds to equation (6):

Houc Efli(a)] = a. )

A first statistical test, called the Z-test, isbased on anormal approximation and
the assumption of independence. Consider a sequence {I (o)} L, of T margin
exceedances associated to VaR (a% ) margins and denote by H the total number
of exeedances or hits, H = tTfl I, (o). If we assume that the variables |, (a) are
i.i.d., thenunder thenull of UC, thetotal number of hitshasaBinomial distribution:

H ~ B(T,a) (10)
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with E(H) =aTandV (H) = a (1- ) T. For alarge T sample the Binomial distribution
can be approximated by a normal distributon and a simple Z-test statistic can be
defined as:

z-—H=al N D1. (1)

/a(l —a)T

Alternatively, Kupiec (1995) and Christoffersen (1998) propose a Likelihood
Ratio (hereafter LR) test based on the process of VaR margin exceedances | ().
Under H,, the LR statistic is defined as:

LRyc = -2I[ (1 - @) "Ha" ] + 2In|: (1— #)T‘H (%)”] S 2,

T-0

(12)

Under the null (9), the LR . statistic converges to a chi-square distribution
with two degrees of freedom. The intuition for the LR test is the same as for the Z
statistics. The null of UC is not rejected if the empirical frequency of VaR margin
exceedances H/T is close enough to the coverage rate «. Jorion (2007) reports
some non-rejection regions for the LR . test. For a 5% nominal size and sample
size T = 250, the UC assumption is not rejected if the total number of VaR(1%)
violations is strictly smaller than 7. If the sample size is equal to 500, the total
number of exceedances must strictly range between 1 and 11.

B. Frequency and Severity of Margin Exceedances

A key limitation of the previous approach is that it is unable to distinguish
between asituation in which losses are below but closeto the margin and asituation
in which losses are considerably below the margin. Colletaz, Hurlin, and Pérignon
(2012) propose a backtesting methodology that is based on the number and the
severity of VaR exceptions. Their approach exploitsthe concept of super exception,
which is defined as aloss greater than a super VaR margin B, " (a") whereas the
coverage probability o’ ismuch smaller than o (e.9., a = 1% and o’ = 0.2%). Asin
Section |.B, we define a hit variable associated with B, |, (a):

@ =1t <)
() = with o/ < a
0 othewise (13)

The defining feature of their approach is to account for both the frequency
and the magnitude of VaR margin exceedances. The intuition is the following. If
thefrequency of super exceptionsisabnormally high, thismeansthat the magnitude
of thelosseswith respect to B; 1 (o) istoo large. For both VaR margin exceptions
and super exceptions, they proposeto use astandard backtesting procedure. Consider



Margin Backtesting 185

atime series of T VaR margin forecasts for an a (respectively o) coverage rate
and let H (respectively H') be the number of associated VaR margin violations:

T T
H= Y l()  H =Dl (14)
t=1 t=1

Colletaz, Hurlin and Pérignon (2012) propose anew tool, called the Risk Map,
which graphically summarizesall information about the performance of aVaR mode.
It isbased on ajoint test of the number of VaR exceptionsand VaR super exceptions:

Homuc (E[li(@)] = ¢ and E[ly(¢')] = a'. (15)

The corresponding test statistic consistsin amultivariate unconditional coverage
test. Thistest is based on three indicator variables:

Jor =1-Jii—Jor = 1-1(a) (16)

1 if —Biyq(a’ Vi —Bi -
Iy = (@) =l(@') = I ,-tlt 1(@’) < Vit < t-(a) a7
0 otherwise

1 ifVit < -Bigra(a’)

Jz,t = It(a/) = .
0 otherwise

(18)

The{J }? ,are Bernoulli random variables equal to onewith probability 1 —«,
a—co',and o, respectively. Given thesedefmltl ons, we cantest thejoint hypothesis
(15) usingalL R test. Let usdenoteH, = E J.,fori=0,1, 2, thecount variable
associated with each of the Bernoulll varlables The multivariate unconditional
coverage test is an LR test that the empirical exception frequencies significantly
deviate from the theoretical ones. Formally, it isgiven by:

LRwc(a,a') = =21 (1 - a)"o(a —a' )" (@) ]

H H H
+2|n[{1—$ °(H—T°—% 1(%) 2] 5 2.

e (19)

A Risk Map can be constructed based on the rejection zones for different
confidence levels (Figure 1). Note that the cells below the diagonal are not colored
as they correspond to situations in which the number of super exceptions exceeds
the number of exceptions, which is of course impossible. If the (H, H') pair
correspondsto alight gray cell, we conclude that we cannot reject the null hypothesis
El. ()] =a and E[l (a')] = o at the 95% confidence level. If (H, H') falsinthe
gray zone, we can reject the null at the 95% but not at the 99% confidence level.
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Figurel. Backtesting VaR Mar ginswith theRisk M ap.
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Notes: Thisfigure displays a Risk Map based on the p-value of a multivariate uncondi-
tional coveragetests, LR, (a, o) for different numbers of VaR margin exceptions (H)
and VaR margin super exceptions (H'). Parameter values are a=%, a'=0.2%, and T=500.

Finally, adark gray cell implies that we can reject the null hypothesis at the 99%
confidence level.

C. Independence of Margin Exceedances

The UC property does not give any information about thetemporal independence
of VaR margin exceedances. However, generating margin exceedances that are
temporally independent is an important property for a margining system to have
sinceit suggeststhat the margin immediately reflects new information. A margining
system that violates this property leads to clusters of margin exceedances.?

It isimportant to note that these two VaR margin properties are independent
one from the other. At this point, if a VaR margin does not satisfy either one of
these two hypotheses, it must be considered as not valid. For example, satisfying
the hypothesis of unconditional coverage does not compensate for the possible
existence of violations clusters nor the noncompliance with the independence

2. Berkowitz and O’ Brien (2002) show that the VaR modelsused by six large U.S. commercial banks
(2) tend to be very conservative, at least when financial markets are not under stress and (2) lead to
clusters of VaR exceedances. This second result indicates that risk modelsfail to forecast volatility
changes.
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hypothesis. On the contrary, there is CC when the VaR margin satisfies both the
UC and IND hypotheses.

1. LR Approach

Christoffersen (1998) proposes an LR test based on the assumption that the
process of VaR margin exceedances | (o) is modeled with the following matrix of
transition probabilities:

1-701 7o1
I1 = (20)
l-711 71

where T = Prl,(a) =j | 1,_, (a) = 1], that is, probability of being in state j at time
t conditioning on being in statei at timet — 1. Under the null of independence, we
haver, =, = and:

1_
Houno @ Tlp = F P (21)

1-B B

where 8 denotes a denotes amargin exceedance probability, which can be different
from the coverage rate o. What these transition probabilities imply is that the
probability of experiencing a margin exceedance in the current period depends on
the occurrence or not of amargin exceedance in the previous period. The estimated
VaR margin exceedance probability is the empirical frequency of violations, H/T.
Under the alternative, norestrictionisimposed onthe TT matrix. The corresponding
LR statistic, denoted LR is defined by:

o = 2] (1-4)" ()"

+ 2L - )" 20 (1 — 210)" 02" ] S 42(D)

T-0

(22)

where n, denotes the number of times we have |, (a) =j and I, () =i, and:
~ No1 ~ N1
oL = Moo+ Nor 1T g+ Nyg (23)

Finally, it is also possible to test the CC assumption for VaR margins. Under
CC:

l1-0 «a
HO,CC I, = (24)
l-a «a

and then:
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LRec = 21 (1 - a) ()" ] (25)

+2IN(1 = 7o) AN (L — 7yy)RTE] S 42(2)

T-w

The corresponding LR statistic, denoted LR_, is defined by the sum of the
LR,cand LR statistics. Under the null of CC, it satisfies:

d
LRcc = LRuc +LRino — x2(2). (26)

T-w

2. Regression-based Tests

Engle and Manganelli (2004) suggest another approach based on a linear
regression model. Thismodel links current margin exceedancesto past exceedances
and/or past information. Let Hit () =1 (a) — a bethe demeaned process associated
with | (o):

1-a ifVii < Bigra(a)

Hiti(a) = _ (27)
—a otherwise
Consider thefollowing linear regression model:
K K
Hite(a) = 6+ Y BeHitew(@) + D 7kzk + (28)
k=1 k=1

where the 7, variables belong to the information set 2 ;. For example, one can
use lagged P& L, squared past P& L, past margins, and so on. Whatever the chosen
specification, the null hypothesistest of conditional efficiency correspondsto testing
thejoint nullity of al the regression coefficients:

Hocc :0=Bk=7¢k=0, Vk=1,.. K. (29)

The independence hypothesisimpliesthat 3, andy, coefficients are equal to
zero whereasthe unconditional coverage hypothesisisverified when disnull. Indeed,
under the null hypothesis, E [Hit (a)] = E (&) =0, whichimplies by definition that
Pril, () =1 =E[l, ()] = o

Denote the vector ¥ = (5 B,... B, v, ...v,)’ of the 2K + 1 parameters in this
model and Z the matrix of explanatory variables of model (28), the Wald statistic,
denoted DQ_.. , in association with the test of CC hypothesis then verifies:

A ATEE
— x*(2K +1) (30)

DQec = al—a)
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where ¥isthe OLS estimate of W. Notice that one can also test the UC hypothesis
by testing H, . : 6=0or test the IND hypothesiswithH,, : B,=v,=0. A natura
extension of thetest of Engle and Manganelli (2004) consistsin considering a(probit
or logit) binary model linking current violationsto past ones (Patton 2002; Dumitrescu,

Hurlin, and Pham 2012).
3. Autocorrelation Test

Rather than using aregression model, Berkowitz, Christoffersen, and Pelletier
(2011) test directly the martingale difference assumption. As under CC, the VaR
margin exceedance process Hit, () is a martingale difference; it should be
uncorrelated. A natural test isthe univariate Ljung-Box test of H, ..:r, =...=1, =
0 wherer, denotes the k" autocorrelation:

F
T-k

4 22(K) (31)

T-o0

K
LB(K) = T(T+2))
k=1

where f, isthe empirical autocorrelation of order k of the Hit (o) process.
D. Duration between Margin Exceedances

The UC, IND, and CC hypotheses also have some implications on the time
between two consecutive VaR margin exceedances. Following Christoffersen and
Pelletier (2004), we denote by d, the duration between two consecutive VaR margin
violations

dy =ty—tys (32)

wheret, denotes the date of the vi" exceedance. Under CC hypothesis, the duration
processd has aprobability density function given by:

f(d;a) =a(l-a)® ! d, e N*. (33)

This distribution characterizes the memory-free property of the VaR margin
violation process | (a), which means that the probability of observing a violation
today does not depend on the number of days that have elapsed since the last
violation. Notethat E (d ) = 1/a since the CC hypothesisimpliesan average duration
between two margin exceedances equalsto 1/«. The general ideaof thetest consists
in specifying adistribution that nests equation (33), so that the memoryless property
can betested through parameter restriction. Inthisline, Christoffersen and Pelletier
(2004) use under the null hypothesis the exponential distribution, which is the
continuous anal ogue of the probability density functionin equation (33):

g(dy; a) = a exp(-ady). (34)
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Under the alternative hypothesis, Christoffersen and Pelletier (2004) postul ate
aWeibull distribution for the duration variable:

h(dy; a,b) = a’bd exp[-(adv)" ]. (35)

Astheexponential distribution correspondsto aWeibull distributionwithb= 1,
the test for IND is:

HO,IND b=1 (36)
and for CCis:

Hocc :bh=1,a=a (37)

Christoffersen and Pelletier (2004) propose the corresponding LR test (see aso
Haas 2005), and Candelon et al. (2011) derive a GMM duration-based test.

III. TESTS OF GLOBAL VALIDITY

Tothebest of our knowledge, all empirical studieson VaR backtesting considers
individual banks in isolation (Berkowitz and O’ Brien 2002; Pérignon and Smith
2010; Berkowitz et a. 2011). The reason for doing so is that financial institutions
usedifferent proprietary risk models, which needsto betested separately. Differently
on a derivatives exchange, the margins of all market participants are computed
using the same model developed by the clearing house. Hence, this model can be
tested globally using information from all market partici pants, which hel psin detecting
misspecified models.

A. Definitions

Let us denote |, (o) the VaR margin exceedance for clearing member i at
time t. We define the Global Unconditional Coverage (hereafter GUC) hypothesis
as a situation where the probability of an ex-post loss exceeds the VaR margin
forecast is equal to the a coverage rate for al clearing members:

HO,GUC :E[li,t(a)] =q Vi= 1,. . N. (38)

The GUC means that the frequency of VaR margin exceedances is accurate
for al clearing members. Notethat it isimportant not to pool the N margin exceedance
processes. Indeed, an under-estimation of the margin for member i could be offset
by an over-estimation of the margin for another member j. Thus, the GUC hypothesis
requires the UC hypothesis to be valid for al clearing members.

We proceed in a similar way for the Global Independence (hereafter GIND)
hypothesis. Under GIND, the VaR margin exceedances observed for all the members
a two different dates are independent; that is, I, () is independent from I, (o),



Margin Backtesting 191

vk = 0. Furthermore, |, , () isalsoindependent from past (and future) VaR margin
exceedances of other members | (@), vk=0and j=i.Noticethat weallow for
contemporaneous dependenues between VaR margin exceedances of different
members.

Finally, the global conditional coverage (GCC) hypothesis corresponds to a
case where the N margin exceedance processes are a martingale difference:

HO,GCC . E[Ii,t(a)|§2t_1] =qa Vi=1,..N (39)

where Q,_, denotes the information set available at time t — 1 for all the members,
including past values of VaR margin and VaR margin exceedances of other members
j-

A natural test for the GUC hypothesis consistsin testing the null (38) against
thefollowing alternative:

Hl,GUC :E[Ii,t(a)] +q forieS (40)
Elli((a)]=a forieS (42)

where dim(S) = N, satisfies 1 <N, < Nand dim(s) =N, with N, + N, = N. Under
thisalternative, themargin of at |east one member does not satisfy the UC hypothesis.
Similarly, anatural test of GCC is based on the null (GCC) against the alternative:

Higee t B[ lit@)|Qia1] #a fories (42)
E[li1(@)]|Qe1] =a forieS (43)

B. Testing Strategies

Let usconsider anindividual test statistic of the UC (or CC) hypothesis, denoted
X. specific to clearing member i. For instance, for the UC test, this statistic
corresponds to the LR . statistic or the duration-based LR . statistic. For the CC
test, this statistic corresponds to the LR . statistic, DQ statistic, or duration-based
statistic LR_.. Whatever the chosen test, the individual statistic for member i can
be expressed as a non-linear function of the sequence of the margin exceedances
of this member, that is, X =g (I, (o), ..., |, ; (). To test the GUC or GCC null
hypothesis, we follow Im Pesaran, and Shln (2003) and use the average of the
individud statistics:

N N
Xn = 3 D% = 5 > 9(ia(@),. 1 1(@)). (44)
i=1

i=1

If we assume margin exceedances are cross-sectionally independent, that is,
I, areindependent of ijsfor i =jandall (t,), the X, statistic convergesto anormal
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distribution when T and N grow large. The intuition isasfollows. When T tendsto
infinity, each individual statistic X convergesto the samedistribution. For instance,
the LR . statistic converges to a chi-square distribution. Under the cross-sectional
independence assumption, theindividual statisticsX =g(l, , (), .., |, ; () areaso
independent. Thus, the individual statistics X are independently and identically
distributed. The central limit theorem is then sufficient to show that the cross-
sectional average mean X, converges to a normal distribution when N tends to
infinity:3

Xn S NQ,1). (45)

N,T-o0

An aternative testing strategy consists in combining the p-values associated
with the N individual tests. A Fisher type test isthen defined by:

N
Py = =2 log(p)) — z2(2N). (46)
T-o0

i=1

For any statistic X , such asLR ., LR, or DQ_., its p-vaue is uniformly
distributed over [0, 1]. Under the assumption of cross-sectiond independence, Py, has
achi-square distribution with 2N degrees of freedom. For large N samples, we can
use a standardized statistic:

N .
ZXN:_Zi:1|09(p|)+N 4 NOD). )

"/N N, T-oo

IV. CONCLUSION

Having awell-functioning margining systemisaprerequisitefor any derivatives
exchange. It alows the exchange to closely monitor tail risk and make the system
resilient. Inthispaper, we have provided abacktesting framework allowing investors,
risk managers and regulators to validate margin models. The statistical tests we
have presented capture different facets of the margin model performanceincluding
frequency, timing, and magnitude of margin exceedances. Rather than being
substitutes, the different statistical tests appear to complement each other and can
be used to identify the source(s) of model misspecification.

The quest for the ideal margining system is still ongoing. Market participants
and regulatorswant collateral requirementsto belessprocyclical in order to prevent
liquidity spiral (Brunnermeier and Pedersen 2009). What we show in thispaper isa

3. When the contemporaneous exceedances |, and L are correlated, the distribution of the average
statistic X, can be estimated by bootstrap.
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second property that ideal margins should have: Their accuracy should be testable
ex-post. Indeed, even the most advanced risk measures are of little help if they
cannot be systematically validated.
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